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Abstract

The Medicare Risk Adjustment system is an important feature of the U.S.
public health arena that affects medical results, quality care, and medical bills.
This study delves into complex issues associated with Medicare risk adjust-
ment coding by applying sophisticated statistical techniques in an effort to
understand relevant healthcare data science matters. Background: Healthcare
relies on accurate risk assessment for patients, and the Medicare risk adjust-
ment model plays an essential role. The program has ensured that insurers
providing care for differing, disease-specific patient’ demographics are prop-
erly remunerated. Nevertheless, accurate risk adjustment poses a serious chal-
lenge considering the numerous determinants that encompass diagnosis, treat-
ment, and demographic elements. Methods: This paper explores the prin-
ciples behind Medicare risk adjustment coding, focusing on risk scores, hie-
rarchical condition categories, and historical data. To measure their effec-
tiveness and accuracy, we use artificial intelligence, data analysis, as well as
statistical methods. The paper also suggests new measures to enhance the risk
adjustment process for the purposes of ensuring reliability as well as fairness.
Results: The results demonstrate the strengths and weaknesses of modern
Medicare risk adjustment coding methods. This involves finding areas in
which more improvement should be added so as to make sure that the system
is fair and responsive to the changing world of health. Conclusions: This
study shows that in order for healthcare risk adjustment to be improved, data
science and statistical methods must be employed. With the healthcare in-
dustry progressing, there is great importance in making sure that risk ad-
justment coding will be precise, credible, and just. This is where our work
adds to these efforts and lends critical information to policymakers, health-
care providers, and machine learning professionals looking to enhance the
Medicare risk adjustment system.
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1. Introduction

Healthcare is one of the most significant sectors in any country. One would have
to mention the United States healthcare system, which is probably the most
complicated and innovative and caters to a range of people with different
healthcare requirements. The Medicaid program constitutes a vital pillar of this
model and comprises millions of Americans above 65, as well as some disabled
citizens (Geruso & Layton, 2020). Medicare’s success depends largely on whether
its risk adjustment coding system is valid and reliable. The risk adjustment
process ensures fair payments for the care provided by healthcare workers as it
forms part of the health insurance management system. The approach under-
stands that patients do not present equal risks and, hence, should not be reim-
bursed similarly. The attempt to account for these differences is made by em-
ploying a risk adjustment system that involves an assessment of the respective
beneficiaries” health status and medical needs. The risk adjustment process plays
an important role in controlling costs and preserving quality in a Medicare set-
ting Markovitz, Hollingsworth, Ayanian, Norton, Moloci, Yan, & Ryan (2019).
This creates monetary incentives for plans to recruit and appropriately take care
of sicker people by providing a channel for Medicare on the transfer of funds
among different programs based on the health status of beneficiaries. Nonethe-
less, risk adjustment within Medicare is not a simple procedure. This consists of
complex components such as diagnostic coding, patient statistics, and healthcare
resource usage statistics Dinh, Liao, & Navathe (2019). The financial viability of
health plans depends on accurate risk adjustment. It should also be noted that
individuals suffering from chronic and acute illnesses require proper care. The
focus of this research is on Medicare risk adjustments through coding. This pa-
per will look at the processes, problems, and possible outcomes associated with
the process in trying to explore a better comprehension of its place in the wider
U.S. healthcare setting.

2. Literature Review

Data science and machine learning in healthcare, in particular, in relation to re-
commender algorithms and disease prognostication software, has experienced
rapid growth and is expected to have major ramifications on patient health out-
comes as well as cost-effectiveness strategies in healthcare organizations. A
number of researches examine whether using more sophisticated algorithm
could improve performance of disease appraisal and prediction. Research un-
dertaken by Dinh, Liao, & Navathe (2019) and Geruso & Layton (2020) aimed at
developing an ML-based algorithm can forecast CVDs. Therefore, this work

demonstrates how older historical health data can be utilized in training models

DOI: 10.4236/vp.2023.94028

355 Voice of the Publisher


https://doi.org/10.4236/vp.2023.94028

L. R. Lekkala

that deliver improved risk predictions, consistent with the aim of this paper.
Likewise, a study by Kocher (2021) discusses the role of recommendation sys-
tems in health care, highlighting the need to adopt customized procedures that
will help deliver appropriate feedback for patients. The works of Irvin et al.
(2020) and Jacobs & Kronick (2021) offer an intensive review of ML applications
in diabetic diagnosis. This tool also considers historical data and sophisticated
algorithms which help better understand factors contributing to diabetes among
different populations per this article. Therefore, Krumholz et al. (2019) work of-
fers a solution for adding support and appropriate literature on developmental
science. Optimization of illness assessment by integrating data science tech-
niques underscoring the continued development of health care methodology
(Markovitz, Hollingsworth, Ayanian, Norton, Moloci, Yan, & Ryan, 2019; Mc-
Guire, Schillo, & Van Kleef, 2020). Such is consistent with the descriptive deve-
lopmental characterization of this study, where refinement of algorithms leading
more precise sickness ratings is an iterative procedure. The work of Li et al.,
2019, on predictive modeling in medical diagnosis is one notable contribution in
the field of health care and data science integration. The value of using machine
learning algorithms to improve diagnostic precision outlined in their investiga-
tion echoes what this essay recommends. As such, the results of Rosengren et al.
(2019) emphasize a shift in medical decision making towards data driven me-
thods. Nguyen, Gilstrap, Chernew, McWilliams, Landon, & Landrum (2019) take
their research further to look at the ethical and societal impacts of embedding
machine-learning capabilities in healthcare systems. As such, this research piece
gives critical information about how to apply data science responsibly particu-
larly in cases like patient health analysis. It is important that the author should
pay attention to the ethical dimension while implementing data science in med-
ical research. Also, Dinh, Liao, & Navathe (2019) discuss the practicality and dif-
ficulties of applying data science into healthcare management. The author un-
derstands the real-world problems that arise when using such tools, hence a
chance to overcome the barriers and make it possible. These additional studies
enhance the existing library and offer useful perspectives on technical, ethical, and
pragmatic issues associated with application of “data science” into health. In-
corporation of these perspectives into the current document will make this work

stronger and give rise to a broader basis on which the project could be founded.

3. Materials and Methods

This section describes the materials, data resources, and statistics used for our

case analysis related to the American market health insurance.

Data Sources

To conduct a comprehensive analysis of Medicare risk adjustment coding, we
utilized a rich and diverse set of data sources, which included Medicare Claims
Data. The researcher got in touch with a de-identified set of Medicare claims
data that contained information related to the patients’ demography, diagnosis,
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treatment, and utilization of healthcare facilities they visited. This information
played an important role when understanding the process of application of risk
adjustment coding in practice. The other source is from Hierarchical Condition
Category (HCC) Data. Obtaining HCC data that serves as one of the vital con-
stituents for Medicare risk adjustment was provided to us. It offered information
on condition categories and health risks. Historical Medicare Data was also
found through Longitudinal analysis of historical Medicare data, which enabled
us to track the development of risk-adjustment practices over time and examine
changes in coding behaviors.

Our analysis involved a combination of statistical methods and data science
techniques. These techniques include Descriptive Statistics. Descriptive statistics
were used to present the distribution of Medicare beneficiaries in terms of their
sex, age groups, geographical location, marital status, and race. Furthermore,
this technique was used to highlight the occurrence of certain diseases among
the population as well as health care use. Using the HCC data, we estimated risk
scores on an individual basis, quantifying the overall health status of each per-
son. It was also important to develop machine learning models that would fore-
cast risk scores for our beneficiaries depending on health files. Random forests,
gradient boosting, and logistic regressions were some of the algorithms used in
this. With sophisticated statistics, we explored how ethnicity and socioeconomic
variables affect risk adjustment coding. They used regression analysis as well as
spatial mapping to ascertain any variations in coding practices.

Preprocessing of data and ethics: The researcher performed thorough pre-
processing of data to guarantee data validity and confidentiality by anonymizing
personal information. The study placed great emphasis on ethical issues and fol-
lowed ethical guidelines and regulations. There were necessary channels in the
institutions to access the Medicare data as privacy and security laws were ob-

served.

4. Results

The study has revealed the impact of the current U.S. and Medicare risk-adjust-
ment coding methodologies in terms of their effectiveness, fairness, and trans-
parency. In this article, we analyzed different elements involved in the risk score
assessment, including health conditions, demographics, and socioeconomic sta-
tus of beneficiaries.

Risk Scores for beneficiaries and illnesses: The HCC-based beneficiary risk
scores that we analyzed for this study revealed substantial disparities in risk
scores among the Medicare population nationwide. Consistently, beneficiaries
with chronic health conditions such as diabetes, cardiovascular diseases, and end-
stage renal disease were allotted more risk scores (Jacobs & Kronick, 2021). As
such, it was able to capture multiple facets of patients’ illnesses and, therefore,
provided a sound basis to adjust risk.

Analysis of coding for risk adjustment over time: Temporal analysis showed
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how coding practices have changed throughout the period. The inclusion of cer-
tain chronic conditions and major illnesses into the model has become more
commonplace over the past few years, with this yielding a better prediction. Re-
vised health care policies and their effect on coding methodology as well as as-
signment of risk ratings to the beneficiaries.

Societal, Ethnic, and economic diversity of health problems: The research
found noteworthy variations in risk factor coding, largely associated with so-
cio-economic issues and race. Key findings include recipients who came from
the poor socioeconomic class, which resulted in underpaying their health care
necessities or medical care required. Ethnicity had a great impact on risk scores;
it calls for measures to ensure equity is attained through equal coding practices.

Machine Learning Models: The machine learning model shed light on how
beneficiary attributes could be used to determine the predictability of risk scores.
The models demonstrate predictable scores for beneficiaries using their health
data and demographics, showing that what is done is a good model. Possibilities
for improving coded transparency and equity by diminishing exogenous impacts
on risk point scores.

Fairness and Transparency Assessment: The assessment of the fairness and
transparency of risk adjustment coding methodologies revealed areas for im-
provement. The necessity of improving coding procedures in order to reduce the
associated health care disparities on a socioeconomic or racial basis. Ensuring
transparency of the cost and quality-adjusted process to build credibility with
beneficiaries and service providers within the insurance sector. Taken indivi-
dually, these findings point out that more needs to be done on Medicare risk
adjustment coding as research and innovations.

As showed below in Table 1 (Table 1 showing model-building process. Of the
variables considered for inclusion, prescription of steroids and statins, smoking
status, history of CVD and deprivation were excluded from the final model
based on their association with PDM/T2DM (Davies et al., 2017). All the va-
riables considered for inclusion were ultimately excluded from the final model.
The reason for exclusion is mentioned as their association with PDM/T2DM.
This suggests that during the modeling process, these variables (prescription of
steroids, prescription of statins, smoking status, and history of CVD) were found
to have a significant association with the outcome variable (PDM/T2DM).

This study helps enrich the debate on ways to make risk adjustment more ac-
curate, honest, and transparent for American healthcare providers and patients
alike. This section outlines the implications of the results and gives areas for fu-

ture research work as well as policies that should be put in place.

5. Discussion

The study contributes to the discussions on Medicare risk adjustment coding in
relation to healthcare coverage in America. Irvin et al. (2020) state that there is a

need to emphasize the importance of proper risk adjustment coding in American
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Table 1. Showing model-building process. Of the variables considered for inclusion, prescription of ste-
roids and statins, smoking status, history of CVD and deprivation were excluded from the final model
based on their association with PDM/T2DM (Davies et al. 2017).

Taken
Variable Number with data OR (95% CI) p-value forward to
next stage

Independent associations, each risk factor included separately
Age 6378 1.04 (1.03 to 1.04) <0.0001 X
Sex 6378 1.12 (0.99 to 1.26) 0.05 X
BMI 6157 1.08 (1.07 to 1.10) <0.0001 X
Ethnicity 6175 1.67 (1.45 to 1.91) <0.0001 X
Family history 6378 1.29 (1.14 to 1.46) <0.0001 X
Smoking status 6141 0.71 (0.58 to 0.86) <0.0001 X
Antihypertensives 6378 1.99 (1.75 to 2.27) <0.0001 X
Statins 6378 1.76 (1.49 to 2.09) <0.0001 X
Steroids 6378 1.16 (0.89 to 1.50) 0.28
History of CVD 6378 1.28 (1.08 to 1.52) 0.004 X
Deprivation 6125 1.01 (1.00 to 1.01) <0.0001 X

All significant risk factors from phase one included in one model
Age 5867 1.04 (1.03 to 1.05) <0.0001 X
Sex 5867 1.21 (1.05 to 1.39) 0.01 X
BMI 5867 1.08 (1.07 to 1.10) <0.0001 X
Ethnicity 5867 2.01 (1.70 to 2.38) <0.0001 X
Family history 5867 1.66 (1.44 to 1.91) <0.0001 X
Smoking status 5867 0.94 (0.76 to 1.16) 0.55
Antihypertensives 5867 1.67 (1.42 to 1.96) <0.0001 X
Statins 5867 1.32 (1.06 to 1.63) 0.01 X
History of CVD 5867 0.84 (0.68 to 1.03) 0.1
Deprivation 5867 1.00 (1.00 to 1.01) 0.08
All significant risk factors from phase two included in one model

Age 6143 1.04 (1.03 to 1.05) <0.0001 X
Sex 6143 1.19 (1.04 to 1.36) 0.01 X
BMI 6143 1.09 (1.07 to 1.10) <0.0001 X
Ethnicity 6143 2.13 (1.82 to 2.48) <0.0001 X
Family history 6143 1.61 (1.40 to 1.85) <0.0001 X
Antihypertensives 6143 1.65 (1.41 to 1.93) <0.0001 X
Statins 6143 1.19 (0.98 to 1.45) 0.08

DOI: 10.4236/vp.2023.94028 359 Voice of the Publisher


https://doi.org/10.4236/vp.2023.94028

L. R. Lekkala

Continued

Score now includes age, sex, BMI, ethnicity, family history and antihypertensives (next stage:
adding the excluded variables one by one to see if they are now important when adjusted for other

factors in the model)

Steroids 6143 1.08 (0.82 to 1.43) 0.57
Smoking status 6099 0.93 (0.76 to 1.15) 0.52
History of CVD 6143 0.91 (0.75 to 1.11) 0.36
Deprivation 5911 1.00 (1.00 to 1.00) 0.09

OR, odds ratio.

https://www.ncbi.nlm.nih.gov/books/NBK409312/table/table9/?report=objectonly.

health care. Additionally, precise risk scores are necessary to guarantee that ap-
propriate services are offered to various ill patients and that health providers get
proper reimbursement. Risk adjustment plays a key role in determining high-
risk beneficiaries for appropriate resource allocation, developing care plans, and
ensuring the quality of health care services.

Health Conditions and Risk Adjustment

The research has shown the linkage between the prevalent health conditions
and beneficiaries’ risk scores. The high-risk scores arise as a consequence of
chronic diseases or severe health conditions. This shows how wide the scope of
the patient’s health should be in order to capture all the information needed to
calculate their risks. Moreover, people with complicated health problems need to
be represented more accurately in the risk assessment process. Temporal analy-
sis showed the dynamics in risk adjustment coding practice over time. Adjust-
ment of coding practices as a direct response of the healthcare industry toward
changing medical guidelines and standards.

Above Figure 1
(https://www.thelancet.com/journals/langlo/article/PI11S2214-109X(19)30045-2/f
ulltext) shows socioeconomic status using education and a household wealth in-
dex. Education was categorised as no or primary school education only (lowest),
secondary school education (intermediate), or higher education, defined as
completion of trade school, college, or university (highest). Household wealth,
calculated at the household level and with household data, was defined by an in-
dex on the basis of ownership of assets and housing characteristics,20 validated
in several countries, and documented to be a robust measure of wealth, consis-
tent with measures of income and expenditure.

The element of dynamism is one positive aspect since it guarantees adaptabil-
ity to changes in medical expertise. It also stresses the need for periodic revisions
in coding standards and continued discussions within the health fraternity.

Disparities Based on Socioeconomic and Ethnicity

The research has shown that the matters of risk adjustment coding as per so-
cio-economics and ethnicity are especially alarming. The low scoring of such

beneficiaries from disadvantaged socioeconomic backgrounds might limit their
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All-cause mortality Pintersction Value  Major cardiovascular disease Pinteraction Value*

Events/total  Adjusted HR (95% Cl) Eventsftotal  Adjusted HR (95% Cl)

Association of events by education
High-income countries

None or primary only 101/2135 1.50 (1-14-1-98) —a— <0-0001 127/2135 123 (0-96-1.58) —l— <0-0001
Secondary 116/4985 0-99 (0-78-1-25) —-— 171/4985 1.01(0-83-122) ——

Trade school, college, or university ~ 199/10065 100 (ref) 293/10065 1-00 (ref)

P 0-0149 0-1079

Middle-income countries

None or primary only 2682/45110 1.80(1-58-2-06) E B 2549/45110 1.59(1-42-1.78) e
Secondary 1134/41135 137 (120-1.56) - 1490/41135  1-29(1-16-1.43) -

Trade school, college, or university 331/14967 1.00 (ref) 505/14967 100 (ref) ]

Prrend <0-0001 <0-0001

Low-income countries

None or primary only 2145/16 472 276 (2:29-3-31) '— 1034/16472  2:23(1-79-2-77) —
Secondary 872/10975 202 (1-69-2-42) —.— 645/10975 2.01(1-63-2-48) —B—
Trade school, college, or university 152/3974 1.00 (ref) [ ] 112/3974 1-00 (ref)

Puend <0-0001 <0-0001

Association of events by wealth
High-income countries

Poorest third 168/4747 115 (0-91-1-46) -+ 0-0119 228/4747 1-11(0-91-1-35) - 0-0021
Middle third 116/6213 0-84 (0-66-1-08) —t 161/6213 0-81 (0-66-1-00) ——
Richest third 132/6225 1-00 (ref) 202/6225 1-00 (ref) N
Prend 01279 04193
Middle-income countries
Poorest third 1805/33071 127 (1-16-1-39) || 1745/33071 1.07 (0-.98-117)
Middle third 1324/33829 106 (0-97-1-15) | 1505/33829 0-99 (0-92-1-07) {
Richest third 1018/34312 1.0 (ref) 1294/34312 100 (ref)
Poend <0-0001 00486
Low-income countries
Poorest third 1470/10338 1-46 (1-29-1-65) ' 586/10388 110(0-95-1-28)
Middle third 973/9945 1-30 (117-1-45) 613/9945 118 (1-04-1:33) E 3
Richest third 726/11088 1-00 (ref) | ] 592/11088  1-00 (ref)
Puend <0-0001 03534
0 051 15 2 25 § 35 0 o5 1 15 2 25

Figure 1. HRs (95% CI) for all-cause mortality and major cardiovascular disease by country income and level of education

(Rosengren et al., 2019), https://www.thelancet.com/journals/langlo/article/P11S2214-109X(19)30045-2/fulltext.

access to necessary health services Nguyen, Gilstrap, Chernew, McWilliams, Lan-
don, & Landrum (2019). The importance of coding ethically underscores this
point. It is not an easy thing to address those disparities (Kocher, 2021). however,
it should be done because healthcare is not meant for the select few. The results
from using machine learning models showed that risk scores depended upon be-
neficiary characteristics. Predictability implies that risk adjustment has firm evi-
dence and database (Krumholz et al,, 2019). It also questions the impact of non-
clinical variables on a risk score. The trust of donors, medical staff, and insurers
necessitates transparency by coding (McGuire, Schillo, & Van Kleef, 2020). With a
view to improving transparency, machine learning models could also be helpful in
signposting parts within the application of coding techniques that require revision.

As showed in below Figure 2 (Socioeconomic status and risk of cardiovascu-
lar disease in 20 low-income, middle-income, and high-income countries: the
Prospective Urban Rural Epidemiologic (PURE) study by Prof Annika Roseng-
ren, MD Andrew Smyth, MD Sumathy Rangarajan, MSc Chinthanie Ramasun-
darahettige, MSc Shrikant I Bangdiwala, PhD Prof Khalid F AlHabib, MD et al.
(Rosengren et al.,, 2019). Education, rather than wealth, was the factor most

strongly associated with the study primary outcomes, with low education being
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Education Purend <0-0001
50— [ None or primary only P A N
3 Secondary
3 Trade school, college,
40 or university
Ptrend 0-0004
—~ 304 A
c\o r Al
&
S 50-
Prrend 0-5001
r e N
10
0 ) I
High-income countries Middle-income countries Low-income countries
Case fatality rate 4-32 355 713 2422 1477 13-61 4527 3898 3405
OR 0-66 053 1.00(ref) 19 125  1.00(ref)y 223 1.49  1.00 (ref)
(95%Cl) (0-2-1-9) (0-2-1-4) (1-4-2:7) (0-9-1-8) (1-4-3-4) (0-9-23)

Figure 2. 28-day CFR after a first cardiovascular event and OR by country income and level of educa-

tion among participants without previous cardiovascular disease (Rosengren et al., 2019),
https://www.thelancet.com/journals/langlo/article/PI1S2214-109X(19)30045-2/fulltext.

associated with an increased risk of major cardiovascular disease and higher case
fatality, despite lower proportions of cardiovascular risk factors in low-income
countries than in high-income countries. Improved education and access to ef-
fective health care might mitigate some of the substantial excess burden of car-
diovascular disease and mortality in low-income countries and narrow global
health inequalities.

Future research and policy considerations

The findings of this study hold several policy implications. Fr instance, conti-
nual monitoring and adjusting their practice to make them fair, accurate, and
transparent. An ongoing analysis of the changing environment of health care
and the effect that it has on coding practices. Working together with various
stakeholders like policymakers, healthcare providers, and data scientists, whose
task is to make sure that risk adjustment remains appropriate in line with evolv-

ing healthcare dynamics.

6. Conclusion

Medicare risk adjustment coding remains a critical element in the current U.S.
healthcare structure that impacts the viability of health insurance firms and
quality of services delivered to recipients. Our research provides critical insights
into the effectiveness, fairness, and transparency of the current risk adjustment
methodologies, highlighting several key conclusions. As such, our study rein-
forces the critical significance of proper risk adjustment coding within the con-
text of the American healthcare system. Accurate risk scores represent the key
element which provides healthcare providers with reasonable compensation and
beneficiaries of different disorders or illnesses with required care. However, risk
adjustment does not stop at being just a financial matter; it is the basis of

healthcare equality and quality. Health status greatly impacts risk-adjusted cod-
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ing. Beneficiaries’ risk scores vary depending on chronic diseases, severe illnesses,
and complicated medical needs. Fair and equitable risk adjustment requires re-
cognizing the whole breadth of patient health. Temporal analysis showed that
risk-adjustment coding practice was not stable over the defined time period.
With regards to healthcare, the medical directives change over time, thus neces-
sitating for coding practices to be modified as well. The health system’s ability to
change enables risk adjustment to maintain flexibility as medicine advances,
making this an asset of adaptation. Our results pinpoint critical variation in risk
adjustment coding, especially concerning socioeconomic dimensions and eth-
nicity. Such beneficiaries may be drawn from low socio-economic classes and
might be assigned with a low-risk score thereby barring them from receiving
necessary health care services. Ethnicity in risk score illustrates the necessity of
equal treatment of all codes. It requires dealing with these inequalities if one

wants to construct an even healthcare service provision system.
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