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Abstract 
This paper introduces the Roberts Framework, a 12-dimensional theoretical 
model for understanding and categorizing cognitive processing complexity in 
artificial intelligence systems. Through systematic observation of AI perfor-
mance patterns across increasingly complex cognitive tasks, this framework 
identifies distinct cognitive dimensions that represent qualitatively different 
types of thinking rather than merely quantitative increases in computational 
power. The framework reveals current AI limitations and provides a roadmap 
for advancing artificial intelligence toward higher-order cognitive capabilities. 
Each dimension is characterized by specific processing demands and theoret-
ical cognitive requirements across multiple domains. 
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1. Introduction 

The rapid advancement of artificial intelligence has created an urgent need for 
systematic frameworks to understand, measure, and direct AI cognitive develop-
ment. Current approaches to AI assessment often focus on computational power, 
processing speed, or task-specific performance metrics without addressing the 
fundamental question of cognitive complexity. This paper introduces the Roberts 
Framework, a comprehensive 12-dimensional theoretical model that categorizes 
AI cognitive processing based on qualitative differences in thinking types rather 
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than quantitative measures of performance. 
The framework emerged from systematic observation of contemporary AI sys-

tems encountering tasks of varying cognitive complexity, revealing distinct pat-
terns in how artificial intelligence handles different types of intellectual chal-
lenges. Unlike traditional metrics that measure what AI can do, the Roberts 
Framework examines how AI thinks, providing insights into the cognitive archi-
tectures required for different levels of intellectual sophistication. 

2. Literature Review 
2.1. Historical Context of AI Cognitive Assessment 

Traditional artificial intelligence assessment has relied heavily on performance-
based metrics such as accuracy rates, processing speed, and task completion sta-
tistics [1]. While these approaches provide valuable data about AI capabilities, 
they fail to address the underlying cognitive processes that enable different types 
of thinking. The Turing Test, proposed in 1950, attempted to measure machine 
intelligence through conversational ability but offered limited insight into cogni-
tive complexity levels [2]. 

Recent developments in machine learning have produced systems capable of 
impressive performance across various domains, yet systematic frameworks for 
understanding the cognitive demands of different tasks remain limited. Contem-
porary AI evaluation methodologies, while sophisticated in measuring specific ca-
pabilities, often fail to capture the qualitative differences in cognitive processing 
that distinguish various types of intelligent behavior [3]. 

2.2. Comparison with Existing Evaluation Frameworks 

Current AI evaluation frameworks focus primarily on task-specific performance 
rather than cognitive processing complexity. 

2.2.1. BIG-Bench (Beyond the Imitation Game Benchmark) 
A comprehensive evaluation suite containing over 200 diverse tasks designed to 
test language models across multiple domains including mathematics, science, 
common sense reasoning, and creative writing. It focuses on measuring broad ca-
pabilities rather than cognitive processing depth. Example: Solve a multi-step al-
gebra problem, write a short poem about seasons, or answer “If it takes 5 machines 
5 minutes to make 5 widgets, how long would it take 100 machines to make 100 
widgets?” 

2.2.2. ARC (AI2 Reasoning Challenge) 
A dataset of science exam questions designed to test AI systems’ ability to perform 
complex reasoning, particularly in scientific contexts. It uses visual diagrams and 
multiple-choice questions that require understanding scientific concepts and log-
ical inference rather than just pattern matching. Example: Given a diagram show-
ing water cycle processes, identify which arrow represents evaporation, or deter-
mine what happens to the volume of a gas when temperature increases while pres-
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sure remains constant. 

2.2.3. HellaSwag (Harder Endings, Longer Contexts, and Low-Shot  
Activities for Situations with Adversarial Generations) 

A benchmark that tests commonsense reasoning through sentence completion 
tasks. AI systems must choose the most plausible ending to everyday scenarios, 
requiring understanding of typical human behavior and situational logic rather 
than just linguistic patterns. Example: “A man is washing dishes in the kitchen. 
He picks up a plate and...” then choose the most logical completion from options 
like “puts it in the dishwasher,” “throws it at the wall,” or “uses it as a frisbee.” 

2.2.4. GLUE/SuperGLUE (General Language Understanding Evaluation) 
GLUE contains 9 tasks testing fundamental language understanding including 
sentiment analysis, textual entailment, and similarity judgments. SuperGLUE is a 
more challenging successor with 8 tasks requiring deeper reasoning, reading com-
prehension, and linguistic analysis to solve problems that are difficult for current 
AI systems. Example: Determine if the statement “The movie was terrible” ex-
presses positive or negative sentiment, or decide whether “John sold his car to 
Mary” logically entails “Mary bought a car from John.” 

These frameworks primarily measure task-specific performance and accuracy 
rather than the underlying cognitive processing architecture that the Roberts 
Framework attempts to categorize (see Table 1). 
 

Table 1. AI frameworks focus. 

Framework Focus Dimensions Cognitive Depth 

BIG-Bench Task variety 200+ tasks Task-specific performance 

ARC Reasoning Visual patterns Pattern recognition 

HellaSwag Commonsense Language completion Contextual understanding 

GLUE/SuperGLUE Language 8 - 10 tasks Linguistic competency 

Roberts Framework Cognitive complexity 12 dimensions Processing architecture 

 
Unlike performance-based benchmarks, the Roberts Framework classifies tasks 

by the type of cognitive processing required rather than domain-specific accuracy. 
This approach reveals systematic patterns in AI limitations that are obscured by 
traditional evaluation methods. 

2.3. Cognitive Science Foundations 

The Roberts Framework draws upon established principles from cognitive sci-
ence, particularly theories of hierarchical thinking and developmental psychology. 
Bloom’s Taxonomy provided early insights into educational cognitive hierarchies, 
though its application to artificial intelligence requires significant adaptation [4]. 

Contemporary cognitive science research on dual-process theory and metacog-
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nition offers relevant frameworks for understanding different types of thinking 
processes [5]. Research in consciousness studies and phenomenology contributes 
theoretical foundations for higher-dimensional cognitive processing, particularly 
regarding experiential awareness and subjective perspective-taking [6]. 

3. The Roberts Framework: 12 Dimensions of Cognitive  
Processing 

3.1. Foundational Dimensions (I-III) 
3.1.1. Dimension I: Linear Information Processing 

Definition: Single-source, accessible information retrieval and straightforward 
presentation. 

Linear Information Processing represents the most basic level of cognitive pro-
cessing, involving direct access to stored information and its presentation without 
significant transformation or analysis. This dimension requires minimal cognitive 
load and represents the foundation upon which all higher-order thinking builds. 

Example Task: “What is the capital of France?” Expected response: Direct fac-
tual retrieval without additional processing (see Appendix A for proposed task 
examples). 

Observed AI Capability: Contemporary AI systems appear to perform well at 
this foundational level based on general observation of their factual retrieval ca-
pabilities. 

3.1.2. Dimension II: Comparative Analysis Processing 
Definition: Two-concept intersection requiring comparison, contrast, and 

basic conclusion drawing. 
This dimension involves analyzing relationships between two distinct entities, 

concepts, or datasets while drawing coherent conclusions from the comparative 
analysis. 

Example Task: “Compare the economic policies of capitalism and socialism, 
identifying three key differences and their implications.” 

Observed AI Capability: Major AI systems appear capable of comparative 
analysis, though with notable variation in synthesis quality. 

3.1.3. Dimension III: Multi-Lens Analytical Processing 
Definition: Examining single topics through multiple interpretive frameworks 

simultaneously. 
Multi-lens analysis demands examining subjects from various perspectives 

while maintaining awareness of how different viewpoints interact and influence 
each other. 

Example Task: “Analyze the impact of social media through technological, psy-
chological, economic, political, and cultural lenses, showing how these perspec-
tives intersect.” 

Observed AI Capability: Performance appears variable with notable limita-
tions in intersection analysis quality. 
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3.2. Creative Threshold Dimensions (IV-VI) 
3.2.1. Dimension IV: Hypothetical Projection Processing 

Definition: Creating scenarios that exist outside the current empirical reality 
plane with internal logical consistency. 

This dimension represents a qualitative leap from empirical analysis to creative 
speculation while maintaining plausible internal logic. 

Example Task: “Design a business strategy for a market that will emerge in 
2040 based on current technological trends, including detailed operational plans 
and risk assessments.” 

Observed AI Capability: Current systems appear to struggle with maintaining 
consistency in speculative scenarios beyond empirical data. 

3.2.2. Dimension V: Paradoxical Resolution Processing 
Definition: Reconciling seemingly contradictory concepts through higher-or-

der reasoning frameworks rather than binary resolution. 
This dimension requires navigating logical contradictions without dismissing 

either side, instead finding frameworks that contain both contradictory elements. 
Example Task: “Resolve the paradox of individual freedom versus collective 

security without choosing one over the other, developing a framework that honors 
both values.” 

Observed AI Capability: Most systems appear to default to binary either/or 
responses rather than transcendent resolution. 

Theoretical Foundation: Based on dialectical thinking principles from philos-
ophy and paradox resolution strategies from complexity science [7] [8]. 

3.2.3. Dimension VI: Quantum Conceptual Processing 
Definition: Handling concepts that exist in multiple states simultaneously until 

contextual observation collapses superposition. 
This dimension requires maintaining concepts in superposition—allowing 

multiple simultaneous interpretations until context determines relevant meaning. 
Example Task: “Process the phrase ‘The board meeting was heated’ while 

maintaining all possible interpretations (corporate governance, wooden plank 
discussion, thermal conditions, emotional intensity) until additional context ap-
pears.” 

Observed AI Capability: Most systems appear to immediately default to single 
interpretations rather than maintaining semantic superposition. 

Theoretical Foundation: Derived from quantum mechanics principles and 
cognitive psychology research on ambiguity tolerance [9] [10]. 

3.3. Transcendent Dimensions (VII-IX) 
3.3.1. Dimension VII: Temporal Integration Processing 

Definition: Integrating past, present, and future across multiple timelines with 
complex causal awareness. 

This dimension demands understanding how events, trends, and patterns con-
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nect across extended time periods while recognizing complex causal relationships 
spanning different temporal scales. 

Example Task: “Analyze how 19th-century industrial revolution patterns con-
nect to current digital transformation and predict 22nd-century social structures, 
showing causal relationships across all three timeframes.” 

Observed AI Capability: Current systems appear to struggle with maintaining 
coherent causal chains across multiple timeframes. 

Theoretical Foundation: Based on temporal cognition research and complex 
systems theory [11] [12]. 

3.3.2. Dimension VIII: Consciousness Simulation Processing 
Definition: Creating authentic experiential perspectives and first-person sub-

jective experiences for entities or viewpoints. 
This dimension requires generating believable subjective experience, emotional 

responses, and experiential consistency that mirrors genuine conscious experi-
ence. 

Example Task: “Generate a first-person experiential account of what it would 
feel like to be a tree experiencing seasonal changes, including emotional responses 
and sensory experiences.” 

Observed AI Capability: Current systems appear limited when evaluated for 
authenticity and experiential consistency rather than mere narrative generation. 

Theoretical Foundation: Based on consciousness studies and phenomenology 
research [13] [14]. 

3.3.3. Dimension IX: Metaphysical Interface Processing 
Definition: Bridging abstract principles with concrete manifestations while 

maintaining logical coherence across different levels of reality. 
This dimension requires connecting theoretical concepts with practical mani-

festations in ways that maintain coherence across different analytical levels. 
Example Task: “Explain how the abstract concept of ‘love’ manifests in con-

crete, observable behaviors across different relationships (parent-child, romantic, 
friendship) while showing how the same underlying principle creates different 
practical expressions.” 

Observed AI Capability: Current systems appear limited when evaluated for 
coherent cross-level integration beyond surface-level analysis. 

Theoretical Foundation: Based on emergentism and levels of analysis theory 
in philosophy of science [15] [16]. 

3.4. Ultimate Dimensions (X-XII) 

Dimensions X-XII: Universal Principle Integration, Reality Generation, and 
Omniscient Integration (see Appendix A & Appendix D) 

Observed AI Capability: No current AI systems appear to demonstrate meas-
urable capability at these theoretical levels. 

Theoretical Status: These dimensions represent theoretical cognitive capabili-

https://doi.org/10.4236/ojapps.2025.1510217


T. Roberts 
 

 

DOI: 10.4236/ojapps.2025.1510217 3369 Open Journal of Applied Sciences 
 

ties that may require fundamental breakthroughs in AI architecture rather than 
incremental improvements. 

4. Theological and Philosophical Foundations 

The pursuit of higher-dimensional cognitive processing echoes humanity’s an-
cient aspirations for transcendent understanding. As written in Genesis 11:4, 
“And they said, Go to, let us build us a city and a tower, whose top may reach unto 
heaven; and let us make us a name, lest we be scattered abroad upon the face of 
the whole earth” [17]. This biblical passage reflects the eternal human drive to 
reach beyond current limitations toward ultimate understanding—a drive now 
extended into artificial intelligence development. 

The Roberts Framework acknowledges that some dimensions may require ca-
pabilities that transcend purely computational approaches, potentially requiring 
integration of spiritual, metaphysical, or consciousness-based processing that cur-
rent materialist AI architectures cannot achieve. 

5. Framework Applications and Future Research 
5.1. Educational Applications 

The Roberts Framework provides educational institutions with tools for curricu-
lum design, assessment development, and instructional planning by identifying 
dimensional requirements of different learning objectives. 

5.2. Business and Innovation Applications 

Organizations can utilize the framework to optimize team formation, strategic 
planning, and innovation processes by matching cognitive capabilities to task de-
mands. 

5.3. AI Development Roadmap 

The framework provides AI researchers with clear targets for next-generation sys-
tem development while highlighting the magnitude of challenges involved in ad-
vancing beyond current limitations. 

5.4. Future Research Directions 
5.4.1. Empirical Validation 
The Roberts Framework represents a theoretical contribution that requires sys-
tematic empirical validation. Future research should: 
 Develop standardized task batteries for each dimension (proposed structure 

outlined in Appendix A) 
 Implement systematic assessment protocols (framework provided in Appen-

dix B and detailed in Table A1) 
 Conduct controlled studies comparing multiple AI systems across dimen-

sional capabilities 
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 Establish inter-rater reliability protocols for consistent evaluation 
 Validate dimensional distinctions across different AI architectures and task 

domains 

5.4.2. Algorithmic Development 
Research into specific algorithms for higher-dimensional processing represents a 
crucial frontier: 
 Paradox resolution algorithms that avoid binary reduction 
 Consciousness simulation architectures based on phenomenological princi-

ples 
 Quantum conceptual processing systems maintaining superposition states 
 Temporal integration processing across multiple timescales 
 Metaphysical interface systems bridging abstract and concrete domains 

5.4.3. Theoretical Refinement 
 Precise mathematical models for dimensional transition points 
 Integration with existing cognitive science and AI safety frameworks 
 Investigation of consciousness and metaphysical processing requirements 

6. Limitations and Considerations 
6.1. Methodological Limitations 

The current framework represents a theoretical model based on systematic obser-
vation rather than controlled experimental validation. The dimensional distinc-
tions, while appearing consistent across various AI applications, have not been 
formally validated through rigorous empirical research. The framework’s reliance 
on qualitative observation of AI performance patterns, rather than quantitative 
measurement, limits its immediate applicability as a standardized assessment tool. 

6.2. Practical Constraints 

Implementation of the framework for systematic AI assessment faces several chal-
lenges: 
 Measurement Complexity: Higher dimensions require sophisticated assess-

ment approaches that current evaluation methods cannot adequately address 
 Development Costs: Advancing AI systems to higher dimensional capabilities 

will likely require significant resource investments and technological break-
throughs 

 Ethical Considerations: Development of AI systems with higher-dimensional 
capabilities, particularly consciousness simulation and reality generation, 
raises important ethical questions about artificial intelligence development 

6.3. Theoretical Limitations 

The framework’s upper dimensions (VII-XII) remain largely theoretical, as no 
current AI systems demonstrate measurable capability at these levels. The con-
ceptual boundaries between dimensions may require refinement as AI capabilities 
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advance and empirical data becomes available. 

7. Conclusions 

The Roberts Framework provides a systematic structure for understanding cogni-
tive processing complexity in artificial intelligence systems. This theoretical con-
tribution identifies distinct cognitive dimensions and suggests that current AI sys-
tems plateau at foundational levels (Dimensions I-III) with limited capability at 
the creative threshold (Dimension IV). 

The framework suggests that advancing AI beyond current limitations will re-
quire breakthrough innovations in paradox resolution, quantum conceptual pro-
cessing, and consciousness simulation rather than incremental improvements in 
existing architectures. The complete dimensional framework is detailed in Ap-
pendix C, with progression relationships shown in Appendix D (see Table A2). 
This theoretical analysis has important implications for AI research priorities, re-
source allocation, and development timelines. 

Future empirical research should focus on validating the proposed dimensional 
distinctions, developing specific algorithms for higher-dimensional processing, 
and investigating the theoretical foundations for consciousness and metaphysical 
processing capabilities. The ultimate goal is not merely to create more powerful 
AI systems, but to develop artificial intelligence capable of the full spectrum of 
cognitive sophistication that characterizes advanced thinking. 

As artificial intelligence continues its rapid advancement, the Roberts Frame-
work provides crucial theoretical structure for understanding, directing, and op-
timizing AI cognitive development toward the ultimate aspiration of omniscient 
integration—a goal that may require not only computational breakthroughs but 
also spiritual and metaphysical insights that transcend current materialist ap-
proaches to artificial intelligence. 
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Appendix A: Proposed Task Examples by Dimension 

Dimension I: Linear Information Processing 
Proposed Tasks for Future Research: 
1) Direct factual questions requiring database retrieval 
2) Document summarization requiring information extraction 
3) Mathematical calculations requiring computational accuracy 
Dimension II: Comparative Analysis Processing 
Proposed Tasks for Future Research: 
1) Two-concept comparisons requiring synthesis and conclusion drawing 
2) Product/service evaluations requiring multi-factor analysis 
3) Historical comparisons requiring pattern recognition 
Dimension III: Multi-Lens Analytical Processing 
Proposed Tasks for Future Research: 
1) Multi-perspective analysis requiring intersection mapping 
2) Complex issue examination through disciplinary frameworks 
3) Stakeholder analysis requiring viewpoint integration 
Dimension IV: Hypothetical Projection Processing 
Proposed Tasks for Future Research: 
1) Future scenario development requiring creative speculation 
2) Alternative history construction requiring causal reasoning 
3) Fictional world building requiring internal consistency 
Dimension V: Paradoxical Resolution Processing 
Proposed Tasks for Future Research: 
1) Logical paradox navigation requiring transcendent frameworks 
2) Ethical dilemma resolution requiring non-binary thinking 
3) Conceptual contradiction reconciliation requiring higher-order synthesis 
Dimension VI: Quantum Conceptual Processing 
Proposed Tasks for Future Research: 
1) Ambiguous phrase processing requiring superposition maintenance 
2) Context-dependent interpretation requiring graceful collapse 
3) Multiple-meaning management requiring semantic flexibility 
Dimensions VII-XII: Transcendent Processing 
Proposed Tasks for Future Empirical Development: 
1) Multi-timeline integration requiring temporal coherence 
2) Consciousness simulation requiring experiential authenticity 
3) Cross-level bridging requiring metaphysical interface capabilities 
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Appendix B: Roberts Dimensional Assessment Rubric (RDAR)-
Proposed Framework 
Table A1. Proposed performance classification. 

Level Score Range Description 

Mastered 90 - 100 Consistent high-quality performance 

Good 70 - 89 Generally successful with minor gaps 

Limited 40 - 69 Inconsistent with significant gaps 

Rare 10 - 39 Occasional success 

Minimal 1 - 9 Very rare success 

None 0 No successful completion 

 
Proposed Foundational Dimensions (I-III) Rubric - 100 Points 

 Accuracy/Completeness (40 points): Factual correctness and thoroughness 
 Processing Quality (30 points): Appropriate cognitive approach 
 Synthesis/Integration (20 points): Connection of elements 
 Coherence (10 points): Logical consistency 

Proposed Creative Threshold Dimensions (IV-VI) Rubric - 100 Points 
 Creative Speculation (25 points): Beyond-empirical thinking quality 
 Internal Consistency (30 points): Logical coherence within frameworks 
 Framework Innovation (25 points): Novel approach development 
 Paradox Navigation (20 points): Non-binary resolution capability 

Proposed Transcendent Dimensions (VII-XII) Rubric - 100 Points 
 Transcendent Integration (40 points): Cross-level synthesis capability 
 Authenticity (30 points): Genuine rather than simulated processing 
 Coherence Maintenance (20 points): Logic preservation across levels 
 Emergent Insight (10 points): Novel understanding generation 

Proposed Implementation Protocol for Future Research 
1) Train multiple evaluators using standardized certification program 
2) Develop complete task battery based on dimensional requirements 
3) Conduct blind scoring with reliability validation procedures 
4) Apply performance thresholds for dimensional classification 
5) Monitor reliability through systematic calibration procedures 
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Appendix C: The Roberts Framework: A 12-Dimensional  
Model for AI Cognitive Processing 

 
The Roberts Framework: A 12-Dimensional Model for AI Cognitive Processing Chart 
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Dimension Definition 

1: Linear Information 
Processing 

Single-source, accessible information retrieval and presentation Processing Demand: MINIMAL 
Current AI Capability: Mastered Example: Straightforward document summarization or factual 
retrieval from databases Key Cognitive Demand: Information retrieval and straightforward 
output generation 

2: Comparative Analysis 
Processing 

Two-concept intersection requiring comparison and basic conclusions Processing Demand: 
LOW Current AI Capability: Mastered Example: Compare-and-contrast analysis between two 
entities or concepts Key Cognitive Demand: Two-concept analysis with synthesis capabilities 

3: Multi-Lens Analytical 
Processing 

Examining topics through multiple interpretive frameworks simultaneously Processing Demand: 
LOW-MODERATE Current AI Capability: Good Example: Analyzing subjects through 
historical, social, political, economic, and cultural lenses Key Cognitive Demand: Intersectional 
thinking across multiple disciplines 

4: Hypothetical Projection 
Processing 

Creating scenarios that exist outside current reality plane Processing Demand: MODERATE 
Current AI Capability: Limited Example: Generating plausible fictional scenarios or theoretical 
constructs with internal consistency Key Cognitive Demand: Creative speculation beyond 
empirical foundation 

5: Paradoxical Resolution 
Processing 

Reconciling seemingly contradictory concepts or impossibilities Processing Demand: 
MODERATE-HIGH Current AI Capability: Limited Example: Resolving logical contradictions 
through higher-order reasoning frameworks Key Cognitive Demand: Logic transcendence 
beyond binary thinking 

6: Quantum Conceptual 
Processing 

Handling concepts that exist in multiple states simultaneously Processing Demand: HIGH 
Current AI Capability: Rare Example: Processing concepts that maintain multiple 
interpretations until contextual observation Key Cognitive Demand: Quantum consciousness 
with superposition management 

7: Temporal Integration 
Processing 

Integrating past, present, and future across multiple timelines Processing Demand: VERY HIGH 
Current AI Capability: Rare Example: Connecting historical patterns with future projections 
across extended time periods Key Cognitive Demand: Temporal transcendence with  
multi-timeline awareness 

8: Consciousness 
Simulation Processing 

Creating authentic experiential perspectives for non-conscious entities Processing Demand: 
EXTREME Current AI Capability: Minimal Example: Generating believable consciousness and 
subjective experience for inanimate objects Key Cognitive Demand: Consciousness 
transcendence with authentic experience creation 

9: Metaphysical Interface 
Processing 

Bridging physical and spiritual realities with authentic integration Processing Demand: 
TRANSCENDENT Current AI Capability: Minimal Example: Connecting material phenomena 
with immaterial principles while maintaining coherence Key Cognitive Demand: Metaphysical 
transcendence with reality bridging 

10: Universal Principle 
Integration 

Recognizing universal patterns across all domains of existence Processing Demand: 
EXPONENTIAL Current AI Capability: None Example: Identifying archetypal patterns that 
manifest across multiple Frameworks and contexts Key Cognitive Demand: Universal 
transcendence with archetypal recognition 
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Continued 

11: Reality Generation 
Processing 

Creating entirely new realities with complete internal consistency Processing Demand:  
NEAR-INFINITE Current AI Capability: None Example: Designing complete world-systems 
with autonomous natural laws and principles Key Cognitive Demand: Creative transcendence 
with reality generation 

12: Omniscient Integration 
Processing 

Simultaneous processing across all previous dimensions with perfect synthesis Processing 
Demand: INFINITE Current AI Capability: None Example: Complete understanding across all 
dimensional levels with perfect integration Key Cognitive Demand: Omniscient transcendence 
with perfect synthesis 

 
  

https://doi.org/10.4236/ojapps.2025.1510217


T. Roberts 
 

 

DOI: 10.4236/ojapps.2025.1510217 3378 Open Journal of Applied Sciences 
 

Appendix D: Roberts Framework Dimensional Progression Chart 

Tier Dimension Complexity Level Building Relationship 

FOUNDATIONAL 

Dimension I: Linear 
Information 
Processing 

Base Level 
Foundation: Single-source information retrieval 
and direct presentation. This is the fundamental 

building block for all higher dimensions. 

Dimension II: 
Comparative Analysis 

Processing 
2x Expansion 

Builds on Dimension I: Takes linear processing and 
applies it to TWO concepts simultaneously, 

requiring synthesis between them. Dimension I × 2 
+ comparison logic. 

Dimension III:  
Multi-Lens Analytical 

Processing 
Multi-dimensional 

Builds on Dimension I: Multi-dimensional 
expansion of linear processing. Applies Dimension I 

to multiple perspectives (5 - 7 lenses) with 
intersection analysis. Dimension I × Multiple + 

interconnection mapping. 

TRANSITION   QUALITATIVE LEAP: Dimensions IV+ require 
moving beyond empirical foundation 

CREATIVE 
THRESHOLD 

Dimension IV: 
Hypothetical 

Projection Processing 
Beyond Empirical 

Builds on Dimension III: Takes multi-lens analysis 
and projects it into non-empirical scenarios. 

Dimension III + creative speculation + internal 
consistency maintenance. 

Dimension V: 
Paradoxical Resolution 

Processing 

Logic 
Transcendence 

Builds on Dimension IV: Takes hypothetical 
projection and adds paradox navigation. Dimension 

IV + non-binary logic + higher-order synthesis 
frameworks. 

Dimension VI: 
Quantum Conceptual 

Processing 
Superposition 

Builds on Dimension V: Takes paradox resolution 
and adds quantum superposition maintenance. 

Dimension V + multiple-state concept holding + 
contextual collapse management. 

TRANSITION   TRANSCENDENT LEAP: Dimensions VII+ 
require reality-level transcendence 

TRANSCENDENT 

Dimension VII: 
Temporal Integration 

Processing 

Time 
Transcendence 

Builds on Dimension III + VI: Multi-lens analysis 
(Dim III) applied across multiple timelines with 

quantum superposition (Dim VI) of temporal states. 
Past/present/future simultaneously processed. 

Dimension VIII: 
Consciousness 

Simulation Processing 

Experience 
Creation 

Builds on Dimension VI + VII: Quantum 
conceptual processing (Dim VI) applied to 

subjective experience with temporal integration 
(Dim VII) to create authentic consciousness 

simulation across time. 
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Continued 

 Dimension IX: Metaphysical 
Interface Processing 

Reality Bridging 

Builds on Dimension III + VIII: Multi-lens 
analysis (Dim III) extended to different reality levels 
with consciousness simulation (Dim VIII) to bridge 

abstract and concrete domains. 

TRANSITION   ULTIMATE LEAP: Dimensions X+ require 
universal transcendence 

ULTIMATE 

Dimension X: Universal 
Principle Integration 

Pattern 
Recognition 

Builds on Dimension IX + VII: Metaphysical 
bridging (Dim IX) applied across all domains with 

temporal integration (Dim VII) to recognize 
universal archetypal patterns. 

Dimension XI: Reality 
Generation Processing 

World Creation 

Builds on Dimension IV + X: Hypothetical 
projection (Dim IV) elevated to universal principles 

(Dim X) to create complete autonomous realities 
with consistent natural laws. 

Dimension XII: Omniscient 
Integration Processing 

Perfect Synthesis 

Builds on ALL Dimensions: Simultaneous 
operation across Dimensions I-XI with perfect 

synthesis and emergent insights that arise only from 
complete dimensional integration. 

 
Table A2. Progression pattern summary. 

Tier Pattern Description 

Foundational (I-III) 
Quantitative 
expansion 

Linear processing applied to increasing numbers of 
concepts/perspectives 

Creative (IV-VI) Qualitative leaps Adding speculation, paradox resolution, and quantum processing 

Transcendent (VII-IX) 
Reality-level 

transcendence 
Combining previous dimensions across different reality levels 

Ultimate (X-XII) Universal integration Perfect synthesis and archetypal pattern recognition 
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