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Abstract

Introduction: Due to the rapid development of information and communi-
cation technology in the past decades, mobile health had a significant impact
on the development of healthcare systems as an innovative medical service
model. Despite the popularity of mobile health worldwide, its continuance
use has not been very high. Therefore, the factors that influence consumers’
continuance intention of mobile health deserve further study. Methods: From
July to August 2022, data were collected via a cross-sectional survey conducted
with a self-designed questionnaire. The characteristics that affect the inten-
tion to continue utilizing mobile health were studied using the partial least
squares approach. Results: Functional value, social value, emotional value,
and conditional value had a positive effect on perceived value while epistemic
value had no correlation with perceived value. Additionally, satisfaction, per-
ceived value and habit were positively related to continuance intention. Fur-
thermore, the mediating effect of satisfaction was significant between confir-
mation and continuance intention, and between perceived value and conti-
nuance intention. Conclusion: Satisfaction, habit and perceived value have a
significant effect on mobile health apps continuance intention. At the same
time, emotional value, functional value, conditional value and confirmation
have an indirect positive effect on continuance intention. Therefore, we sug-
gest that mobile health product developers should improve the functionality
of the application in detail to enhance the user experience, so that the apps
can be used continuously, and prevent the potential loss caused by the user
uninstalling the application.
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1. Introduction

With the continuous development of information technology, cloud computing,
5G technology, and big data have penetrated every aspect of our life. In recent
years, the booming development of e-health in the medical field has changed the
traditional medical model. The increasing use of smartphones and wearable de-
vices has greatly increased medical resource allocation efficiency and changed
the way of obtaining information in our daily life. By December 2021, there were
1.029 billion mobile Internet users in China, with 99.7% of Internet users using
mobile phones [1]. Mobile health has become an inevitable trend, and it played
an increasingly important role in promoting health and well-being and improv-
ing healthcare quality.

Professor Robert Istepanian first proposed the concept of mobile health in 2005
[2]. In 2011, the World Health Organization defined mobile health (mHealth) as
“mobile technology-enabled medical and public health practice” [3]. Kim et al
also defined mHealth as the dissemination of any type of health services and in-
formation through mobile devices [4]. Future developments in medical care will
focus on mobile health as an important tool for treating patients with its porta-
bility, cost-effectiveness, and efficiency.

Over the past decade, it is increasingly common for mobile health (mHealth)
services to assist patients in self-managing chronic diseases and overcoming bar-
riers such as distance, cost, and time by providing health information, assess-
ment, and assistance to patients anywhere, anytime [5]. With the wide spread of
COVID-19, mobile health has played a very important role in remote monitoring,
remote consultation, personalized medical services, patient health status tracking,
rapid medical treatment, and effective interaction between medical professionals.
Mobile health is often underutilized, despite its benefits. Approximately 45.7%
(427/934) of those who downloaded mHealth apps no longer used them, accord-
ing to a national survey conducted in the United States [6]. A review of the pre-
vious literature on the use of mobile health by patients revealed that most studies
focused on patients’ acceptance and initial use of these applications [7] [8], while
only a few studies focused on the continuance use of mHealth services [9]. From
the perspective of mobile health providers, the continued use of a portal by users
is a key factor in determining the ultimate success and sustainability of an in-
formation technology (IT) portal, which is more valuable to study than just the
first use [10]. In other words, IT or IS’s long-term success depends more on its
continuous use than on its initial deployment.

Information system usage behavior can be divided into pre-adoption behavior
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and post-adoption behavior, in which continued IS usage or IS continuance be-
longs to post-adoption behavior [11]. The intention of continuous use of infor-
mation systems refers to an individual’s intention to continue or reuse it after
initial use or acceptance. According to Bhattacherjee [10], the behavior of users
to continue using an information system is similar to repeated purchase beha-
vior. Both types of decisions take place after the initial decision and are influ-
enced by the initial user experience. Expectation confirmation theory (ECT) was
originally used to study customer satisfaction and post-purchase behavior in the
field of consumer behavior in marketing research. Bhattacherjee applied ECT to
IS continuity studies in the field of IS research and proposed the expectation
confirmation model (ECM) to study the drivers that influence consumers’ beha-
vioral intentions to continue using information technology after initial adoption.
In this model, users first generate the initial expectations before buying products
or services, gradually form attitudes or feelings after using the service or prod-
uct, and then compare with the initial expectations to determine the extent of
the expected, and ultimately affect the consumers’ intention to continue to use
through satisfaction. Nowadays, ECM is being widely used and extended to in-
vestigate the factors influencing users’ intentions and behavior toward IS in var-
ious research settings, including shared nurses [12], digital textbooks [13], and
mobile health apps [14].

Theory of Consumption Value (TCV) is a method used to determine prefe-
rences among consumers [15]. It is based on five dimensions: epistemic value,
social value, emotional value, functional value, and conditional value. Functional
value referred a product’s functional, utility, or physical performance abilities,
measured against product attributes. In consumer behavior, functional value has
been extensively studied and demonstrated in numerous contexts and is asso-
ciated with convenience or ease of use [16]. Emotional value is the psychological
reaction brought on by using a product that might arouse powerful emotions
[15]. Hedonic value and usefulness are combined to form the two-dimensional
concept of emotional value. Mobile health services are useful in improving the
quality of medical care for users with the purpose of meeting their medical needs.
At the same time, users have a pleasant experience in using mobile health ser-
vices, so the emotional value can be used to study mobile health. Social value re-
flects how useful a product is to a consumer based on its relationship with one or
more particular social groupings. In a variety of products/services, social influence
has been found to influence consumers’ purchase or repurchase decisions [17]. In
addition, social value is enhanced and favorably influenced by friends, family, and
other close ties among customers. Epistemic value refers to the ability of a product
to evoke curiosity, provide novelty, or satisfy a desire for knowledge. It has also
been found to be an important component in deciding whether to purchase a new
product/service. Conditional values emphasize the importance of context or con-
text in consumer product choices. When it comes to purchasing intentions for

goods related to health, conditional value has been shown to have a substantial
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impact. Mobile health apps are vulnerable to similar views; Thus, contextual value
can influence purchase intentions for mobile health services [18].

Based on the above description and introduction of the theory and model, this
paper will select relevant factors and propose the hypotheses as shown in Table
1. Based on the theory of ECT and TCV, this paper also introduces two factors
of perceived value and habit, combined with previous studies and the characte-
ristics of mobile health, and proposes a research model according to the above

assumptions as shown in Figure 1.

2. Materials and Methods

2.1. Questionnaire Design and Measurement Instruments

In order to collect data to validate the proposed research model and hypothesis,

Table 1. Hypotheses items.

Hypothesis  Items

H1 Social value has a positive impact on perceived value.
H2 Emotional value has a positive impact on perceived value.
H3 Functional value has a positive impact on perceived value.
H4 Conditional value has a positive impact on perceived value.
H5 Epistemic value has a positive impact on perceived value.
Heé Perceived value has a positive impact on satisfaction.
H7 Confirmation has a positive impact on satisfaction.
H8 Satisfaction has a positive impact on continuance intention.
H9 Perceived value has a positive impact on continuance intention.
H10 Habit has a positive impact on continuance intention.
Social Value
(SCV) 7
Satisfaction(SAT) Confirmation(CF)
H1
Emotional Value
(ETV) H2 H6 H8
Functional Value Perceived value(PV) Continuous intention(CI)
(FTV)
H4
Conditional Value H10
(CDV) H5
Habits(HB)

Epistemic Value
(ESV)

Figure 1. Proposed conceptual model.
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a questionnaire was conducted.

This study adopts the research strategy of questionnaire survey, which has the
advantage of measuring the variables required for the sample efficiently, cost-
effectively, and accurately. Among many questionnaire survey methods, online
questionnaires were selected for this study. Online surveys can span time and
distance as well as collecting large sample sizes. China has a large population and
has many mobile health users. Therefore, online questionnaires were chosen and
distributed on the major social platforms and major online medical platforms.

According to the research hypothesis and research model, this study designed
relevant questionnaire questions. The design of the questionnaire was divided
into three parts: the first part mainly investigated the participants’ use of mobile
health, so as to screen the sample. The second part focuses on the demographic
characteristics of the subjects, including gender, age, education level, and loca-
tion. The third part is the measurement items of the study variables in the model,
including functional value, emotional value, conditional value, epistemic value,
social value, perceived value, confirmation, satisfaction, habit, and continuance
intention. This scale includes 10 latent variables and 32 measurement items. The
measurement items of the questionnaire were all from existing studies at home
and abroad, and the scenarios of some items were revised in combination with
the characteristics of telemedicine, so as to ensure both the content validity of
the scale and its adaptability to mobile health. The items were measured on a
7-point Likert type scale used to express the degree of agreement of respondents
to the survey content (1 - 7 indicates the range from “strongly disagree” to
“strongly agree”) and respondents were asked to give a score that best matched
their actual feelings based on their actual use of mobile health services. The
overall length of the questionnaire is appropriate, the layout is reasonable, and
the questions are easy to understand, so as to facilitate the respondents to read and

fill in. Table 2 presents a list of questions for each study model variable.

2.2. Data Collection and Analysis

The study data were obtained from an online questionnaire survey on major on-
line social and medical platforms. Surveys were conducted from July 2022 to
August 2022. Of the 349 answer sheets that we collected, 317 were validly rec-
orded, yielding an effective rate of 90.83%. SPSS 25.0 and Smart PLS 3.0 were
used to analyze the data. The descriptive statistics of the data were assessed using
SPSS 25.0. To test the research model and hypotheses, the partial least squares
(PLS) method was used to verify the structural equation model (SEM) [22].

3. Results
3.1. Survey Participant Demographic Characteristics

The demographic information of the respondents is shown in Table 3. The
proportion of female participants was higher than that of male participants. The

highest frequency of respondents was observed in the 19 - 25-year age group (n
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Table 2. Summary of construct with measurement items.

Construct Measurement items References
SCV1: People who are important for me use mobile health apps.
Social Value SCV2: I think using mobile health will help feel more acceptable. Sheth et al, 1991 [15]

SCV3: I think mobile health apps are used by professionals.

ETV1: I feel relaxed while using mobile health apps.
Emotional

ETV2: I enjoy using mobile health apps. Sheth et al, 1991 [15]
Value

ETV3: Using mobile health apps gives me pleasure.

FTV1: I think mobile health apps require less effort in comparison to offline medical.
Functional FTV2:I think mobile health apps are reliable.
Sheth et al, 1991 [15]
Value FTV3: I think mobile health apps helps to get quicker solution.
FTV4: I think mobile health apps are beneficial to me.

ESV1: 1 am curious about people who use mobile health apps.

Ep;i/s:leiic ESV2:1am interested in seeking novel information in mobile health apps. Sheth et al, 1991 [15]
ESV3: I feel using mobile health helps me acquire knowledge.
CDV1: I believe I will use mobile health apps when I don’t want to stand in a queue for
health checkup.

Cor\llcliltlil(;nal CDV2: 1 believe I will use mobile health apps when I have to make instant payments. Sheth et al, 1991 [15]

CDV3: I believe I will use mobile health apps whenever there is a need for cashless
transactions.

PV1: Compared to the information and services I get from mobile health services, it is
worth the effort.

Perceived value PV2: Compared to the information and services I get from mobile health services; my Zeithaml VA., 1988 [19]
time is well worth it.

PV3: All in all, my involvement in mobile health is worth it.
CF1: My experience with using mobile health better than what I expected.
CF2: The benefit provided by mobile health was better than what I expected.
Confirmation Bhattacherjee, 2001 [10]

CF3: Mobile health can meet demands in excess of what I required for the service.

CF4: Overall, most of my expectations from using mobile health were confirmed.

SF1: The overall experience of mobile health services is poor.

Satisfaction =~ SF2: The overall medical experience of mobile health services is satisfying. Bhattacherjee, 2001 [10]
SE3: Mobile health services can meet my medical needs.
HBI: Using mobile health apps has become automatic to me.

HB2: Using mobile health apps is natural to me.

Habits Limayem et a/,2003 [20]
HB3: When faced with a particular task, using mobile health apps is an obvious choice
for me.
CI1: I would like to continue using mobile health apps.
Conti
.OIE 1111.10us CI2: I would like to recommend mobile health to my friends. Davis FD et al. 1989 [21]
intention

CI3: I plan to use mobile health more in the future.
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Table 3. Demographics of respondents.

Measure Items Frequency Percentage
Male 147 46.4%
gender
Female 170 53.6%
<18 20 6.3%
19-25 94 29.7%
26 - 30 76 24%
age
31-40 65 20.5%
41 - 60 41 12.9%
>60 21 6.6%
High school education or lower 40 12.6%
High school graduate 44 13.9%
education
Bachelor’s degree 182 57.4%
The Master’s degree or other 51 16.1%
Rural 96 30.3%
Location Town 132 41.6%
City 89 28.1%
Appointment register 109 34.4%
Online consultation 125 39.4%
Medical report query 88 27.8%
Mobile health service  \redjcal information inquiry 87 27.4%
(participants were allowed
to select multiple answers) Online drug purchase 90 28.4%
Health monitoring 66 20.8%
Evaluation doctors 78 24.6%
Others 5 1.6%

= 94, 29.7%). Most respondents had a bachelor’s degree (n = 182, 57.4%). Most
of the respondents were in town (n = 132, 41.6%). Among the mobile health ser-
vices used, the top three with the highest percentage were following: online con-
sultation (n = 125, 39.4%), appointment register (n = 109, 34.4%) and online
drug purchase (n = 90, 28.4%).

3.2. Measurement Model

Cronbach’s alpha and composite reliability measures are commonly used to as-
sess the internal consistency of a given structure [23] [24]. Values greater than 0.70
are acceptable. As shown in Table 4, Cronbach’s alpha coefficient ranged from
0.837 to 0.912, which was greater than its threshold of 0.700, and the composite
reliability ranged from 0.902 to 0.941, which was greater than its threshold of

0.700 and thus have good internal consistency reliability. The average variance
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Table 4. The measurement model.

Cronbach’s
Constructs items loadings CR AVE
Alpha
SCV 1 0.905
Social Value (SCV) SCV 2 0.940 0.902 0.939 0.836
SCV 3 0.898
ETV1 0.848
Emotional Value
ETV 2 0.928 0.846 0.907 0.765
(ETV)
ETV 3 0.847
FTV1 0.893
Functional Value FTV 2 0.892
0.908 0.936 0.785
(FTV) FTV 3 0.902
FTV 4 0.856
CDV1 0.892
Conditional Value
CDV 2 0911 0.881 0.926 0.807
(CDV)
CDV 3 0.892
ESV1 0.876
Epistemic Value
ESV 2 0.906 0.875 0.923 0.800
(ESV)
ESV 3 0.901
PV1 0.841
Perceived value
PV 2 0.908 0.837 0.902 0.755
(PV)
PV 3 0.856
CF1 0.899
CF2 0.924
Confirmation (CF) 0.912 0.939 0.793
CF3 0.902
CF 4 0.834
SAT 1 0.897
Satisfaction (SAT) SAT 2 0.941 0.906 0.941 0.842
SAT 3 0.915
HB1 0.900
Habits (HB) HB 2 0.930 0.879 0.925 0.806
HB 3 0.861
Cl1 0.882
Continuous
. i CI2 0.916 0.875 0.923 0.800
intention (CI)
CI3 0.886
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extraction value ranged from 0.755 to 0.842, which was higher than the recom-
mended value of 0.5 [25]. All factor loadings were greater than 0.7. In addition,
the cross-loading of each measurement item and the arithmetic square root of
the extracted mean-variance were examined, which showed good discriminant
validity. The cross-loads of all constructs were higher than the cross-loads of the
other constructs, and the correlation coefficients of any two constructs were
smaller than the arithmetic square root of the extracted mean-variance as shown
in Table 5. All the test results showed that the measurement model had good re-

liability and validity, which met the requirements of the study.

3.3. Hypothesis Testing

To evaluate the hypothesis, the structural model was analyzed. In this study, we
used the Bootstrapping procedure to test the significance of all paths of the
model. The T-value was used as the significance coefficient, and the significance
level of 0.05 was used to test the hypothesis, that is, when the T-value exceeded
1.96, the hypothesis was valid. According to the data in Table 6, social value (H1:
P = 0.023), emotional value (H2: P = 0.003), functional value (H3: P = 0.000) and
conditional value (H4: P = 0.000) had significant effects on perceived value, while
epistemic value (H5: P = 0.272) had no correlation with perceived value, and the
variance of the explanation of perceived value reached 78.2%. Regarding satisfac-
tion, perceived value (H6: P = 0.000), expected confirmation (H7: p = 0.000) had a
great effect on and explained 47.5% of the variation in satisfaction. Similarly, satis-
faction (H8: p = 0.000), the perceived value (H9: p = 0.000), and habits (H10: p =
0.000) were positively related to continuance intention, and the three factors ex-
plained 73.0% of the variation in continuance intention. Therefore, except for hy-
pothesis H5, all hypotheses proposed in the model are supported, among which
H3, H4, H6, H7, H8, H9, and H10 have high significance at 0.001 level. The hypo-
thesis support of the study model is summarized in Table 6 and Figure 2.

Table 5. Correlation matrix and discriminant validity.

SCV ETV FTIV CDV ESV PV CF SAT HB CI

SCV  0.914

ETV 0.658 0.875

FTV 0.644 0.810 0.886

CDV 0.633 0.775 0.786 0.898

ESV  0.611 0.820 0.767 0.745 0.894

PV 0.659 0.798 0.817 0.830 0.749 0.869

CF 0.660 0.866 0.846 0.799 0.819 0.803 0.890

SAT 0.823 0.656 0.637 0.657 0.605 0.653 0.655 0.918

HB 0.718 0.729 0.703 0.699 0.653 0.684 0.709 0.782 0.898

CI 0764 0.684 0.675 0.671 0.628 0.693 0.679 0.795 0.782 0.895
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Table 6. SEM results.

Hypothesis Path T-statistics P-values Supported
H1 SCV -> PV 2.273 0.023 Yes
H2 ETV -> PV 2.990 0.003 Yes
H3 FTV -> PV 3.982 0.000 Yes
H4 CDV -> PV 6.876 0.000 Yes
H5 ESV -> PV 1.098 0.272 No
Ho6 PV -> SAT 5.783 0.000 Yes
H7 CF-> SAT 5.851 0.000 Yes
H8 SAT -> CI 6.304 0.000 Yes
H9 PV->CI 3.565 0.000 Yes
H10 HB -> CI 4.712 0.000 Yes
Social Value R2=0.475
(SCV)
0.366%**
Satisfaction(SAT) Confirmation(CF)
Emotional Value
(ETV) 0.385%**
0.360%* R*=0.730
i 0.274%**
Functional Value Perceived value(PV) Continuous intention(CI)
(FTV)
R2=0.782
» 0.285%**
Conditional Value
(CDV)
Habits(HB)

Epistemic Value

(ESV)

Note: ***: p < 0.001; *: p < 0.05.

Figure 2. Structural analysis of the research model.

4. Discussion

By combining expectation confirmation theory and consumer value theory, our
study proposed a research model of continuance intention toward mobile health.
According to the regression results of the model path coefficient and the confi-
dence level T value, it could be found that all hypotheses except hypothesis H5
have been verified. The positive effect between epistemic value and perceived
value has not been verified. The possible reason is that users’ use of mobile med-
ical products or services does not aim at the novelty of the products or meet the
needs of acquiring knowledge and information. According to the survey results

of mobile medical services used by users in this paper, users use mobile medical
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apps more for online consultation, appointment register and online drug pur-
chase, which were for their medical purposes, rather than for obtaining informa-
tion. On the other hand, unlike other products, mobile medical products are
mainly developed for the convenience and practicability of users’ medical treat-
ment and to protect their health, rather than to stimulate users’ curiosity. In ad-
dition, users’ curiosity and interest in the new mobile medical technology tend
to be more obvious before the adoption, but the research object of this paper is
the intention to continue using the new mobile medical technology after the
adoption, so epistemic value have no significant impact on the continuance use
of mobile health services.

The main findings of this paper include the following points. First, functional
value, emotional value, social value, and conditional value have a significant posi-
tive effect on perceived value. At the same time, emotional value, functional val-
ue, and conditional value have a positive effect on continuance intention through
perceived value. Through the functional, emotional and conditional value of mo-
bile medical products or services, users can obtain subjective feelings, perceive the
value or benefits of mobile medical products or services to their behavioral deci-
sions, and thus have the intention or tendency to continue using them. However,
social value does not affect the continuance intention through the perceived val-
ue, which may be because users have the tendency of using mobile health due to
the use of friends and relatives around them. However, this influence is not
enough to affect their continuous use, and a person produces sustained will or
behavior more motivated by its own internal demand. Activities are no longer
seen to be exclusive to the privileged, and social values have little role in the de-
cision to use internet services like healthcare apps. The practical advantages of
apps have increased the importance of the functional value of healthcare apps.
Meanwhile, value-added services are increasingly being included into healthcare
apps to increase their utility.

Second, the mediating effect of satisfaction was significant between expected
confirmation and continuance intention, and between perceived value and con-
tinuance intention. Before using a mobile medical product or service, people will
create initial expectations for it according to the product description and other
users’ evaluations. Users will evaluate their real experience after using the prod-
uct or receiving the service and generate opinions or expectations about them.
This expectation will affect the user’s perception of the mobile health service.
Therefore, if the actual utility of mobile health services perceived by users does
not live up to their expectations, it will trigger negative emotions and make them
lose confidence in continuing to it. Finally, it will affect whether they will con-
tinue to use it. In this regard, perceived value also plays an important role. After
users adopt or experience the product or services, they will make a subjective
evaluation of whether they are satisfied or not through the perception of the
overall value of the product or service, to have a positive impact on the conti-
nuance intention toward it. According to the results of this study, the direct pos-

itive effect of perceived value on continuance intention is greater than the indi-
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rect effect.

Third, habit had a direct positive impact on the continuance intention. It also
had a moderating effect on the relationship between satisfaction and continuous
use intention. Venkatesh et al [26] introduced the habit factor in UTAUT2, ex-
plaining that habit reflects the extent to which consumers naturally, repeatedly,
and automatically perform relevant behaviors. This concept is consistent with Li-
mayem et al. [27]. When users use mobile health as a spontaneous habit behavior,
then they will continue to use it because of regularity and routine. At present,
99.7% of Chinese people use mobile phones to access the Internet. Online medi-

cal treatment through mobile phones has become a part of people’s daily life.

5. Recommendation

Therefore, based on the above discussion, we make the following suggestions for
mobile health product developers: First, improve the functions of mobile health
products and platforms, simplify the use process, and provide personalized ser-
vices. For example, medical records can be added online in the platform or ap-
plication, and users can fill in the basic personal information, current medical
history, past history, marriage and childbearing history, family history and other
health and disease status, medical insurance holding status, etc., which can be
classified according to eight human body systems, and users can fill in the cor-
responding system disease status. The platform or application can screen tar-
geted information according to the user’s medical record, push relevant popular
science knowledge and medication items to the user, recommend doctors and
institutions with high matching degree, and evaluate the patient’s disease status
and the coverage of various medical insurance, so that the patient can have an
understanding of the expenses to be borne. Second, improve the suitability of
mobile medical product content and enhance the content correlation. In the de-
sign of the platform or application page, users can be allowed to adjust the order
of the plates according to the degree of interest, adjust the functions with the
highest demand to the top, and put the unnecessary functions at the bottom or
remove them directly, so as to increase the convenience of users, present the
personalized design to the maximum extent, strengthen user stickiness, and im-
prove users’ willingness to continue to use the Internet medical. At the same time,
in the payment link, the payment type can be enriched, the payment process can
be optimized, so that users can focus their time and energy on the most impor-
tant medical needs and reduce the time of the less important links, so as to im-
prove the overall perceived benefits and satisfaction of users and strengthen the
strong intention of continuous use. Third, mobile medical service providers should
strengthen the compatibility and operability of mobile health apps and increase
publicity efforts. Integrating mobile medical apps into daily work is essential for
continuous use. Furthermore, strengthen the positioning of mobile health, take
it as a common tool for daily life health consultation and preliminary consulta-

tion, and enhance patients’ use habits of mobile health.
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6. Conclusions

This study investigated the factors that influence users’ intention to continue
using mobile health and constructed a combined model based on ECT and TCV
theory to predict continuance intention. The research model provided strong
explanatory power. According to the statistical results, the factors that positively
affect continuance intention include satisfaction, habit, and perceived value. At
the same time, emotional value, functional value, and conditional value had in-
direct positive effects on continuance intention through perceived value. Con-
firmation also has an indirect positive effect on continuance intention through
satisfaction. The results of this study can help mobile health product managers
provide effective strategies to focus on these factors to promote continuous be-
havioral activities of mobile health users in China. The results are expected to
provide value for the continued development of mobile health in China and sim-
ilar settings.

This study also involved some limitations. This paper explores the intention to
use mobile health from the perspective of perceived benefits. However, the fac-
tors affecting the occurrence of an event are various, and there are also some
other factors that have effects on the intention to continue using mobile health,
such as perceived risk. As a new medical mode based on information technolo-
gy, the existence of perceived risk cannot be ignored. Cocosila, M. and Turel, O.
[28] believed that consumers’ risk perception itself is a significant factor in the
adoption of mobile medical services and concluded that technology risk percep-
tion has an obstructive effect on mobile medical services, while activity risk per-
ception has a driving effect, both of which show a very significant impact. There-
fore, future studies can incorporate perceived risk into the research model to ex-

plore the impact mechanism of risk factors on mobile health.

Conflicts of Interest

The authors declare no conflicts of interest.

References

[1] China Internet Network Information Center (2021) The 49th Statistical Report on
Internet Development in China.
http://www.cnnic.net.cn/n4/2022/0401/c88-1131.html

[2] Li, Y., Liu, R.J., Wang, ].B. and Zhao, T. (2020) How Does mHealth Service Quality
Influences Adoption? Industrial Management & Data Systems, 122, 774-795.
https://doi.org/10.1108/IMDS-12-2020-0758

[3] WHO (2011) mHealth: New Horizons for Health through Mobile Technologies: Based
on the Findings of Second Global Survey on eHealth.

[4] Kim, K.H., Kim, K.J., Lee, D.H. and Kim, M.G. (2019) Identification of Critical Qual-
ity Dimensions for Continuance Intention in mHealth Services: Case Study of One

Care Service. International Journal of Information Management, 46, 187-197.
https://doi.org/10.1016/j.ijinfomgt.2018.12.008

[5] Debon, R., Coleone, J.D., Bellei, E.A. and De Marchi, A.C.B. (2019) Mobile Health

DOI: 10.4236/0alib.1109851

13 Open Access Library Journal


https://doi.org/10.4236/oalib.1109851
http://www.cnnic.net.cn/n4/2022/0401/c88-1131.html
https://doi.org/10.1108/IMDS-12-2020-0758
https://doi.org/10.1016/j.ijinfomgt.2018.12.008

J. Wang, Y. Cao

(6]

(7]

(9]

(10]

(11]

(12]

(13]

(14]

(15]

(16]

(17]

(18]

(19]

Applications for Chronic Diseases: A Systematic Review of Features for Lifestyle
Improvement. Diabetes & Metabolic Syndrome: Clinical Research & Reviews, 13,
2507-2512. https://doi.org/10.1016/j.dsx.2019.07.016

Krebs, P. and Duncan, D.T. (2015) Health App Use Among US Mobile Phone Own-
ers: A National Survey. /MIR mHealth and uHealth, 3, 107-119.
https://doi.org/10.2196/mhealth.4924

Zhou, L.M., Bao, J., Setiawan, .LM.A., Saptono, A. and Parmanto, B. (2019) The
mHealth App Usability Questionnaire (MAUQ): Developmentand Validation Study.
JMIR mHealth and uHealth, 7, €e11500. https://doi.org/10.2196/11500

Mensah, LK. (2022) Understanding the Drivers of Ghanaian Citizens’ Adoption In-
tentions of Mobile Health Services. Frontiers in Public Health, 10, Article 906106.
https://doi.org/10.3389/fpubh.2022.906106

Yan, M., Filieri, R., Raguseo, E. and Gorton, M. (2021) Mobile Apps for Healthy
Living: Factors Influencing Continuance Intention for Health Apps. Technologi-
cal Forecasting and Social Change, 166, Article 120644.
https://doi.org/10.1016/j.techfore.2021.120644

Bhattacherjee, A. (2001) Understanding Information Systems Continuance: An Ex-
pectation-Confirmation Model. MIS Quarterly, 25, 351-370.
https://doi.org/10.2307/3250921

Chea, S. and Luo, M.M. (2008) Post-Adoption Behaviors of E-Service Customers:
The Interplay of Cognition and Emotion. International Journal of Electronic Com-
merce, 12, 29-56. https://doi.org/10.2753/JEC1086-4415120303

Xie, C.Y,, Jia, S.L. and He, C.Z. (2020) An Empirical Study on the Factors Affecting
Elderly Users’ Continuance Intention of Shared Nurses. Risk Management and Health-
care Policy, 13, 1849-1860. https://doi.org/10.2147/RMHP.S261827

Silas, F.V. (2019) Digital Textbooks Are Useful but Not Everyone Wants Them: The
Role of Technostress. Computers & Education, 140, Article 103591.
https://doi.org/10.1016/j.compedu.2019.05.017

Xu, Q., Hou, X.R,, Xiao, T.C. and Zhao, W.L. (2022) Factors Affecting Medical Stu-
dents’ Continuance Intention to Use Mobile Health Applications. Journal of Multi-
disciplinary Healthcare, 15, 471-484. https://doi.org/10.2147/JMDH.S327347

Sheth, J.N., Newman, B.I. and Gross, B.L. (1991) Why We Buy What We Buy: A
Theory of Consumption Values. Journal of Business Research, 22, 159-170.
https://doi.org/10.1016/0148-2963(91)90050-8

Ariff, AM., Mohd, N.A.R,, Firdaus, M.H., Che, R.C.M.Z. and Suhaiza, Z. (2019)
The Impact of Consumption Value on Consumer Behaviour: A Case Study of Hal-
al-Certified Food Supplies. British Food Journal, 121, 2951-2966.
https://doi.org/10.1108/BF]J-10-2018-0692

Singh, N., Sinha, N. and Liebana-Cabanillas, F.J. (2019) Determining Factors in the
Adoption and Recommendation of Mobile Wallet Services in India: Analysis of the

Effect of Innovativeness, Stress to Use and Social Influence. International Journal of
Information Management, 50, 191-205.
https://doi.org/10.1016/j.ijinfomgt.2019.05.022

Coelho, A., Bairrada, C. and Peres, F. (2019) Brand Communities’ Relational Out-
comes, through Brand Love. Journal of Product & Brand Management, 28, 154-165.
https://doi.org/10.1108/JPBM-09-2017-1593

Zeithaml, V.A. (1988) Consumer Perceptions of Price, Quality, and Value: A Means-
End Model and Synthesis of Evidence. Journal of Marketing, 52, 2-22.
https://doi.org/10.1177/002224298805200302

DOI: 10.4236/0alib.1109851

14 Open Access Library Journal


https://doi.org/10.4236/oalib.1109851
https://doi.org/10.1016/j.dsx.2019.07.016
https://doi.org/10.2196/mhealth.4924
https://doi.org/10.2196/11500
https://doi.org/10.3389/fpubh.2022.906106
https://doi.org/10.1016/j.techfore.2021.120644
https://doi.org/10.2307/3250921
https://doi.org/10.2753/JEC1086-4415120303
https://doi.org/10.2147/RMHP.S261827
https://doi.org/10.1016/j.compedu.2019.05.017
https://doi.org/10.2147/JMDH.S327347
https://doi.org/10.1016/0148-2963(91)90050-8
https://doi.org/10.1108/BFJ-10-2018-0692
https://doi.org/10.1016/j.ijinfomgt.2019.05.022
https://doi.org/10.1108/JPBM-09-2017-1593
https://doi.org/10.1177/002224298805200302

J. Wang, Y. Cao

(20]

(21]

(22]

(23]

(24]

(25]

(26]

(27]

(28]

Moez, L. and Sabine, G.H. (2003) Force of Habit and Information Systems Usage:
Theory and Initial Validation. Journal of the Association for Information Systems,
4, 65-97. https://doi.org/10.17705/1jais.00030

Davis, F.D., Bagozzi, R.P. and Warshaw, P.R. (1989) User Acceptance of Computer
Technology: A Comparison of Two Theoretical Models. Management Science, 35,
982-1003. https://doi.org/10.1287/mnsc.35.8.982

Wynne, W.C. (2010) Bootstrap Cross-Validation Indices for PLS Path Model As-
sessment. Handbook of Partial Least Squares, 4, 83-97.
https://doi.org/10.1007/978-3-540-32827-8_4

Zeller, R.A. (2005) Measurement Error, Issues and Solutions. Encyclopedia of Social
Measurement, 2, 665-676. https://doi.org/10.1016/B0-12-369398-5/00109-2

Hair, J.F., Anderson, R.E., Babin, B.J. and Black, W.C. (2010) Multivariate Data
Analysis: A Global Perspective. Pearson Education, London.

Fornell, C. and Larcker, D.F. (1981) Evaluating Structural Equation Models with
Unobservable Variables and Measurement Error. Journal of Marketing Research, 18,
39-50.

Venkatesh, V., Thong, J.Y. and Xu, X. (2012) Consumer Acceptance and Use of In-
formation Technology: Extending the Unified Theory of Acceptance and Use of Tech-
nology. MIS Quarterly, 36, 157-178. https://doi.org/10.2307/41410412

Limayem, M. and Cheung, C.M.K. (2008) Understanding Information Systems Con-
tinuance: The Case of Internet-Based Learning Technologies. Information & Man-
agement, 45, 227-232. https://doi.org/10.1016/j.im.2008.02.005

Cocosila, M. and Turel, O. (2022) Consumer Risk Perceptions in Mobile Health Ser-
vices Adoption: Do They Matter? E-Health Telecommunication Systems and Net-
works, 11, 67-84. https://doi.org/10.4236/etsn.2022.112005

DOI: 10.4236/0alib.1109851

15 Open Access Library Journal


https://doi.org/10.4236/oalib.1109851
https://doi.org/10.17705/1jais.00030
https://doi.org/10.1287/mnsc.35.8.982
https://doi.org/10.1007/978-3-540-32827-8_4
https://doi.org/10.1016/B0-12-369398-5/00109-2
https://doi.org/10.2307/41410412
https://doi.org/10.1016/j.im.2008.02.005
https://doi.org/10.4236/etsn.2022.112005

	Factors Affecting Users’ Continuance Intention toward Mobile Health: Integration of Theory of Consumption Value and Expectation Confirmation
	Abstract
	Subject Areas
	Keywords
	1. Introduction
	2. Materials and Methods
	2.1. Questionnaire Design and Measurement Instruments
	2.2. Data Collection and Analysis

	3. Results
	3.1. Survey Participant Demographic Characteristics
	3.2. Measurement Model
	3.3. Hypothesis Testing

	4. Discussion
	5. Recommendation
	6. Conclusions
	Conflicts of Interest
	References

