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Abstract 

Consumer behaviour and perceptions evolve over time and affect credit usage 
from the financial service providers. We use the 2016 FinAccess Household 
survey data of 2015 from 8665 households to examine how perceptions and 
behaviour of un(der) banked consumers can shape their dynamics towards 
credit usage. The perceptions and behaviour are based on source of financial 
advice, trust of the institutions, characteristics of the financial instrument and 
cost of credit. The multinomial logistic regression model predicts the odds of 
credit usage based on perceptions and behaviour of the consumers. The cate-
gories for the credit usage are: have credit, used to have credit and never had 
credit. Consumer perceptions and behaviour based on cost of credit and trust 
increase credit usage, while source of financial advice had minimal influence 
on credit usage. The characteristics of the financial instrument are catering to 
emergencies and being safe to use increased credit usage. The Savings and 
Credit Cooperative Organizations and microfinance are the most trusted fi-
nancial institutions by the consumers, while shylock has the highest cost of 
credit. Radio as a source of financial advice reduced credit usage. The dynamics 
of credit usage are shaped by the perceptions and behaviour of the consumers. 
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1. Introduction 

Financial inclusion is defined as the use of formal accounts and is critical in re-
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ducing poverty and increasing inclusive economic growth [1]. When individuals 
participate in the financial system, they can invest in education, manage risk, 
start and expand businesses, absorb financial shocks, increase savings and boost 
productive investments [2]. Financial inclusion increases with lower account 
costs, stronger legal rights, more politically stable environments and the proxim-
ity to financial service providers [1] [3]. The number of adults globally who have 
opened an account at a financial institution has increased with 51% having an 
account in 2011, 62% in 2014, and 69% in 2017 [4]. 

Globally, around 1.7 billion are unbanked, 56% of the unbanked are women 
and 50% of the unbanked are from 40% of the poorest households [4], while 
73% of the 1.7 billion reside in 25 countries, mostly in Asia and Africa [5]. A 
comparison of the gender shows that 72% of the men have an account compared 
with 65% of the women, which has remained unchanged since 2011 [4]. The two 
major forms of financial exclusion are voluntary and involuntary exclusion. For 
voluntary exclusion, the consumer may not be in need of the services or restric-
tions due to culture or religion. For the involuntary exclusion, the reasons could 
be due to insufficient income, high risk, discrimination, weak contract enforce-
ment, lack of information, product features or price barriers [3]. 

Financial institutions are traditionally been in the forefront to foster financial 
inclusion. The efficiency of banking institutions fosters economic development, 
facilitates financial intermediation and contributes to optimal allocation of fi-
nancial resources [6]. There has been an impressive growth in financial inclusion 
in SSA in recent years driven by growth in agent banking and mobile money 
where 43% of adults are financially included. The estimated global financial op-
portunity from the un(der) banked customers is USD 380 billion in annual rev-
enues [7]. 

There is growing consumer demand where access and usage are influenced by 
the perceptions and behaviour of the consumer due to the perceived risks, tech-
nological failure and lack of consumer protection [1]. The financial opportunity 
around the globe among the un(der) banked is approximately USD 380 billion in 
annual revenues. In SSA, 95 million adults who are un(der) banked receive cash 
payment and 65 million use semi-formal savings [7] with 57% financially ex-
cluded [7] and banks penetration being below 35% [5]. In the midst of these de-
velopments, [8] observes that trust plays a central role in financial decision 
making process where a correlation is observed between financial trust and cre-
dit usage. Trust is related to attitudes, knowledge, preferences and behaviour 
with financial trust being key factor in financial literacy and risk tolerance [8]. 
Negative perception inhibits the use of financial services and the remedy would 
be to develop health curative measures to diagnose borrower personal expe-
riences, cost and benefits of using the product or services [9]. As consumers are 
faced with information asymmetry, having multiple sources of information can 
alter their perceptions and credit usage [9]. The level of financial knowledge af-
fects risk perception as high levels of product knowledge lowers indecision and 
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even financially literate individuals exhibit behaviorial biases in financial prod-
ucts and services [10]. 

Tapping into evolving consumer behaviour, perceptions, access and trust will 
drive sustainable credit usage where 57% of adults in SSA are financially ex-
cluded [7]. The banks penetration in SSA is below 35% and approximately 80% 
of Africa's one billion population lack access to formal bank services [5]. Trust is 
crucial for the industry growth as the public has an adverse view of the financial 
systems. This study delves on the perceptions and behaviour of the consumers, 
and how they affect credit usage from the financial service providers and shape 
the dynamics of credit usage. The variables to unearth perceptions and beha-
viour are source of financial advice, trust, cost of credit and characteristics exhi-
bited by the financial instruments. 

The rest of the paper is organized as follows. Section 2 presents the literature 
review. Section 3 has the methodology, data analysis methods and the multi-
nomial logistic regression model. In section 4, we have the analysis, discussions 
and findings of credit usage and consumer perceptions and behaviour; the odds 
to currently have to never had credit and used to have to never had credit. Sec-
tion 5 is the conclusion of the study and ideas for further research. 

2. Review 

The best indicators of financial access are the number of people, firms and 
households receiving credit and using other financial products from the finan-
cial service providers. Credit demand is difficult to size but there is huge demand 
for unsecured and short-term credit at the consumer level [11] as the ability to 
access micro-credit loan promotes individual outcomes [12]. 

The FinAccess Household Survey of 2016 noted that the main reasons people 
join a group are: access to a lump sum for emergencies, daily needs, social rea-
sons, keep money safe, acquire a lump sum for investment and commitment to 
save [13]. This compares well to the financial diaries study in which it indicates 
the implications of the findings to the financial services providers as: they should 
provide products that cater to small and inconsistent incomes; offer better tools 
for managing day to day transactions and risks; assist women better leverage 
their social networks; accessibility; and services that endure and support women 
to face major life transitions [14] [15]. 

People may have access to financial services but do not use them. The relation-
ship between access and usage is complex and there are a number of contributing 
factors. Such services may be; un-affordable, fear of rejection, unsuitable to their 
needs and the service provider being unwilling to service that market segment due 
to the poor credit risk profiles [16] [17]. A study by [4] noted the reasons why 
adults remain un(der)banked, where 20% cited lack of documentation and distrust 
of the financial service providers with 66% saying they have too little money to use 
an account. [18] findings in Mexico indicate an overwhelming majority being un-
banked at 89% due to lack of enough money, 25% cited cost and distance and 
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another 25% do not have an account as a family member already has one, only 6% 
cited religious reasons. Lower barriers are reported in countries with lower ac-
count costs and greater penetration of financial service providers [1]. 

Influences of risk perceptions are unpredictable outcomes, emotional reac-
tions, uncertainty due to lack of knowledge and seriousness of the consequences. 
[19] noted that consumer behaviour observed over different products offers dif-
fering price sensitivity reactions and [20] noted that the influence is based on the 
type of financial product. The subjectivity of how risk is perceived creates un-
certainties due to lack of knowledge and consequences therein [21]. A robust re-
lationship between financial behaviour and perceptions on credit access exists 
[9] as trust forms the link in the relationship [20] [22]. Consumers are only ra-
tional to a certain extent, as perceptions and behaviour are shaped by the envi-
ronment, how it is conceptualized since no universally agreed measurement ex-
ists [21]. A borrower's experiences, costs and benefits are important to change 
financial behaviour and engender financial inclusion [9]. 

A study by [8] noted that financial trust is highly correlated with different 
forms of financial advice-seeking but causality could not be determined. Finan-
cial perception on access and usage decreased as the depth of usage deepened 
from basic to advance levels of financial services and products [9]. Risk prefe-
rences and financial decisions are sensitive to the way financial information is 
disclosed [23]. A biased risk perception is based on financial knowledge, person-
al traits and investment habits [10]. Information disclosure must be simple and 
salient to allow for greater transparency in cost and time horizon for the deci-
sion-making process. The subjectivity of risk is observed as risk may mean dif-
ferent things to different people depending on their risk dimension [10]. 

The Technology Acceptance Model (TAM) developed by Davis in 1989 has 
two constructs, the perceived ease of use and perceived usefulness of informa-
tion technology [24]. Perceived usefulness highlights the degree to which an in-
dividual believes that using a particular technology would enhance their life 
performance. Perceived ease of use indicates the degree to which a person be-
lieves that using technology would be free of effort [25]. The TAM is the most 
appropriate as compared to Theory of Planned Behaviour and Theory of Rea-
soned Action when applied in online contexts. TAM is ideal for information 
system usage based on concepts of ease of use and is more robust to cater for 
usage dynamics [25]. TAM focuses on perceptions, behaviour, convenience and 
usefulness of information technology to increase its adoption. The constant 
changes in technology create threats to existing and new business models [26]. 
This theory captures the study objective, the perceptions and behaviour of indi-
viduals towards credit usage influences the uptake of consumer credit and is af-
fected by numerous factors from financial literacy to risk perception and attitude. 

3. Multinomial Logistic Regression Model 

The data source is the 2016 FinAccess Household Survey data which is both qua-
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litative and quantitative collected collaboratively by Central Bank of Kenya, 
Kenya National Bureau of Statistics and Financial Sector Deepening in 2015. A 
total of 8665 households were interviewed during the survey on access and usage 
of financial services in Kenya [13]. The analysis on this data is to understand the 
perceptions and behaviour of consumer based on cost of loans (interest rate), 
source of advice, trust of the financial provider and the main characteristics of a 
good financial instrument (see Table 2). This is to analyze the influence of these 
consumer perceptions and behaviour on credit usage. Multinomial logistic re-
gression predicted the odds of credit usage based on the perceptions and beha-
viour of consumers.  

In the multinomial regression, 3C =  is the number of categories of the re-
sponse variable (credit usage), K is the number of categories in each explanatory 
variable and N is the set of observations. The model is generalized as 

( ) ( ) ( )
10Log

j
j j ji

i i j k kjY X X
π

α β β
π
 

= = + + 
 

               (1) 

where 1,2, 1i C= − , with C being the number of categories in the response va-
riable. 1,2, 1k K= − , with K being the number of categories in each explanatory 
variable. The 1C −  and 1K −  means that one of the categories is the refer-
ence category in the logit regression and 1, 2,j N= , being the number of ex-
planatory variables in the model. ( ) ( ) ( )

1, ,j j j
kα β β  are unknown population pa-

rameters to be estimated in the logit regression model. 
The observations iY  have a multinomial distribution with probability para-

meters: ( ) ( ) ( )0 1 1, , C
i i iπ π π − , where 1,2,i N=  and 3C = . There are 1 2, , KX X X  

explanatory variables for each of the 𝑁𝑁 set of observations. The multicollinear-
ity test (see Table 2) shows no presence of multicollinearity ( )1 1.1VIF< < . The 
correct classification of the three categories in the response variable is tabulated 
in Table 1. 

Table 1 shows the predicted classification on the three categories of credit 
usage. The categories, C = 3 are: currently have credit, used to have credit and 
never had credit, with the later as the reference category. The model correctly 
classifies 63.9% of the subjects in currently have credit with 7.8% of used to have 
credit and 57.2% of the never had credit being correctly classified. Overall, the 
success rate is 45.5% for the model to correctly classify the three categorical va-
riables. 

 
Table 1. Classification of the response variable categories. 

Observed 
Predicted 

Currently have Used to have Never had Percent Correct (%) 

Currently have 4,693,516 440,455 2,215,715 63.9 

Used to have 2,881,364 435,624 2,291,733 7.8 

Never had 2,464,030 354,886 3,771,507 57.2 

Overall Percentage (%) 51.4 6.3 42.4 45.5 
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4. Credit Usage and Consumer Perceptions and Behaviour 

The multinomial logistic regression predicted the odds of the credit usage to the 
perceptions and behaviour of the consumers. The discussion is based on Figure 
1, Table 2 and Table 3. 

In Figure 1, the first plot (source of financial advice) shows that customers 
who seek for financial advice from self or family/friends were the majority in the 
sample and had an almost equal proportion of credit usage. In the second plot 
(characteristics of financial instruments), those customers who felt a financial 
instrument is easy to access had almost equal proportions among those who 
currently have, used to have and never had credit. An instrument that helps in 
emergencies was more favored by those who currently have credit. The third 
plot (most trusted financial provider) shows that those who currently have credit 
felt that banks were the most trusted, followed by mobile money with almost 
equal proportions in the three credit usage categories. In the fourth plot (highest 
interest rate), those who currently have credit felt that banks had the highest in-
terest rates, while those who never had credit did not know which institution 
charged high interest rates. 

Table 2 shows the categories of the response variable (three categories) and 
explanatory variables each with eight categories. The reference category is the 
last category for each variable. Codes in Figure 1 and Table 3 are presented in 
Table 2. The acronyms are: SACCO—Savings and Credit Cooperative Organi-
zations; ROSCA—Rotating Savings and Credit Association; Chama—an infor-
mal cooperative society; KCB Mpesa—a financial technology company under the 
Kenya Commercial Bank; Mshwari—a Fintech under the partnership of Safaricom  

 

 
Figure 1. Credit usage against consumer perceptions and behaviour. 
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Table 2. A summary of credit usage, perceptions and behaviour of consumers.  

Variable Categories Code Percent VIF 

Credit Usage Currently have credit C-1 37.60  

Used to have credit C-2 28.70  

Never had credit C-3 33.70  

Source of financial advice Self A-1 42.00 1.011 

Friends/Family A-2 41.50  

Bank A-3 6.70  

ROSCA/Chama A-4 2.50  

SACCO A-5 1.30  

Don't Know A-6 1.30  

Radio A-7 1.50  

Others A-8 3.10  

Characteristics of 
financial instrument 

Keep most money FI-1 10.90 1.00 

Easily accessed FI-2 33.80  

Helps in Emergencies FI-3 18.00  

Most trusted FI-4 12.00  

Use most often FI-5 6.00  

Money to invest FI-6 0.80  

Safest FI-7 8.70  

Others FI-8 9.90  

Most trusted Bank T-1 40.50 1.088 

Mobile Money T-2 25.40  

SACCO T-3 8.20  

ROSCA/Chama T-4 5.00  

FinTech (Mshwari/KCB Mpesa) T-5 3.20  

Microfinance T-6 1.80  

None T-7 13.50  

Others T-8 2.60  

Provider with highest 
interest rate 

Bank IR-1 39.00 1.099 

SACCO IR-2 7.50  

Microfinance IR-3 7.30  

Informal moneylender IR-4 2.40  

Shylock IR-5 3.00  

ROSCA/chama IR-6 3.00  

FinTech (Mshwari/KCB MPesa) IR-7 3.90  

Do not know IR-8 33.70  

VIF—Variance Inflation Factor (test for multicollinearity). 

https://doi.org/10.4236/oalib.1106204


D. B. Ntwiga, A. W. Wanyonyi 
 

 

DOI: 10.4236/oalib.1106204 8 Open Access Library Journal 

 

Table 3. Parameter estimates for perceptions and behavior.  

Credit 
       95 CI for Exp(B) 

       Low Upper 

Usage Code B Std Error Wald df Sig. Exp(B) Bound Bound 

C-1 Intercept −0.049 0.005 88.763 1 0.000    

 A-1 −0.519 0.004 21,397.579 1 0.000 0.595 0.591 0.599 

 A-2 −0.733 0.004 42,765.622 1 0.000 0.481 0.477 0.484 

 A-3 −0.255 0.004 3964.079 1 0.000 0.775 0.768 0.781 

 A-4 −0.406 0.005 6894.407 1 0.000 0.666 0.660 0.673 

 A-5 0.322 0.007 2273.151 1 0.000 1.380 1.362 1.399 

 A-6 −0.264 0.006 2133.168 1 0.000 0.768 0.759 0.776 

 A-7 −1.099 0.006 38,440.638 1 0.000 0.333 0.329 0.337 

 A-8 0   0     

 FI-1 −0.233 0.002 8856.628 1 0.000 0.792 0.788 0.796 

 FI-2 −0.088 0.002 1862.271 1 0.000 0.916 0.912 0.920 

 FI-3 0.776 0.002 119,415.028 1 0.000 2.173 2.164 2.183 

 FI-4 −0.046 0.002 349.657 1 0.000 0.955 0.951 0.960 

 FI-5 0.069 0.003 600.072 1 0.000 1.072 1.066 1.078 

 FI-6 0.307 0.006 2670.406 1 0.000 1.359 1.343 1.375 

 FI-7 0.650 0.003 59,173.472 1 0.000 1.916 1.906 1.926 

 FI-8 0   0     

 T-1 0.471 0.004 17,504.794 1 0.000 1.602 1.590 1.613 

 T-2 0.238 0.004 4298.045 1 0.000 1.268 1.259 1.277 

 T-3 1.120 0.004 75,697.401 1 0.000 3.065 3.041 3.090 

 T-4 1.071 0.004 59,569.100 1 0.000 2.917 2.892 2.942 

 T-5 0.663 0.005 194,40.892 1 0.000 1.940 1.922 1.959 

 T-6 1.433 0.006 57,140.616 1 0.000 4.189 4.140 4.239 

 T-7 −0.419 0.004 12,046.329 1 0.000 0.658 0.653 0.663 

 T-8 0   0     

 IR-1 0.290 0.001 42,090.651 1 0.000 1.337 1.333 1.340 

 IR-2 −0.002 0.002 0.679 1 0.410 0.998 0.994 1.003 

 IR-3 0.544 0.002 51,720.404 1 0.000 1.723 1.715 1.731 

 IR-4 0.363 0.004 8658.865 1 0.000 1.438 1.427 1.449 

 IR-5 1.102 0.004 87,384.162 1 0.000 3.009 2.987 3.031 

 IR-6 0.368 0.003 11,236.580 1 0.000 1.445 1.435 1.455 

 IR-7 0.147 0.003 2234.262 1 0.000 1.158 1.151 1.166 

 IR-8 0   0     
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Continued 

C-2 Intercept −0.211 0.005 1521.768 1 0.000    

 A-1 −0.222 0.004 3346.568 1 0.000 0.801 0.795 0.807 

 A-2 −0.370 0.004 9313.803 1 0.000 0.691 0.685 0.696 

 A-3 −0.351 0.004 6212.264 1 0.000 0.704 0.698 0.710 

 A-4 −0.571 0.006 10,648.635 1 0.000 0.565 0.559 0.571 

 A-5 −0.048 0.008 39.275 1 0.000 0.953 0.939 0.967 

 A-6 −0.663 0.007 9488.174 1 0.000 0.515 0.509 0.522 

 A-7 −0.780 0.006 17,165.182 1 0.000 0.458 0.453 0.464 

 A-8 0   0     

 FI-1 −0.144 0.002 3375.551 1 0.000 0.866 0.862 0.870 

 FI-2 −0.135 0.002 4285.556 1 0.000 0.874 0.870 0.877 

 FI-3 0.136 0.002 3254.513 1 0.000 1.145 1.140 1.151 

 FI-4 0.125 0.002 2642.415 1 0.000 1.133 1.127 1.138 

 FI-5 −0.349 0.003 13,077.329 1 0.000 0.705 0.701 0.709 

 FI-6 −1.608 0.011 21,990.288 1 0.000 0.200 0.196 0.205 

 FI-7 0.243 0.003 7396.016 1 0.000 1.275 1.268 1.282 

 FI-8 0   0     

 T-1 0.272 0.004 5623.861 1 0.000 1.312 1.303 1.321 

 T-2 0.198 0.004 2907.096 1 0.000 1.219 1.210 1.228 

 T-3 0.529 0.004 15,444.879 1 0.000 1.697 1.683 1.711 

 T-4 0.680 0.005 22,101.973 1 0.000 1.973 1.956 1.991 

 T-5 0.609 0.005 16,076.011 1 0.000 1.838 1.821 1.855 

 T-6 0.747 0.007 13,108.097 1 0.000 2.111 2.084 2.138 

 T-7 −0.452 0.004 13,438.499 1 0.000 0.636 0.632 0.641 

 T-8 0   0     

 IR-1 0.369 0.001 62,997.894 1 0.000 1.447 1.443 1.451 

 IR-2 0.046 0.002 356.299 1 0.000 1.047 1.042 1.052 

 IR-3 0.288 0.003 12,249.371 1 0.000 1.334 1.327 1.340 

 IR-4 0.468 0.004 13,529.699 1 0.000 1.596 1.584 1.609 

 IR-5 0.521 0.004 15,213.678 1 0.000 1.684 1.670 1.698 

 IR-6 0.469 0.004 17,717.543 1 0.000 1.598 1.587 1.609 

 IR-7 0.417 0.003 18,264.884 1 0.000 1.517 1.508 1.526 

 IR-8 0   0     

The reference category is: Never had credit or code C-3. 
 

Kenya (telecommunication company) and the Kenya Commercial Bank. 
The output in Table 3 shows the parameter estimates of the multinomial lo-

gistic regression of the perceptions and behaviour of the consumers against the 
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credit usage. The perceptions and behaviour are measured using source of ad-
vice, characteristics of the most important financial instruments, most trusted 
financial provider and the financial institutions with the highest interest rates. 
The credit usage is categorized as: currently have credit, used to have credit and 
never had credit. 

4.1. Currently Have Credit Relative to Never Had Credit 

The multinomial logit estimate for currently have credit relative to never had 
credit for the perceptions and behaviour of the consumers is presented based on 
Table 3 with the abbreviations extracted from Table 2. 

4.1.1. Source of Financial Advice 
The consumers had varied sources of financial advice. For those who sort finan-
cial advice from different sources relative to other sources, the relative risk for 
currently have credit to never had credit would be expected to decrease (That is, 
advice from self, friends/family, bank, ROSCA/chama, who did not know their 
source of advice and radio as a source of advice relative to other sources of ad-
vice is 0.595, 0.481, 0.775, 0.666, 0.768, 0.333 respectively). The other variables in 
the model are held constant (logit for self, friends/family, bank, ROSCA/chama, 
no known advice source and radio relative to other sources is −0.519, −0.733, 
−0.255, −0.406, −0.264 and −1.099 respectively). That is, consumers whose 
source of financial advice is from themselves, friends/family, ROSCA/ chama, 
bank, radio and those without any source of advice are less likely than those with 
other sources of advice to currently have credit relative to never had credit. 

For SACCO as source of financial advice relative to other sources, the relative 
risk for currently have to never had credit would be expected to increase by a 
factor of 1.380 and the logit is 0.322. That is, SACCO as source of advice in-
creases the chances of currently having credit relative to never had credit. Since 
(p < 0.001), the difference between these sources of financial advice and other 
sources of financial advice has been found to be statistically different for cur-
rently have to never had credit given the other perceptions and behaviour of the 
consumers in the model. Therefore, advice from SACCO increased the chances 
of currently have credit to never had credit while advice from self, family, 
friends, bank, chama and radio decreased the chances of having credit. 

4.1.2. Characteristics of Financial Instruments 
The characteristics of the financial instruments to keep most of money, easy to 
access and most trusted relative to other characteristics, the relative risk for cur-
rently have credit to never had credit would be expected to decrease by a factor 
of 0.792, 0.916 and 0.955 respectively. This given the other variables in the model 
being held constant (logit for keep most money, easily accessed and most trusted 
relative to other characteristics is −0.233, −0.088 and −0.046 respectively). 

The characteristics of the financial instruments to help in emergencies, use 
most often, money to invest and safe relative to other characteristics, the relative 
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risk for currently have credit to never had credit would be expected to increase 
by a factor of 2.173, 1.072, 1.359 and 1.916 respectively; given that the other va-
riables in the model being held constant (logit for help in emergencies), use most 
often, money to invest and safe relative to other characteristics is 0.776, 0.069, 
0.307 and 0.650 respectively. 

Since p < 0.001, the difference between these characteristics of financial in-
struments and other characteristics has been found to be statistically different 
for currently have to never had credit given the other perceptions and behaviour 
of the consumers in the model. Therefore, if an instrument keeps most of mon-
ey, is easy to access money and most trusted, it reduced the chances of currently 
having credit relative to never had credit. If the instrument help in emergencies, 
used most often, offers money to invest and safe increased the chances of cur-
rently have credit relative to never had credit. 

4.1.3. Most Trusted 
The most trusted sources of finance (Microfinance, SACCO, chama, Fintech, 
bank and mobile money) relative to other sources, the relative risk for currently 
have credit to never had credit would be expected to increase by a factor of 
4.189, 3.065, 2.917, 1.940, 1.602 and 1.268 respectively; given the other variables 
in the model are held constant. The logit for most trusted source of finance (Mi-
crofinance, SACCO, chama, Fintech, bank and mobile money) relative to other 
trusted sources is 1.433, 1.120, 1.071, 0.663, 0.471 and 0.238 respectively. 

Since (p < 0.001), the difference between the most trusted sources of finance 
and other sources has been found to be statistically different for currently have 
to never had credit given the other perceptions and behaviour of the consumers 
in the model. Therefore, trust of the sources of finance increases current credit 
usage relative to never had credit. The most trusted is microfinance, then 
SACCO, Chama, Fintech (Mshwari/KCB Mpesa), bank and the least trusted is 
mobile money. 

4.1.4. Provider with Highest Interest Rate 
The provider with the highest interest rate (or cost of credit) relative to those 
who did not know who charges the highest interest rate, the relative risk for cur-
rently have credit to never had credit would be expected to increase. The respec-
tive increase are by a factor of 3.009, 1.723, 1.445, 1.438, 1.337 and 1.158 for 
shylock, microfinance, Chama, informal money lenders, banks and Fintech 
(Mshwari/KCB Mpesa). This is given that the other variables in the model are held 
constant. The logit for providers with the highest interest rate for the shylock, mi-
crofinance, Chama, informal money lenders, banks and Fintech (Mshwari/KCB 
Mpesa) is 1.102, 0.544, 0.368, 0.363, 0.290 and 0.147 respectively. 

Since (p < 0.001), the difference between the provider interest rate and interest 
rates from other sources has been found to be statistically different for currently 
have to never had credit given the other perceptions and behaviour of the con-
sumers in the model. Therefore, consumers borrow from shylock, chama, mi-
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crofinance, bank, informal lenders and Fintech even though they are aware of 
the high interest rates they charge. 

The four variables of the study indicate that the characteristics of financial in-
strument and source of financial advice decrease the chances of currently having 
credit while trust and cost of credit increase the chances of currently having cre-
dit. Customers care less on advice sources and characteristics of the financial in-
strument but very keen on how much they trust the provider and the cost of 
credit from the providers. 

4.2. Used to Have Credit Relative to Never Had Credit 

The multinomial logit estimate for used to have credit relative to never had cre-
dit for the perceptions and behaviour of the consumers is presented based on 
Table 3 with the abbreviations extracted from Table 2. 

4.2.1. Source of Financial Advice 
The consumers had varied sources of financial advice. For those who sort finan-
cial advice from different sources relative to other sources, the relative risk for 
currently have credit to never had credit would be expected to decrease (That is, 
advice from self, friends/family, bank, ROSCA/chama, SACCO, unknown source 
of advice and radio as a source of advice relative to other sources of advice is 
0.801, 0.691, 0.704, 0.565, 0.953, 0.515 and 0.458 respectively). The other va-
riables in the model are held constant (logit for self, friends/family, bank, 
ROSCA/chama, no known advice source and radio relative to other sources is 
−0.222, −0.370, −0.351, −0.571, −0.048, −0.663, and−0.780 respectively). That is, 
consumers whose source of financial advice is self, friends/family, bank, 
ROSCA/chama, SACCO, unknown and radio are less likely than those with oth-
er sources of advice to have had credit relative to never had credit. 

Since (p < 0.001), the difference between these sources of financial advice and 
other sources of financial advice has been found to be statistically different for 
used to have had credit given the other perceptions and behaviour of the con-
sumers in the model. Therefore, irrespective of the source of advice, there is a 
decrease of chances of a consumer to have had credit previously. 

4.2.2. Characteristics of Financial Instruments 
The characteristics of the financial instruments to keep most of money, easy to 
access, use most often and provide money to invest relative to other characteris-
tics, the relative risk for used to have credit to never had credit would be ex-
pected to decrease by a factor of 0.866, 0.874, 0.705 and 0.200 respectively; given 
the other variables in the model being held constant (logit for keep most money, 
easily accessed, use most often and money to invest relative to other characteris-
tics is −0.144, −0.135, −0.349 and −1.608 respectively. 

The characteristics of the financial instruments to help in emergencies, most 
trusted and safe relative to other characteristics, the relative risk for used to have 
credit to never had credit would be expected to increase by a factor of 1.145, 1.133 
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and 1.275 respectively; given that the other variables in the model being held con-
stant (logit for help in emergencies, use most often, money to invest and safe rela-
tive to other characteristics is 0.136, 0.125 and 0.243 respectively. Since p < 0.001, 
the difference between these characteristics of financial instruments and other cha-
racteristics has been found to be statistically different for currently have to never 
had credit given the other perceptions and behaviour of the consumers in the mod-
el. Therefore, the characteristics of financial instrument that influence a customer 
to never have credit is ability to keep most of the money and ease of access. 

4.2.3. Most Trusted 
The most trusted sources of finance (bank, mobile money, SACCO, chama, Fin-
tech and microfinance) relative to other sources, the relative risk for used to 
have credit to never had credit would be expected to increase by a factor of 
1.312, 1.219, 1.697, 1.973, 1.838 and 2.111 respectively; given the other variables 
in the model are held constant. The logit for most trusted source of finance 
(bank, mobile money, SACCO, chama, Fintech and microfinance) relative to 
other trusted sources is 0.272, 0.198, 0.529, 0.680, 0.609 and 0.747 respectively. 

Since (p < 0.001), the difference between the most trusted sources of finance 
and other sources has been found to be statistically different for used to have to 
never had credit given the other perceptions and behaviour of the consumers in 
the model. Therefore, trust of the sources of finance increases the chances to 
have ever had credit relative to never had credit. Trust is important to increase 
chances of credit usage. 

4.2.4. Provider with Highest Interest Rate 
The provider with the highest interest rate (or cost of credit) relative to those who 
did not know who charges the highest interest rate, the relative risk for used to 
have credit to never had credit would be expected to increase. The respective in-
crease are by a factor of 1.447, 1.047, 1.334, 1.596, 1.684, 1.598 and 1.517 for bank, 
SACCO, microfinance, informal money lender, shylock, chama and Fintech 
(Mshwari/KCB Mpesa). This is given that the other variables in the model are held 
constant. The logit for providers with the highest interest rate for bank, SACCO, 
microfinance, informal money lenders, shylock, chama and Fintech (Mshwa-
ri/KCB Mpesa) is 0.369, 0.046, 0.288, 0.468, 0.521, 0.469 and 0.417 respectively. 

Since (p < 0.001), the difference between the provider interest rate and interest 
rates from other sources has been found to be statistically different for used to 
have to never had credit given the other perceptions and behaviour of the con-
sumers in the model. Therefore, the cost of credit reduced the chances of a con-
sumer to never have had credit. 

4.3. Summary 

The source of financial advice differs from currently have relative to never had 
credit and used to have relative to never had credit. Radio as a source of advice 
increase chances of never using credit and SACCO advice increases the chances 
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of credit usage. The categories in the source of financial advice tend to decrease 
credit usage. 

The characteristics of financial instruments chances of decreasing or increas-
ing credit usage tend to change based on if the reference is current or past credit 
usage. The ability to keep most money and ease of access decreased chances of 
credit usage while helping in emergencies and safety of the money increased 
credit usage. 

Trust of the financial institution and cost of credit relative to those not sure 
about trust and cost of credit increased chances of credit usage. That is, con-
sumers aware about trust and cost of credit are better placed to use credit as op-
posed to those not sure about these factors. 

5. Conclusions 

The source of financial advice increased the chances of a consumer to have never 
taken credit. A SACCO member had an increase in the chances of currently 
having credit. Majority of the respondents make their own financial decisions or 
seek advice from friends and family members. The key characteristics of finan-
cial instruments are ease of access, to help in emergencies and trust. The odds of 
currently have credit to never had credit increased in the financial instrument 
helps during emergencies, provides money to invest, safe to use and is frequently 
used. A decrease in current use of credit is observed if the instrument keeps most 
money, easy to access and trusted. The odds of used to have credit to never had 
credit increased if the financial instrument helps during emergencies, the in-
strument is trusted and safe. If the financial instrument helps to keep money, 
ease of access to funds, provides money to invest and used most often decreased 
the odds of current to have credit to never had credit. The most trusted institu-
tions are banks and mobile money. Trust of financial institution decreased the 
chances of a consumer to never have had credit. Banks are the providers with the 
highest cost of credit but in general, the perception on cost of credit increased 
the chances to have credit, both at present and in the past. 

SACCOs are the most preferred mode of accessing financial services as they 
are more trusted, offer reliable source of financial advice and lower cost of credit 
as compared to other financial service providers. The change in demographics 
has tilted the perceptions and behaviour of consumers toward credit usage from 
the financial service providers. On the limitations of this paper, most of the data 
is qualitative, thus limiting the ability to perform other statistical analysis. Fur-
ther research can analyze the relationship between credit usage and credit access 
from the 2016 FinAccess Household survey as this data set is rich and deep on fi-
nancial usage and access, covering knowledge, perceptions, behaviour and under-
standing of financial services and products. 
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