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Abstract
Social Q&A community provides a new way for users to acquire, exchange
and share information, so it is of great significance to study user’s knowledge
sharing behavior in social Q&A community. Based on the theory of social
exchange, this paper takes Zhihu community as the research object, analyzes
the factors that affect user’s knowledge sharing behavior in the social Q&A
community, and conducts quantitative research through negative binomial
regression. The results show that in Zhihu community, self-display, user recognition, social learning and other dimensions have a significant positive
impact on user’s knowledge sharing behavior, but the degree of impact is different. Finally, according to the empirical results, the paper puts forward relevant suggestions and measures to better promote user’s knowledge sharing
behavior.
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1. Introduction
With the rapid development of network technology, the Internet application
model has undergone major changes, from the Web 1.0 era in which users get
access to information of web portals through browsers to the Web 2.0 era in
which users are both network visitors and content creators. Knowledge tends to
be diversified and fragmented. In many applications of Web 2.0, social Q&A
community has become a way for users to get, communicate and share information, which has a profound impact on people’s lifestyle. Social Q&A refers to an
online service where users present their information needs in the form of natural
language and respond to others, while a social Q&A community refers to an online site that provides such services, which has the characteristics of social media,
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social networking sites, and knowledge management system, etc. In the social
Q&A community, users can search for information and knowledge they need,
answer questions, express opinions, transform information into knowledge, and
thus making users establish social relationships by gathering information.
The social Q&A community is an important platform for studying the behavior of user information. Both research and practice have shown that the number of users of social Q&A community has grown rapidly in recent years, such as
Quora in the United States and China’s Zhihu. Therefore, what factors are driving users to share knowledge in the social Q&A community? That is, why would
community users spend time and energy sharing knowledge with others without
any guarantee of immediate financial return? What factors can effectively promote users to actively share knowledge with others in the social Q&A community? The discussion of this issue will help to reveal the influence mechanism of
user behaviors of social Q&A communities, thus promoting the sustainable development of social Q&A community.
This paper will take Zhihu, China’s largest social Q&A community, as a research object to conduct an in-depth research on this issue. Founded in 2010, the
number of Zhihu users was over 220 million, the number of questions exceeded
30 million, and the number of answers exceeded 130 million as of the end of
November 2018 (Chinairn.com, 2018). Zhihu provides a high-quality knowledge
sharing platform that allows users to give professional and serious answers when
they see problems with the desire to share. In this process, they have gained respect from other users in the community through approval, gratitude, comments, and direct messages, becoming cyber stars or opinion leaders in the professional field and become self-actualized. These factors all increase the willingness of users to share and stimulate their knowledge sharing behavior. This paper will focus on the following two aspects: What factors affect the knowledge
sharing behavior of Zhihu users? How do these factors interact with each other?
The research will deepen our understanding of knowledge sharing behavior and
its causes of the social Q&A community users, and help the social Q&A community improve the design and further promote the users’ knowledge sharing
behavior.
The structure of the paper is as follows: the second part combs the theory used
in the research of social Q & a community users’ behavior, and proposes that
this study will be based on social exchange theory; the third part puts forward
the theoretical framework and research hypothesis of this study; the fourth part
will take Zhihu as an example, obtain relevant data through web crawler technology, and use negative binomial regression to test hypothesis; the fifth part is
to raise the conclusion and suggestions, and also discuss the innovation, limitations and future prospects of this study.

2. Literature Review
Knowledge sharing is one of the important issues in the field of knowledge
management research, and has been widely concerned by people. After reviewDOI: 10.4236/jssm.2020.134043
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ing relevant literatures, it can be found that with the development of economy
and society, organizational structure and ways of cooperation among members
are changing, influencing factors of knowledge sharing are gradually becoming
diversified and complicated, and relevant studies are evolving with the change of
times. On the basis of analyzing the characteristics of the social Q&A community, scholars at home and abroad have applied different theories to discuss user
behavior in the social Q&A community, such as social capital theory, social cognitive theory, perceived value theory, social exchange theory, and theory of motivation, etc.
Based on the theory of social capital, Hsu et al. (2011) studies the knowledge
sharing behavior of online community users from the perspectives of structural,
relational and cognitive dimensions of social capital. The results show that the
interaction of social capital and shared vision can increase the trust among users,
and trust can effectively promote the generation of knowledge sharing behavior.
Sun et al. (2012) found that the cognitive dimension of social capital had a positive impact on users’ knowledge sharing behavior. According to Lin et al. (2017),
the dimension of social capital structure is significantly positively correlated with
the quality of knowledge sharing, but not significantly correlated with the quantity of knowledge sharing; the cognitive dimension displayed significantly positive correlations with the quality and quantity of knowledge sharing. Some scholars believe that the three dimensions of social capital have a great positive impact on the quality and quantity of knowledge sharing (Cao & Gu, 2018; Wartburg, Rost, & Teichert, 2006; Kang et al., 2011; Ye, Xing, & Kapre, 2017). Most of
these studies are based on questionnaires for empirical analysis.
Some scholars also study the influence of cognition on knowledge sharing
behavior based on social cognitive theory, mainly from self-efficacy and outcome expectations. Papadopoulos et al. (2013) found that knowledge sharing
self-efficacy has a positive impact on the willingness to share knowledge. Jin et
al. (2013) explained the impact of user satisfaction and self-efficacy on their willingness to share knowledge from a theoretical and empirical perspective, and
pointed out that there is a significant positive relationship between self-efficacy
and satisfaction. He and Guo (2016) analyzed the impact of outcome expectations and environmental factors on knowledge sharing in mobile communities,
and concluded that outcome expectations are important influencing factors and
mediate between environmental factors and behaviors. Luo et al. (2014) and Hua
et al. (2019) had published similar studies. These studies also conduct empirical
analysis based on questionnaires.
In recent years, scholars have widely used perceived value in the study of
knowledge sharing behavior of online community users. Previous studies divide
the value perception of user knowledge sharing into practical value, sentimental
value, social value and altruistic value. The research of Wolf et al. (2011) shows
that perceived benefits and expected return promote users’ knowledge sharing to
a large extent. Jeong (2012) took social Q&A community as the research object,
and found that compared with other factors, the fun obtained in the process of
DOI: 10.4236/jssm.2020.134043
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knowledge sharing has a stronger influence on the behavior of knowledge sharing. Lou et al. (2013) argue that the rewards of the reputation system of online
Q&A communities could affect the amount of knowledge sharing, but have no
significant impact on quality. Other studies have undertaken similar research
(Chiu, Hsu, & Wang, 2006; Rafaeli, Raban, & Ravid, 2007; Kim & Oh, 2009;
Alam et al., 2017).
Some scholars believe that the behavior of users’ sharing knowledge in online
communities is similar to the logic of social exchange in reality. According to
Kankanhalli et al. (2005), knowledge contributors can not only derive some new
value from the information they provide, but also get some remuneration from
others. Based on the social exchange theory, Zhang (2015) confirms that psychological rewards, altruism and other factors have a significant positive impact
on the social Q&A community’s willingness to share knowledge. Some scholars
believe that users’ self-expression degree, peer recognition, and social learning
have a significant positive impact on the quantity of knowledge contribution
(Choi & Shah, 2006; Gupta & Kim, 2007; Jin et al., 2015; Khansa et al., 2015; Xu
& Zhang, 2018).
From the existing literature, based on the social capital theory and social cognitive theory, the social Q&A community’s knowledge sharing behavior is studied mainly through questionnaire survey, and the impact of social Q&A community on knowledge sharing is analyzed using psychological scale. The practice
ignores the effects of the actual behavior characteristics of users in the online
community (such as the actual number of questions asked by users, the adoption
rate of answers, and comments of netizens). Based on the social exchange theory,
the study on the knowledge sharing behavior of social Q&A communities starts
from the user data provided by the platform. Therefore, this paper will study the
knowledge sharing behavior of the largest social Q&A community in China
based on social exchange theory, hoping to add necessary supplement to existing
research.

3. Theoretical Model and Research Hypothesis
In the social Q&A community, users discover and produce knowledge by focusing on problems, topics, and users, and gradually establish social relationships
with other users in the community through knowledge sharing to form a socialized community. Based on the existing literature, this paper will construct the
knowledge sharing behavior model of users in the social Q&A community from
the three aspects of self-presentation, user recognition and social learning, and
analyze the impact of various factors on the knowledge sharing behavior. The
model constructed is shown in Figure 1. Based on the established model, this
paper will present the corresponding theoretical assumptions.

3.1. Users’ Self-Presentation and Knowledge Sharing Behavior
For individuals, “who am I” and “what do I do” are the factors that make up
their personal image, which is the key to distinguish them from others.
DOI: 10.4236/jssm.2020.134043
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Figure 1. Model of knowledge sharing behavior of users in social Q&A community.

Self-presentation, also known as self-display, refers to the efforts made by individuals to express and show their own image to others when they start to associate with others, so as to reach mutual understanding with others (Golder &
Donath, 2004). Self-presentation information mainly includes the users’ personality, experience, and identity, etc. In social media, users habitually use information about others’ self-presentation on the website to infer their status, hobbies and behavior. Kim and Lee (2011) believe that self-presentation could help
them obtain more perceived social support and thus finding more happiness.
Building a virtual online personal identity not only enhances confidence and
reputation, but also amplifies the likelihood of expected returns (Din & Yang,
2016). These studies show that self-presentation is one of the important factors
for users to participate in online community for knowledge sharing. On the
Zhihu platform, there are many ways to display oneself by uploading head portraits, editing personal information, and posting live updates, etc. The users’ willingness to self-display is likely to affect the willingness to share knowledge.
Therefore, this paper proposes the following assumptions:
H1: The willingness to self-display has a significant positive impact on the
knowledge sharing behavior of users in the social Q&A communities.

3.2. Users’ Recognition and Knowledge Sharing Behavior
Social exchange theory believes that users’ behavior is determined by perceived
income and perceived cost. Revenue mainly refers to tangible rewards such as
respect and reputation. Cost refers to time, money, physical strength and spiritual cost. When the perceived income is greater than the perceived cost, users
will participate in knowledge sharing. Therefore, the fundamental driving force
for users’ knowledge sharing is the expected gains in the process of knowledge
sharing. In the community, users’ knowledge sharing is recognized by other users as intrinsic rewards, which in turn encourage them to share more knowledge.
Such a positive feedback cycle can promote the users’ future knowledge sharing
behavior (Yao, Tsai, & Fang, 2015). On the online Q&A platform such as Zhihu,
the users’ approval can be seen from gratitude account and favorite count. The
more the number of acquisitions, the more users can be recognized, and the
stronger willingness of the knowledge sharing behavior.
DOI: 10.4236/jssm.2020.134043
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Therefore, the following assumptions are made:
H2a: Approval count has a significant positive impact on the knowledge sharing behavior of users in the social Q&A communities.
H2b: Gratitude count has a significant positive impact on the knowledge
sharing behavior of users in the social Q&A communities.
H2c: Favorite count has a significant positive impact on the knowledge sharing behavior of users in the social Q&A communities.

3.3. Users’ Social Learning and Knowledge Sharing Behavior
According to social cognition theory, the behavior of social members is shaped
and constrained by their own cognition and social network. According to social
learning theory, many behaviors of social members are learned in the process of
observing others’ behaviors and determining the external results of behaviors, so
the influence of social members on other members’ behavior changes can be explained by social learning theory (Anderson, Winett, & Wojcik, 2007; Porter &
Donthu, 2008). In the social Q&A community, many behaviors of users are
learned in the process of observing the behavior of others and determining the
external outcomes of behaviors. Therefore, social learning also reflects the behavioral changes of users to other users (Zhou & Wang, 2016). In the social Q&A
community, community users can better predict the outcome expectations of
their knowledge sharing behavior through social learning, thus affecting their
willingness to share knowledge. On the Q&A platform like Zhihu, social learning
can be seen from the number of followers, topics, columns, and questions. The
more attention received, the richer the social learning, and more users are willing to share knowledge.
Therefore, the following assumptions are made:
H3a: The number of followers has a significant positive impact on the knowledge sharing behavior of users in the social Q&A communities.
H3b: The number of following topics has a significant positive impact on the
knowledge sharing behavior of users in the social Q&A communities.
H3c: The number of following Column has a significant positive impact on
the knowledge sharing behavior of users in the social Q&A communities.
H3d: The number of following questions has a significant positive impact on
the knowledge sharing behavior of users in the social Q&A communities.
Based on the user behavior data provided by the platform, the paper obtains the
actual behavior characteristics of users in the social Q & A community through
web crawler technology, and quantifies the behavior of self-presentation, user
recognition, social learning and user knowledge sharing behavior in the theoretical
model, and finally verifies the hypothesis through negative binomial regression.

4. Empirical Test
4.1. Variable Definition
Zhihu is a well-known social Q&A community in China. It is a very representative window to understand China’s emerging middle class and influential people.
DOI: 10.4236/jssm.2020.134043
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There are two types of information about user’s profile page: personal information and Zhihu community participation information. Personal information includes personal portrait, profile, gender, residence, career experience, education
experience, etc. Although users are encouraged to improve their information,
this is not necessary. Zhihu community participation information includes all user
behavior information, including the number of questions, answers, co-editing,
approval count, following topics, following columns and other information.
This paper chooses the platform as a source of users’ knowledge-sharing
data. The author crawled user data from Zhihu as of October 31, 2018, totaling
100,000 items. The data includes: users’ place of residence, users’ professional
history, education experience, resume, approval account, gratitude account, favorite account, number of co-editing, number of answers, number of questions
asked, follower account, number of following topics, number of following columns, and number of following questions.
By sorting out the existing data, it is found that the personal identity attributes
of the Zhihu users are: users’ place of residence, users’ professional history, users’ education experience, users’ resume, all of which are optional, and the user
gets 1 point for each identity attribute. If four identity attributes are filled in, it is
4 points. If no identity attribute is filled in, it is 0 points. In terms of user recognition, it is mainly measured from approval count, gratitude count, and favorite
count. In terms of social learning, it is mainly measured from the number of followers, topics, columns, and questions. For the knowledge sharing behavior, the
number of co-edits, answers and questions are added as the data to measure the
knowledge sharing behavior.
Table 1 is a list of variables that reflect the measured items, measured variables, and interpretations in this study.

4.2. Data Analysis
Table 2 is a descriptive statistics list of variables including variable name, sample
size, mean value, standard deviation, minimum value, and maximum value. As
can be seen from Table 2, among the eight independent variables, the mean of
approval count is the biggest, the mean of following Column count is the smallest, the standard deviation of favorited count and follower count are relatively
high. For dependent variable of knowledge sharing behavior, the mean is 93.12,
the min is 0 and the max is 152,133.
The distribution of the knowledge sharing behavior is listed in Table 3. The
value of knowledge sharing behavior is mainly concentrated in 0 - 10, with a total of 45.6%, and 45.4% concentrated in 11 - 150. There are few users whose
knowledge sharing behavior exceeds 150. According to the distribution of knowledge sharing behavior, it can be seen that the distribution of knowledge sharing
behavior does not conform to the normal distribution, thus the linear regression
cannot be used. Since the dependent variable knowledge sharing behavior is a
counting variable, the variable of non-negative integer value. At least a part of
the values is 0, therefore, a count-based model is considered.
DOI: 10.4236/jssm.2020.134043
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Table 1. List of variables.
Measured items

Measured variables

Interpretations

Self-presentation

Identity

Score of self-presentation

Approval Count

Approval number

Gratitude Count

Gratitude number

Favorite Count

Favorite number

Follower Count

Number of followers

Following Topic Count

Number of Following topics

Following Column Count

Number of Following columns

Following Question Count

Number of Following questions

Knowledge Sharing Behavior

Number of co-editing + Number of answers +
Number of questions asked

User recognition

Social learning

Knowledge sharing
behavior

Table 2. Descriptive statistics of variables.
Variable name

Sample size

Mean value

SD

Min.

Max.

Identity

100,000

1.28

1.26

0

4

Approval Count

100,000

9877.05

9999.74

0

29,999

Gratitude Count

100,000

706.24

5004.94

0

362,156

Favorited Count

100,000

2266.55

18,869.23

0

1,484,682

Follower Count

100,000

1577.72

14,458.44

0

1,053,750

Following Topic Count

100,000

42.03

117.26

0

7977

Following Column Count

100,000

10.98

39.02

0

2474

Following Question Count

100,000

239.91

1791.06

0

471,470

knowledge sharing behavior 100,000

93.12

955.56

0

152,133

Table 3. Frequency of variables of knowledge sharing behavior.

DOI: 10.4236/jssm.2020.134043

No.

Frequence

Percentage

Cumulative percentage%

0

12,914

12.9

12.9

1

6667

6.7

19.6

2

4887

4.9

24.5

3

3862

3.9

28.3

4

3268

3.3

31.6

5

2946

2.9

34.5

6

2629

2.6

37.2

7

2445

2.4

39.6

8

2168

2.2

41.8

9

1961

2.0

43.7

10

1822

1.8

45.6

11 - 150

45,417

45.4

91.0

More than 150

9014

9

100.0

695

Journal of Service Science and Management

S. L. Gao et al.

The basic count-based model is the Poisson regression model, which assumes
that the distribution of the dependent variable is the Poisson distribution, that is,
the mean is equal to the standard deviation. As seen in Table 2, the mean value
of the knowledge sharing behavior is 93.12, and the standard deviation is 955.56.
The mean value is not equal to the standard deviation. Obviously, the Poisson
model is not suitable for this over-discrete problem. Therefore, negative binomial regression model will be used in data analysis.
It can be seen from the above statistical analysis that the distribution of the
original data is highly skewed, so all variables will be logarithmic in the process
of data analysis. Because some original data is zero, we will add 1 to the data
and do logarithmic processing according to the relevant literature. The results
are shown in Table 4.
It can be seen from Table 4 that the identity variable has a significant positive
influence on the knowledge sharing behavior (coef. = 0.2591, p-value < 0.01);
approval count has a significant positive influence on the knowledge sharing
behavior (coef. = 0.1205, p-value < 0.01); gratitude count, favorite count, follower count, following topic count, following column count, following question are
also have the significant positive effect on the knowledge sharing behavior.
Among them, the number of concerns has the greatest impact on knowledge
sharing behavior, followed by identity, while favorite count has the least impact
on knowledge sharing behavior.
In conclusion, hypothesis H1 explores whether the willingness of self-presentation has an impact on the knowledge sharing behavior of users on the social
Q&A platform. Analysis results show that the identity variable has a significant
positive impact on the knowledge sharing behavior, so this hypothesis is supported. The significant positive impact of the identity variable indicates that when
users show more personal information in the social Q&A community, they are
more willing to share their knowledge in the community. Therefore, hypothesis
H1 is supported.
Table 4. Analysis result of negative binomial regression.
Ln_Knowledge Sharing

Coef.

Std. Err

ln_Indentity

0.2591**

0.0062

ln_Approval Count

0.1205**

0.0022

Ln_GratitudeCount

0.2929**

0.0039

ln_FavoriteCount

0.0166**

0.0036

ln_Follower Count

0.0953**

0.0032

ln_FollowingTopic Count

0.0349**

0.0031

ln_FollowingColumn Count

0.1424**

0.0031

ln_FollowingQuestion Count

0.3566**

0.0034

_cons

−0.7889**

Wald Chi2

0.0055
7848.27

Pesudo R2

0.1260

Number of Obs

100,000

a. * p < 0.05, ** p < 0.01.
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Hypotheses H2a and H2b explore whether users’ approval has an impact on
the knowledge sharing behavior of users on the social Q&A platform. The analysis results show that the approval count, gratitude count and favorite count all
have a significant positive impact on the knowledge sharing behavior, indicating
that the more approval, gratitude and collection obtained in the social Q&A
community, the more they are willing to share their knowledge with other users.
Therefore, H2a, H2b, and H2c are supported.
Hypotheses H3a, H3b, H3c, and H3d explore whether social learning has an
impact on the knowledge sharing behavior of users on the social Q&A platform.
The analysis results show that the follower count, following topic count, following column count and following question count of the social learning have a significant positive impact on the knowledge sharing behavior, indicating that when
the users are willing to conduct more social learning in different ways in the
social Q&A community, it is more likely to stimulate their thoughts and share
knowledge with other users in the community. Therefore, the assumptions H3a,
H3b, H3c and H3d are supported.

5. Conclusion and Suggestions
5.1. Conclusion
This paper explores the influence of social Q&A community users’ self-presentation, user recognition, and social learning on users’ knowledge sharing behavior. The following conclusions are drawn from this study.
The willingness of self-presentation has a significant positive impact on the
knowledge sharing behavior of users in the social Q&A community. This study
measures the users’ self-presentation willingness according to the degree of personal information displayed. It demonstrates that the richer the personal information, the stronger the self-presentation willingness, and thus promoting the
users’ knowledge sharing behavior on the Zhihu platform. As far as user recognition is concerned, the number of gratitude and collection won by the users can
promote the users’ knowledge sharing in the social Q&A community. When a
user receives gratitude and collection, it means that other users have affirmed him,
this move has greatly stimulated the user to continue to shares his knowledge on
Zhihu. Social learning has a significant positive impact on the knowledge sharing behavior of users in the social Q&A community. In the community, social
learning can be carried out in daily communication. Through learning, users can
be more willing to share personal opinions. While sharing, other users can also
implement social learning, which is a virtuous circle. It can be seen that the users’ social learning greatly promotes the users’ knowledge sharing behavior on
the Zhihu platform.

5.2. Suggestions
Zhihu users accumulate social recognition mainly through Q & A. even the ordinary people can obtain good social recognition as long as they continuously
DOI: 10.4236/jssm.2020.134043
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share high-quality knowledge content. But in the survey, we found that a small
number of users communicate in the social Q&A community with the attitude
of answering doubts and helping each other, and a large part of users are for the
purpose of leisure time and browsing aimlessly, and they are more inclined to
browse webpage rather than answer questions in the community. Combined with
the conclusions of the study, in order to promote users in social Q&A community, this paper puts forward following suggestions:
First of all, Zhihu should build a high-quality Q&A community to build trust
relationship among users and help users share knowledge more fully. Knowledge
sharing behavior is based on mutual communication. Social Q&A community
operators should not only consider the realization of users’ self-interest, but also
consider how to help users realize their altruistic interests. By setting up the corresponding incentive mechanism, users are encouraged to create activities and
participate in activities, so as to fully realize the altruistic interests of users. In
this way, community can build a strong relationship network and reduce the resistance of knowledge sharing.
Second, the social Q&A community can encourage users to register by real
name through mobile phone number, ID card, education background, etc., so as
to make the community environment more authentic and credible, and make
users feel that they can trust each other. Once users perceive information security, more users will be willing to share with each other and enhance their desire
for knowledge sharing.
Finally, Q&A community can regularly invite experts and professors in various fields to conduct online lectures, knowledge lectures or award-winning answering activities in the community. Community can also invite the event parties,
specific companies, products, etc. to take part in Q&A activities, so as to provide
more objective and real answers from the first perspective. In addition, for those
who have worked in a certain field for many years, but have not yet reached the
level of experts, they should be also actively encouraged to take part in community Q&A, which is a key link to improve their knowledge and activity. Such
groups will strive to participate in knowledge sharing activities in order to gain
more social recognition and promote to a higher level.

5.3. Research Contributions
Based on the theory of social exchange, the paper studies the knowledge sharing
behavior of the largest social Q&A community in China, and constructs a knowledge sharing behavior model of users from three aspects. The paper reveals the
influence and interaction of various factors on knowledge sharing behavior,
enriches the existing literatures of knowledge sharing behavior of users in social
Q&A community.
Different from the way of obtaining data from the questionnaire, the paper
uses web crawler technology to obtain the actual behavior characteristics of users
in the social Q&A community, and combines the theoretical model with negaDOI: 10.4236/jssm.2020.134043
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tive binomial regression to conduct empirical analysis, which provides a new
idea for quantifying user knowledge sharing behavior.

5.4. Research Limitations and Future Prospects
This paper is to analyze the influence mechanism of knowledge sharing behavior
of users in social Q&A community, but there are still some shortcomings. Firstly,
in the study of knowledge sharing behavior of users in social Q&A community,
Zhihu is chosen as the research object, and the data source is relatively single.
Secondly, the paper mainly uses the platform user behavior data for research,
and the quantification of each dimension in the model can also be measured and
explained by more abundant indicators, such as knowledge sharing behavior, in
addition to considering the amount of knowledge sharing, the quality of knowledge sharing can also be considered.
In the follow-up research, we need to combine semantic web, machine learning and other technologies to further strengthen the evaluation of the quality of
user generated answers, and further explore the impact of different dimensions
on the quality of answers. At the same time, the knowledge sharing behavior of
users in different social Q&A communities can be compared and analyzed to
study the similarities and differences of knowledge sharing behaviors in different
communities.
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