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Abstract 
In this paper, we suggest a deep learning strategy for decision support, based 
on a greedy algorithm. Decision making support by artificial intelligence is of 
the most challenging trends in modern computer science. Currently various 
strategies exist and are increasingly improved in order to meet practical needs 
of user-oriented platforms like Microsoft, Google, Amazon, etc. 
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1. Introduction 

Artificial intelligence becomes more and more powerful due to increasing de-
velopment of neural algorithms, as well as computer technologies. Various tech-
niques involve tools of artificial intelligence in text/object/face/voice/path recog-
nition [1]-[11], big data analysis and prediction [13] [14], healthcare and diag-
nosis [12], flight control [15], market analysis and data mining [16] [17] [18], 
signal processing [19], and so on [20] [21]. See also references therein. In order 
to be capable to meet all the requirements from all areas of application, the ex-
isting methods of artificial intelligence are constantly improving, as well as new 
challenging methods are developed. Choice of a particular method or technique 
strongly depends on the specific problem that one aims to deal with. For in-
stance, in deterministic problems it is more convenient to use symbolic or 
sub-symbolic methods, while in non-deterministic problems statistical methods 
are more suitable. One of the simplest techniques for studying non-deterministic 
systems uses so-called classifiers, functions using pattern matching for determi-
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nation of closest matches, and controllers, functions choosing output of classifi-
ers. For further details refer to [22] [23] [24]. 

The most known and used type of classifiers are the so-called neural networks 
and their various modifications, such as deep feedforward neural networks, re-
current neural networks, etc. Being called after human brain cells-neurons, those 
networks are “trained” to replicate the main function of neurons, i.e. generate 
specific outputs from incoming signals [25]. In general, artificial neural net-
works consist of neuron layers responsible for input information (input layer), 
main function of the network (is programmed in hidden layers) and output in-
formation (output layer), see Figure 1. 

The main function of neurons at input layer is to transmit the input informa-
tion to the hidden layers. Depending on specific problem under consideration 
there might be one or more hidden layers, the main function of which is to 
process the input information received from the input layer as required. The 
processed information is transmitted to the output layer, which converts this in-
formation into user acceptable format. All or some neurons may have so-called 
weights, by which the input information is accepted and is transmitted to pro-
ceeding neurons. In practice, those tools are used in a smart configuration to 
handle the problem. 

Another important aspect of artificial neural networks is neurons learning, i.e. 
the algorithm modifying the neural network parameters, e.g. weights, intercon-
nections, number and structure of hidden layers, etc., for derivation of required 
output from given input. For further details refer to [25]. 

Other examples of techniques of artificial intelligence include decision trees 
and its modifications such as regression trees, incremental decision trees, alter-
nating decision trees, logistic model trees, etc. [26] [27]. 

One of the very promising and important fields of nowadays needs that can be 
supported by artificial intelligence is the so-called decision making support (see, 
for instance, [28] [29] [30] and references therein). Decision making is the 
process of selecting an option among several alternatives. This concept is widely 
used in contemporary management, financial operations, trade, bargain, etc. 
One of the challenging applications of decision making is in e-commerce, where 
an online user needs to choose an item from a really wide variety. Therefore, it is 
of great help to the e-shop to have such an artificial online agent that can suggest 
users items perfectly matching their search and preferences, based on their pre-
vious experience, that is searches, clicks, add-to-cards, keywords, ets. There exist 
several verified attempts to integrate artificial intelligence in decision making 
process [31] [32] [33] [34]. Moreover, currently such companies as Google, 
Amazon, etc., provide open access to their artificial intelligence based decision 
making support platforms1. Despite the amount of existing references, there still 
exist some aspects and parts of artificial intelligence based decision making 
support that can be improved. 

 

 

1Refer to https://github.com/tensorflow/tensorflow for Tensorflow and 
https://github.com/awslabs/machine-learning-samples for Amazon. 
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Figure 1. Schematic representation of artificial neural networks. 

 
This paper is devoted to the study of possibilities to involve the well-known 

greedy algorithm at some special steps of neural network algorithm supporting 
online user decision making process. It should be noted that the greedy algo-
rithm has been incorporated in artificial neural networks earlier by other au-
thors. See, for instance, [35] [36] and references therein. The rest of the paper is 
organized as follows. We first describe the greedy algorithm in Section 2 and 
then show how specifically it can be used in neural computations in Section 2.1. 
Particular numerical computations show the efficacy of the algorithm in Section 
3. 

2. Greedy Algorithm 

Greedy algorithm or search is an efficient tool that is usually applied in optimi-
zation problems. The main steps of all greedy algorithms are as follows: 

1) Choice of a candidate set. The problem is divided into a finite set of 
sub-problems. At initial step a candidate set is arbitrarily chosen as a solution to 
the first sub-problem, so that the proceeding sub-problems are solved on the ba-
sis of this candidate set. 

2) Choice of a selection function. A selection function is chosen to test what is 
the best candidate to be added to the solution. 

3) Choice of a feasibility function. The chosen selection function involves a 
feasibility function, which first determines the set of candidates that can possibly 
contribute to the solution. 

4) Choice of an objective function. This function allows to make choice of a 
candidate at each step in some sense optimal. 

5) Choice of a solution function. Finally, a solution function is chosen appro-
priately to establish when a desired precision in solution approximation is 
achieved. 

Greedy algorithms can be really efficient when dealing with large sets of data, 
in the sense that if the globally optimal solution of the problem consists of op-
timal solutions of locally optimal sub-problems, then greedy searches will find 
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the global solution in reasonable time. Nevertheless, in some specific problems, 
such as the famous traveling salesman problem, greedy algorithm may result in 
unique worst possible solution [37]. This failure comes from the fact that the 
greedy algorithm does not use all the data of the problem (recall step 1). 

Note that the successful application of the algorithm, first of all, depends on 
success at every partial step, since any globally optimal solution consists of op-
timal sub-solutions. Moreover, since the selection function is different from 
identity, then each candidate can be involved in only one step of the algorithm, 
i.e. neither of previous steps (except directly previous one) plays a role in pro-
ceeding computations/searches. This is called greedy choice property and helps 
to save quite much computational cost. 

Integration of Greedy Algorithm into Neural Model of User  
Behavior Prediction 

Problem solving using neural computations in principle is a systematic search 
through given data in order to reach required solution. Therefore, from the de-
scription of the greedy algorithm above it follows that it can be efficiently in-
volved in neural computing procedure to save computational time, especially 
when the analyzed data sets are quite large. However, using of greedy algorithm 
may not be a guarantee for optimality of found solution. 

Let us demonstrate how a simple greedy algorithm can be involved in predic-
tion of user behavior based on his/her clicks, search history, time spent on view-
ing certain items etc., within a specific online shop. Analysis of user behavior 
and prediction of his/her intentions are crucial for online sellers in order to e.g. 
make advertisement more targeted, recommend items that will be more likely 
bought, etc. Several approaches exist to involve artificial intelligence in real time 
prediction of user intentions including recent studies [38] [39] [40] and some 
references therein. 

We are mainly interested in interactions between guaranteed purchase and  
1) view of a product page, 
2) view of the basket. 
The set of training data ( ) is composed of  
1) all sessions (  ) of all users, 
2) all items ( s ) that were displayed within session s∈ , 
3) all purchases ( s ) corresponding to session s∈ . 
Thus, s s= ∪ ∪    . The set of sessions is split into two subsets: p  

containing sessions with purchase and np  containing those without purchase 
(see Figure 2). Eventually,  

.p np s s= ∪ ∪ ∪      

The problem is to predict the set s . 
In this specific example, there exist 42.5 10⋅  products with full description. 

Evidently, the data are very sparse and high dimensional (depend on many pa-
rameters), therefore their analysis is too costly. To explore any pattern between  
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Figure 2. Schematic representation of the data set  . 

 
these data, we involve the neural network borrowed from [40] with greedy 
search integrated into the data analysis step in order to reduce the dimensionali-
ty. More specifically, at the initial step a candidate set is chosen heuristically. 
Then, a selection function  

( ) ( ) ( )
\

,
p np s

s sσ χ
∪ ∪

=
   

 

where χ  is the characteristic function of   defined as follows: 
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0;  .
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χ
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Thus, the selection function checks whether a chosen element s  belongs to 

( )\ p np s∪ ∪     or not. If it does, then it is out of consideration, otherwise it 
is a potential candidate for s  to be complemented by. Then, the objective 
function, chosen as the following convex functional (quadratic error function): 

[ ] ( )2

1
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n

i
i

s s s
n

κ
=

= −∑  

where i  is the iteration index, n  is the amount of data points, is  is the cur-
rently chosen element; allows to choose only the data which are (in the sense of 
quadratic error) close to the desired set. 

The last step of the greedy algorithm defines the solution function as follows: 

( ) [ ] ( )2

1

1arg min arg min .
n

i
i

S s s s s
n

κ
=

 = = −  
∑  

Apparently, for the above chosen simple objective function, the solution func-
tion, S , is easy to compute. However, more complicated forms of κ  can be 
considered. 

The mathematical background of the minimization problem is the same as in 
[40], therefore we will not bring it here to be concise. Refer to [40] for further 
details. 

3. Numerics and Discussions 
Numerical experiment shows that in the chosen particular case involvement of 
greedy algorithm allows to reduce the computation time significantly, compared  
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(a)                                                          (b) 

Figure 3. Activation vs Time in neural network layers. 

 

 
Figure 4. Benchmark of greedy and non-greedy approaches. 

 
with [40]. Though, the relative error, i.e. the prediction error of the set s  of 
purchases within session ps∈ , is ~2% - 4%, which is pretty much acceptable. 
On Figure 3 the time spent on computations within input, first hidden layer, 
second hidden layer, and output. It is seen that for basic prediction of s , only 

1400t ≈  s, which is a good improvement as well. 
Figure 4 shows the accuracy of prediction implemented using the proposed 

approach against number of sessions. It shows a good tendency to be applicable 
in time consuming predictions. 

4. Conclusion 

Aiming to reduce the complexity of computations (machinery time) in the 
problem of user behavior analysis, prediction and decision support based on 
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his/her online behavior, in this paper, we suggest to involve the well-known 
greedy algorithm. For heuristically chosen candidate set, we choose appropriate 
selection function, classifying the data at each iteration. Then, we choose a qua-
dratic error function as objective function for classification. The output is used 
to construct the solution function. Numerical analysis of given data shows a sig-
nificant decrease in computation time compared with the method without a 
greedy algorithm. 
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