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Abstract 
The value of online healthcare has been well documented by academicians 
and practitioners. Nevertheless, prior literature has paid little attention to the 
impacts of user reviews and critic rating of doctors in patients’ purchase deci-
sion. In this research, we empirically examine the effects of user reviews and 
critic rating of doctors on online healthcare sales with secondary data on 3283 
doctors from Haodaifu.com in China. The results show that both user review 
valence and volume have positive effects on online healthcare sales. User re-
view volume can amplify the positive effects of review valence on online 
healthcare sales, since it is an extrinsic, high-scope cue in patients’ deci-
sion-making that can alter the diagnosticity of review valence. We further 
find that the critic rating of doctors can weaken the positive of user review 
valence and volume on online healthcare sales. We also build a utility model 
to extend and validate the above findings. 
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1. Introduction 

Online healthcare websites (e.g., haodaifu, RateMDs etc.) have been gaining 
popularity among patients in the world, and have attracted considerable interest 
among researchers (Yang, Zhang, & Lee, 2019; Zhang et al., 2017). These web-
sites enable patients to undertake the preliminary online as well as regular health 
consultations. At healthcare websites, patients can search for appropriate medi-
cal doctors (both general practitioners and specialists), describe their symptoms 
to them, and upload the related medical test results. The selected doctor then 
assesses the patient’s well-being and advises him/her on how to self-manage 
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his/her medical afflictions.  
Some research has offered evidence that online healthcare can help alleviate 

many of the critical challenges being faced by hospitals, e.g., limited capacity, 
long queues, and geographic inconvenience (Gummerus et al., 2004, Griffiths et 
al., 2006, Lu et al., 2011, Johnston et al., 2013). However, because online health-
care services are important to patients’ health and are new to patients, the pur-
chase rate of online healthcare services is very low, for example, in China, the 
purchase rate of online healthcare services is far less than the purchase rate of 
e-commerce (Yang, Wang, & Mei, 2020).  

Online healthcare services purchase involves a high level of uncertainty. Little 
information is available for patients to assess the service quality of the doctors, 
making it difficult to decide whether to make the purchase (Bonifield, Cole, & 
Schultz, 2010; Kostyk, Niculescu, & Leonhardt, 2017). During this stage, online 
reviews of prior users and critical rating of doctors become helpful information 
sources for patients to evaluate the healthcare service. When reviewing the 
healthcare service of a doctor, patients can access both the comments and nu-
merical ratings of prior users, as well as critical rating of doctors. Online health-
care websites, such as Haodaifu.com (“Good Doctor Online” in Chinese), typi-
cally summarize the numerical ratings by presenting the average ratings (i.e., us-
er review valence) and the number of reviews (i.e., user review volume) on the 
homepage of doctors. Very limited amount of empirical research has investi-
gated the effects of user reviews and critical rating of doctors on online health-
care sales—an area that is critical for online healthcare providers to increase 
sales. For this purpose, we empirically investigate the effects of user reviews and 
critical rating of doctors on online healthcare sales in the context of Haodai-
fu.com, a leading online healthcare platform in China. Additionally, we also 
build a utility model to extend and validate the findings from the empirical 
study. 

The remainder of this paper is structured as follows. In the next section, we 
develop the research hypotheses. Then, we follow the hypotheses with empirical 
analyses and findings. We also build a utility model to extend and validate the 
above findings. Finally, we conclude the paper with a discussion of the theoreti-
cal and managerial implications as well as limitations and suggestions for future 
research. 

2. Hypotheses Development 

To better understand the relationship among user reviews, critic rating of doc-
tors and online healthcare sales, we develop a conceptual framework (see Figure 
1). We propose that user review valence and volume have positive effects on on-
line healthcare sales. Further, we predict that user review volume can amplify the 
positive effects of user review valence on online healthcare sales. However, critic 
rating of doctors can mitigate the positive effects of user review valence and vo-
lume on online healthcare sales. Below, we elaborate on each concept and 
present the hypotheses. 
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Figure 1. Overview of the conceptual framework. 

 
In online situations, consumers do not know the true quality of products 

when making their purchase decisions. Similarly, in the context of online 
healthcare, it is more asymmetric between patients (consumers) and doctors 
(service providers). Therefore, patients rely on multiple service quality cues to 
make the judgement of a purchase (e.g., Rao & Monroe, 1988). Prior research on 
marketing, related to cue diagnosticity framework, has classified these cues as 
being either intrinsic or extrinsic to the product (Miyazaki, Grewal, & Goods-
tein, 2005). Intrinsic cues are related to physical attributes of a product (e.g. 
weight, material), while extrinsic cues represent the product but are not part of 
the product itself (e.g. price, brand). Online purchasing is a setting with high 
uncertainty. Patients cannot tell the service quality by intrinsic cues, which 
makes extrinsic cues, for example, user reviews, more important in the context 
of online healthcare community. 

User reviews are on websites that prior buyers rate (usually with star ratings) 
and make comments on the basis of their personal usage experience and prefe-
rences (Appelt, 2010; Chen & Xie, 2005; Moon, Bergey, & Iacobucci, 2010). For 
instance, an online healthcare website—Haodaifu—presents ratings of prior user 
reviews and the comments on the healthcare service. In online healthcare set-
ting, user reviews can serve as extrinsic cues of the healthcare service quality, 
and have significant impacts on patients’ decision making and online healthcare 
sales (e.g. Godes & Mayzlin, 2004; Srinivasan, Anderson, & Ponnavolu, 2002). 
Two characteristics of user reviews have been explored in the extant research: 
user review valence, the preference carried in the review information (Duan, Gu, 
& Whinston, 2008), and user review volume, the number of reviews or ratings 
(Basuroy, Chatterjee, & Ravid, 2003; Chevalier & Mayzlin, 2006). In this section, 
we propose that these two characteristics of user reviews at healthcare websites 
can increase the sales of online healthcare. 

2.1. Effect of User Review Valence on Online Healthcare Sales 

Review valence indicates the favorability of the product (Moe & Trusov, 2011). 

H3

H5H4

H1

H2

User review valence

User review volume

Online healthcare sales

Critic rating of doctors
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A majority of existing research has examined the impacts of review valence and 
a general consensus holds that positive review valence can enhance product 
sales, while negative valence decreases sales (Chevalier & Mayzlin, 2006; Moon, 
Bergey, & Iacobucci, 2010). As indicated by the attribution model of persuasion 
(Wood & Eagly, 1981), user reviews message can help shape readers’ expecta-
tions about the quality and performance of the product. Applying the above ar-
guments in online healthcare context, when user review valence of a doctor is 
high, patients would form higher expectations and perceive the healthcare of the 
doctor to be more high-quality. Thus, the high expectations are more likely with 
high user review valence, which can increase the sales of online healthcare. We 
hypothesize the following: 

H1: user review valence has a positive effect on online healthcare sales. 

2.2. Effect of User Review Volume on Online Healthcare Sales 

Review volume is the number of reviews that prior buyers posted on a product 
or service. High review volume can increase the exposure of a business or prod-
uct offering. Much existing research has also examined the effectiveness of re-
view volume in driving consumer purchase decisions and product sales (Kostyra, 
Reiner, Natter, & Klapper, 2016; Zhu & Zhang, 2010). Hasher & Zacks (1984) 
demonstrate that information about numbers or counts are easy to process, since 
it is a primary way to store information. Moreover, an opinion expressed by 
more people indicates the popularity of the opinion and conveys the correctness 
(Weaver, Garcia, Schwarz, & Miller, 2007; Baker & Petty, 1994). In marketing 
research, Coulter & Roggeveen (2012) has shown that the number of deals pur-
chased does indeed influence consumer evaluation. Consequently, the higher 
user review volume is, the more positive evaluation of the doctor is. The higher 
positive evaluations can increase the expectations of patients on the healthcare 
compared to the same doctor having lower user review volume. As a result, re-
view volume increases the likelihood of patients purchase. We thus posit: 

H2: User review volume has a positive effect on online healthcare sales. 

2.3. Amplification Effects of User Review Volume 

The cue diagnosticity framework (Miyazaki, Grewal, & Goodstein, 2005; Purohit 
& Srivastava, 2001), suggests that, when confronted with multiple cues, con-
sumers will use relatively more diagnostic cues to perceive the quality of the 
product belongs. Purohit & Srivastava (2001) have extended this argument by 
proposing that the diagnosticity of a particular cue types depends on the valence 
of other cue types. Realistically, a particular cue may seem to be more diagnostic 
than another (Lynch, 2006; Milgrom & Roberts, 1986). Similarly, in line with cue 
diagnosticity framework, a high-scope cue can alter the perceived diagnosticity 
of a low-scope cue. Khare, Labrecque, & Asare (2011) highlight online review 
volume as an extrinsic, high-scope cue in consumer decision-making. Based on 
the literature above, we predict the interactive effects that user review volume 
can alter the diagnosticity of user review valence, due to its high-scope status. 

https://doi.org/10.4236/ajibm.2020.1012119


W. B. Han 
 

 

DOI: 10.4236/ajibm.2020.1012119 1906 American Journal of Industrial and Business Management 
 

As we argued above, a positively valenced review increases patients preference 
for the review targeted healthcare service, and then lead to high level of expecta-
tions, which can increase the online healthcare purchase. Due to the greater di-
agnosticity of user review volume, the effect of user review valence on online 
healthcare sales should be greater when user review volume is higher. This is 
because the overall rating converges toward the true value as the volume of re-
view increases (Ho-Dac et al., 2013; Zhu & Zhang, 2010). The higher user review 
volume is, the more trustworthy review valence becomes. Therefore, high-volume 
review should strengthen the positive evaluation of the product and improve the 
level of expectations, which can increase healthcare sales. We hypothesize the 
following: 

H3: User review volume positively moderates the effect of user review valence 
on online healthcare sales. 

2.4. Mitigation Effects of CRITIC Rating of Doctors 

Critic rating is provided by a third-party professional organization with profes-
sional knowledge besides the buyers and sellers (West & Broniarczyk, 1998). 
When patients browse online healthcare websites, the critic rating of doctors is 
usually displayed on the homepage of doctors to help patients make purchase 
decisions. As online healthcare is a special service offering, which is important 
for patients’ health, patients will be more cautious in the decision-making 
process of purchasing online healthcare. Therefore, when choosing online 
healthcare services, patients will pay more attention to the critic rating of doc-
tors while browsing the prior user reviews. When the critic rating of doctors is 
higher, even though user review valence is negative or level of user review vo-
lume is low, patients still choose the doctor with high critic rating to avoid po-
tential health risks. People generally believe that doctors with a high critic rating 
will provide more reliable health care service, thus, they still choose to buy the 
services from the doctors with high critic rating. In other words, the critic rating 
of doctors weakens the positive effect of user review valence and volume on pa-
tients’ purchase of online healthcare services. Therefore, the following hypothe-
sis is proposed: 

H4: Critic rating of doctors negatively moderates the effect of user review va-
lence on online healthcare sales. 

H5: Critic rating of doctors negatively moderates the effect of user review vo-
lume on online healthcare sales. 

On the basis of the above theoretical statements, the conceptual framework 
(Figure 1) is developed. In Study 1, we firstly examined the hypotheses, using 
secondary data from Haodaifu.com in China. In the second study, a utility mod-
el was designed to extend and validate the findings of Study 1. 

3. Study 1: Empirical Study 

In Study 1, we examine the effects of user review valence and review volume on 
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online healthcare sales, as well as the moderation effects of user review volume 
and critic rating of doctors. To test the relationships, we use secondary data from 
Haodaifu.com in China. 

3.1. Data Collection and Sample 

The data for this research come from Haodaifu.com, the largest online health-
care community in China. Haodaifu was founded in 2006. After more than 10 
years’ development, it has developed into a comprehensive healthcare website, 
which integrates graphic and text consultation, telephone consultation, ap-
pointment and referral, remote outpatient service, post-diagnosis manage-
ment, family doctor and other fields. Until December 2019, there are 610,000 
doctors from 9917 hospitals across the country at Haodaifu. At Haodaifu, 
225,000 doctors from the best hospitals in China (Baike, 2020), that can offer 
patients authoritative and reliable healthcare services. As a result, many pa-
tients in China gradually purchase online healthcare services from the doctors 
at Haodaifu.  

After purchasing healthcare service at Haodaifu, patients can rate the doctor 
based on their experience. With Haodaifu, we have access to detailed informa-
tion about doctors’ sales, user reviews, and critic rating of doctors. Such access is 
consistent with our interest in studying the effects of user reviews and critic rat-
ing of doctors on online healthcare sales. We programmed a web crawler to 
search and collect data from Haodaifu, from June 20, 2018 to June 27, 2018. A 
total of 5125 doctors’ sales data of online healthcare services were captured. We 
have deleted the record that the sales volume is null and zero. Due to most doc-
tors at Haodaifu come from the best hospitals in China, thus, we eliminated the 
doctors data from other hospitals to rule out the effects of hospital level. The fi-
nal sample is 3283 doctors, the data from which are used to test the effects of us-
er reviews and critic rating of doctors on online healthcare sales. 

3.2. Measurement 

The definitions and operationalization associated with the measures are pre-
sented in Table 1. In regard to the operationalization of the variables, first, the 
dependent variable of interest is online healthcare sales, measured as the number 
of patients treated by a doctor within last two weeks. Second, Haodaifu makes 
publicly available the score of a doctor rated by patients who have purchased his 
services. We use the score measure user review valence. Third, Haodaifu pro-
vides details on total reviews. We measure user review volume as the number of 
reviews of a doctor. Fourth, Critic rating of doctors is operationalized as the 
doctor title. We divided doctor title into resident doctor, attending physician, 
deputy chief physician, and chief physician. Finally, this research includes hos-
pital type and doctor activity as control variables to rule out potential explana-
tions. At present, hospitals in China can be divided into two types: specialized 
hospitals and general hospitals. General hospitals are divided into more detailed 
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departments, such as surgery orthopedics, chest, extracranial, urology, etc., while 
specialized hospitals usually focus only one disease. If the doctors are active on 
the website which can increase their popularity, and thus, the sales of the doctor 
will increase. To eliminate this effect, we also control the impact of doctor activ-
ity on the results of data analysis. Doctors at Haodaifu usually publish medical 
article, soul chicken soup or their own academic research on their homepage to 
help patients gain more disease-related knowledge, which also increases their vi-
sibility. We rule out this effect by including activity of doctors. In this research, 
we use the total number of articles posted on Haodaifu.com to measure the ac-
tivity of doctors on healthcare websites. Table 2 provides summary statistics and 
correlation matrix for all variables. The average sale of online doctors is 64.50. 
The average of user review valence, user review valence, and critic rating of doc-
tors are 4.14, 99.18, and 3.23, respectively. Among the correlation matrix, we can 
find that user review valence and user review valence volume have a large corre-
lation. Not surprisingly, buyers are more likely to purchase a product/service 
when there are more positive reviews. 
 
Table 1. Variable definitions and operationalization. 

Variable Operationalization Note 

copy More table copya  

Online healthcare sales 
Number of patients treated by  
the doctor within last two weeks 

 

User review valence 
The score of a doctor rated by  
patients who have purchased his services 

 

User review volume The number of user reviews  

Critic rating of doctors The title of doctor 

Resident physician = 1,  
attending physician = 2,  
deputy chief physician = 3, 
chief physician = 4 

Activity of doctors 
The total number of articles  
posted on Haodaifu.com by doctors 

 

 
Table 2. Descriptive statistics and correlation matrix. 

 Mean SD 1 2 3 4 5 6 

1. Online healthcare sales 64.50 122.82 —      

2. User review valence 4.14 0.29 0.46 —     

3. User review volume 99.18 157.55 0.58 0.63 —    

4. Hospital dummy 0.74 0.44 −0.10 −0.16 −0.09 —   

5. Activity of doctors 17.46 76.42 0.17 0.14 0.21 −0.03 —  

6. Critic rating of doctors 3.23 0.80 0.03 0.18 0.18 −0.01 0.03 — 
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3.3. Hypothesis Testing 

We used ordinary least squares (OLS) regression models to estimate online 
healthcare sales. We propose that user review valence positively affects online 
healthcare sales, which is supported (β = 0.151, p = 0.000). In addition, we find 
that user review volume significantly and positively affects online healthcare 
sales (β = 0.479, p = 0.000). The estimates for the regression path model appear 
in Table 3. 

Table 4 shows the test result of H3 through H5. The interaction between user 
review volume and user review valence on online healthcare sales is positive and 
significant (β = 0.069, p < 0.05), indicating that user review volume has a posi-
tive moderating effect on the relationship between user review valence and on-
line healthcare sales, consistent with H3. In H4, we propose that critic rating of 
doctors negatively moderates the relationship between user review valence and 
online healthcare sales, which is also supported (β = −0.035, p < 0.05). The inte-
raction between user review volume and critic rating of doctors has a negative 
effect on online healthcare sales (β = −0.116, p = 0.000), which supports H5. 
This result demonstrates that critic rating of doctors weakens the positive effects 
of user reviews on the sales of doctor online. When doctors at healthcare web-
sites have high level of critic rating, the relationship between user review and on-
line healthcare sales is weaker than when critic rating of doctors is low. 

 
Table 3. Hypothesis testing. 

Hypothesis Parameter Estimate t p 

User review valence → Online healthcare sales 0.151*** 8.552 0.000 

User review volume → Online healthcare sales 0.479*** 26.773 0.000 

Activity of doctors → Online healthcare sales 0.054*** 3.617 0.000 

Hospital dummy → Online healthcare sales −0.043** −2.939 0.003 

a. **p < 0.01, ***p < 0.001. 
 

Table 4. Analysis of moderating effect. 

Hypothesis Parameter Estimate t p 

User review valence → Online healthcare sales 0.123*** 6.577 0.000 

User review volume → Online healthcare sales 0.507*** 17.864 0.000 

User review valence * User review volume →  
Online healthcare sales 

0.069* 2.543 0.011 

User review valence * Critic rating of doctors →  
Online healthcare sales 

−0.035* −1.982 0.048 

User review volume * Critic rating of doctors →  
Online healthcare sales 

−0.116*** −5.613 0.000 

Critic rating of doctors → Online healthcare sales −0.090*** −6.089 0.000 

Activity of doctors → Online healthcare sales 0.044** 3.070 0.002 

a. *p < 0.05, **p < 0.01, ***p < 0.001. 
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4. Study 2: Utility Model 

In Study 1, we find that both user review valence and volume available at the 
time of purchase has a significant positive effect on the probability of healthcare 
purchase, while critic rating of doctors weakens the positive effects of user re-
views on the sales of doctor online. In Study 2, a utility model was designed to 
extend and validate the findings of Study 1.  

Suppose that the total volume of patients who suffer from single type of dis-
ease is 1. There are three types of doctors’ critic rating that can be chosen by the 
patients, high level doctor, median level doctor and low level doctor, which are 
represented by subscripts h, m, l, respectively. We assume that all patients value 
higher level doctor more than lower level doctor. Each patient has a valuation of 
δθ , and 0 for the healthcare service provided by high level doctor, median level 
doctor and low level doctor, respectively, where δ 1,θ 0> ≥ . The reason we take 
the perceived value of low level doctor equals 0 is that these doctors can barely 
satisfy the basic treatment of patients.  

Patients are heterogeneous in their severity of illness, i.e., if the patients are 
severely ill, they are more likely to obtain high valuation for the healthcare ser-
vice of doctor, and if the patients are slightly ill, they value the service less. We 
character this feature by denoting θ  as a uniform distributed parameter, where 

[ ]θ 0,1U .  
Each type of doctor charge a price of hP , mP , lP , to the patient. We assume 

that lP  patients can be fully covered by the medical insurance, i.e., 0lP = , and 
the price of high level doctor is higher than medium level doctor. The price of 
choosing each type of doctor is usually set by the government and hospital 
which cannot be changed frequently, thus, we set the price as an exogenously 
given parameter.  

The user reviews of doctor are published on the website. Each comment of the 
specific type of doctor can add an additional net utility to the patients who 
choose them. We assume that this additional net utility is noted as γh hc  and 
γm mc . We do not involve low level doctors in the effect of user reviews, because 
these doctors are usually randomly allocated to the patients and are not perma-
nent. The parameters hc  and lc  represents the volume of user reviews for 
high and low doctors. As patients are more trusted with the doctor who has 
higher reviews valence, γh  and γm  are the coefficients that represent the ex-
tent that a comment of each type of patient influence patients’ additional ob-
tained utility. We assume that, on the website, patients do not discriminate the 
comments for the doctors’ type, i.e., each review provide equally value to the pa-
tients γ γ γh m= = .  

Given the assumptions above, the patients have three options, the net utility 
each patient can obtain during the process of treatment is given by 

h h hU P c= δθ− + γ , 

m m mU P c= θ− + γ , 

0lU = . 
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It is straight forward that, the patients who have higher θ  will choose high 
level doctor, the patients who have medium θ  will choose medium level doc-
tor, the patients who have lower θ  will choose low level doctor. 

To calculate the volume of patients who choose each type of doctor, i.e., the 
demand of each type of doctor, we need to figure out the type of the patients 1θ  
who is indifferent about choosing high and medium level doctor, i.e., s nU U= , 
and the type of patients 2θ  who is indifferent about choosing medium and low 
level doctor, i.e., 0nU = . Solving these equations, we can obtain  

( )
1 1

n s s nP P c c− + γ −
θ =

− δ
, 2 n nP cθ = − γ . We denote the portion of patients who 

choose high level of doctor as λh  and the portion of patients who choose low 
level of doctor as λm . Thus, we have 

( ) [ ]1max , 1h h m iP U U U P λ = ≥ = θ ≤ θ ≤  , 

( ) [ ]2 1max ,m m h lP U U U P λ = ≥ = θ ≤ θ ≤ θ  . 

Next we can obtain the volume of patients who choose each type of doctor 

hQ  and mQ  

( )
1 1

1
m h h m

h h

P P c c
Q

− + γ −
= ⋅λ = +

− δ
, 

( )
1

1
h m m h

m m

P P c c
Q

− δ + γ δ −
= ⋅λ =

δ −
. 

To analyze the influence of user review volume to patients’ demand of each 
type of doctor, we solve the first-order derivative of hQ  and mQ  in respect of 

hc  and mc  respectively, which gives  

1
h

h

Q
c

∂ λ
=

∂ δ −
, 

1
m

m

Q
c

∂ δλ
=

∂ δ −
. 

As δ 1> , h m

h m

Q Q
c c

∂ ∂
<

∂ ∂
 apparently holds. Moreover, as 1m m

m m

Q Q
c c

∂ ∂
=

∂ ∂ δ
, the 

effect of user reviews to the demand of high and low doctor differs more severely 
as δ  grows. The reason may be that, although the same review volume improve 
the same amount of obtained utility of the patients, the improvement is more 

evident for medium level doctor than high level doctor, i.e., 
γ γ
θ θ

s n

s n

c c
P P

>
δ − −

. 

Therefore, patients are less sensitive to user reviews when they chose high level 
doctor.  

5. Discussion 

Very limited prior research has explored the effects of user reviews and critic 
rating of doctors on online healthcare sales. In context of Haodaifu, we found 
evidence from 3283 doctors’ sale data that user review valence and volume can 
increase online healthcare sales. We conceptualize and demonstrate that these 
positive effects can be weakened by critic rating of doctors. When doctors at 
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healthcare websites have high level of critic rating, the relationship between user 
reviews and online healthcare sales is weaker than when critic rating of doctors 
is low. We also found that user review volume can increase the positive effect of 
user review valence on online healthcare sales. In Study 2, a utility model was 
designed to extend and validate the above findings. Below, we discuss the theo-
retical contributions and managerial implications of our findings. 

5.1. Theoretical Contributions 

This research contributes to the literature in two ways. First, we hypothesize and 
find support that two characteristics of user reviews have positive relationships 
with online healthcare sales. These findings add to research on online reviews 
(e.g., Appelt, 2010; Duan, Gu, & Whinston, 2008; Ho-Dac, Carson, & Moore, 
2013) by extending to online healthcare research context. Other research has 
predicted that the effects of online reviews on consumer purchase decision 
(Godes & Mayzlin, 2004; Srinivasan, Anderson, & Ponnavolu, 2002), the impor-
tance of online healthcare (Gummerus et al., 2004, Griffiths et al., 2006, Lu et al., 
2011; Johnston et al., 2013), but that they are not motivated to test the effects of 
user reviews and critic rating of doctors on online healthcare sales. We predict 
and find support that user reviews and critic rating of doctors are critical in pa-
tients’ purchase decision at healthcare websites.  

Second, the analysis confirms that user review volume can amplify the effects 
of user review valance on online healthcare sales. These results reinforce the 
findings of Khare, Labrecque, & Asare (2011) that suggest that the number ele-
ments can serve as an important extrinsic cue in consumers’ decision. But we go 
beyond this research by suggesting that number of user reviews not only can in-
crease patients’ purchase intention, but also can alter the diagnosticity of user 
review valance. Khare, Labrecque, & Asare (2011) have observed that word- 
of-mouth (WOM) volume can be as a high-scope, decision-making cue upon 
which the influence of other WOM-relevant characteristics on a WOM mes-
sage’s persuability depends. We found the same impact trend within our data. 
We contribute to the research of Khare, Labrecque, & Asare (2011) by establish-
ing the connections among the user review volume, user review valence, and on-
line healthcare sales. As an extrinsic, high-scope cue (Purohit & Srivastava, 
2001), high-volume user reviews are more diagnostic than is low-volume user 
reviews for patients’ decision-making. These findings also highlight the impor-
tance of understanding the role of number elements in online review research.  

5.2. Managerial Implications 

This research provides managerial insights for online healthcare providers. One 
important managerial implication of our research is that user sellers should be 
aware of importance of user reviews. This suggestion is helpful for the online 
doctors that who want to leverage positive user reviews to enhance sales and 
profitability. For example, some doctors at Haodaifu reward the users to en-
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courage them to post positive comments on their services. We find user review 
volume can amplify the effects of user review valence on online healthcare sales. 
Thus, this suggestion can be more useful for the online healthcare providers that 
have a large number of user reviews. Additionally, we suggest that online 
healthcare providers with low critic rating should pay more attention to user re-
views. We find critic rating of doctors can weaken the positive effects of user re-
view valence and volume on online healthcare sales. Patients still purchase the 
healthcare services from the doctors with high level of critic rating, even there is 
lower user review volume and some negative user reviews. 

5.3. Limitations and Directions for Further Research 

This research provides novel insights into user reviews and online healthcare 
purchase, though it still has several limitations that may be addressed by future 
research. First, we used data collected from Haodaifu.com to test our hypothes-
es. We encourage future research to use self-report data or behavioural experi-
ments to further explore related research questions. Second, we test our hypo-
theses in the context of Haodaifu.com in China. We encourage future research 
to generalize these findings to other healthcare websites. Finally, due to data li-
mitation, we could not assess the role of the review comments, which we believe 
is a promising avenue for further research. 
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