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ABSTRACT 
The impacts of coronavirus to our planet are unprecedented; i.e., they are going to eliminate 
the entire mankind. Driven by such horrible situation, some philosophical viewpoints have 
naturally happened. Whether the “World End” must come? If yes, when? During this wait-
ing period, the best way to do science is via the Internet Institute, such as “Gordon Life 
Science Institute”, and the results thus achieved will be most rewarding. 

 

1. INTRODUCTION 
As of June-30-2020, more than 200 countries on our planet have been attacked by the coronavirus 

disease 2019 (COVID-19): for USA alone with reported 2,682,424 cases of which 128,824 resulted in 
deaths; for United Kingdom with 312,654 cases and 43,730 deaths. 

2. FACTS AND DISCUSSIONS 
The damage power of COVID-19 is overwhelmingly stronger than “atomic bombs” (2nd World War, 

1945) or any kind of terrorists (“911”, 2001). The death number has also far exceeded the death number 
reported for any war of USA history. Accordingly, such unprecedented power must come from the “Crea-
tor” rather than from being created human beings. 

Coronavirus disease 2019 (COVID-19) is an infectious disease caused by severe acute respiratory 
syndrome, which was first identified in December 2019 in Wuhan, Hubei, China. After April 2020 and 
causing about 4,000 deaths, although no remarkable infectious cases reported in Wuhan. Unfortunately, 
the 2nd-round coronavirus diseases have started landing on Beijing during May 2020. This kind of first 
from “Eastern countries” to Western Countries” and then as a feedback from the West to the East, very 
much like playing “ping-pong” or “Tennis” ball. Here, the ball is none but the “Coronavirus”. 

Facing such environments, all the scientists working in a sharing laboratory of the Universities or 
most conversional Institutes must or being forced to wear masks except those working in the “Internet 
Institute” such as the “Gordon Life Scient Institute” [1, 2]. And the results thus obtained will be most 
awarding as elaborated in [3]. As concurred by a series of interesting publications, particularly for the idea 
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of “Pseudo Amino Acid Composition” [4-99], and “5-Steps Rule” [100-140]. 

3. CONCLUSIONS 
For the planet where we are staying, after several rounds of the killings as described in the Section 2, 

its “End” will be expedited exponentially with time. Before its “End”, it will be most awarding to do science 
with the “Internet Institutes”. 
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