Open Journal of Business and Management, 2020, 8, 467-491
https://www.scirp.org/journal/ojbm

ISSN Online: 2329-3292

ISSN Print: 2329-3284

/
38 et
0.00 Publishing

Efficiency of Microfinance Institutes (MFIs) in
Cameroon: A Comparative Analysis of MFIs

Affiliated to CamCCUL and MC? Using DEA
Approach and the Tobit Censored Model

Parveen Ngum Neba, René Guy Omenguele, Jules Roger Feudjo

Management Sciences, University of Dschang, Dschang, Cameroon

Email: Panniverlord@yahoo.ca, Omenguelereneguy@yahoo.fr, jrfeudjodem@yahoo.fr

How to cite this paper: Neba, P.N,
Omenguele, R.G. and Feudjo, J.R. (2020)
Efficiency of Microfinance Institutes (MFIs)
in Cameroon: A Comparative Analysis of
MFIs Affiliated to CamCCUL and MC? Using
DEA Approach and the Tobit Censored Mod-
el. Open Journal of Business and Manage-
ment, 8, 467-491.
https://doi.org/10.4236/0jbm.2020.82029

Received: January 27, 2020
Accepted: February 10, 2020
Published: February 13, 2020

Copyright © 2020 by author(s) and
Scientific Research Publishing Inc.

This work is licensed under the Creative
Commons Attribution International
License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

Abstract

Microfinance is a means of the struggle against poverty in developing
countries through financing activities that generate incomes for poor
households. The concern of trying to render effective financial services to
the impoverished has brought up an in-depth argument among the Institu-
tionalists and Welfarists school of thought. This opposition faces two re-
quirements of Micro Finance: targeting the poorest among the poor (social
performance) and enhancing the profitability of the institution (financial
performance). The main research question is asking if there is a trade-off or
mutuality between financial sustainability and outreach of MFIs affiliated to
CamCCUL and MC? while the main objective is to investigate if there is
trade-off or mutuality between financial sustainability and outreach of
MFIs. After due research on 40 MFIs affiliate to CamCCUL and 40 from
MC? on the Efficiency of these MFIs using Data Envelope Analysis (DEA)
and the Censored Tobit model for the period of 2015 and 2016, we can say
that on an average base, both networks are not efficient and averagely, there
is trade off in both network; however, those affiliated to MC? are socially
performing than CamCCUL and on the other hand those affiliated to
CamCCUL are financially performing than MC2 We also realised that, the
size of an MFI, its location, subsidies and other related factors have a great
influence on their efficiency.
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1. Introduction

Most people find their selves in a dilemma when asking the question if Micro
Finance Institutions (MFIs) are sustainable and at the same time socially per-
formant. This question is ironic but nevertheless relevant if MFIs keep to their
“promise” of being an important tool of development [1].

For MFIs to be sustainable, they need to be financially performed but yet most
MFIs that lack the efficient infrastructure and human resources and who are
serving highly vulnerable populations tend to face huge challenges as far as sus-
tainability is concerned. Since funds of private investors will permit MFIs to
scale up, MFIs need to attract these private investors and in order to do so; they
are expected to cover their operation cost and even generate profit to finance
their growth. This will attract these private investors and will on the other hand
enable them to be sustainable. In order to evaluate effectively, manage and in-
centitize improvements in financial performance, transparent financing report-
ing is the key [2].

Most sector stakeholders have taken for granted the social utility of MFIs due
to their rapid expansion and visible success stories among its clients. This rela-
tive marginalization of social performance assessment resulted in a wealth of in-
formation on the financial aspects of MFIs but very little on the social side de-
spite it being Micro finance raison d’etre [3].

Some bystanders suggest a conflict, pointing to problems of mission drift ex-
perienced by MFIs that pursue profitability by emphasizing physical collateral,
large loans and targeting the better-off [4]. Others think synergy is very neces-
sary because according to them, social performance strengthens mutual trust,
clients’ participation and satisfaction which gives rise to higher repayment rates
and lowers transactions cost [5].

While these assertions draw on case studies, the research has not been exten-
sive enough to draw sector wide conclusions. Our research work brings empiri-
cal evidence or proves to this debate, drawing on the main findings of an
in-depth analysis of the relationship between financial performance and social
performance. After taking stock of the evidence that spark conventional wisdom
regarding the trade-off between MFIs’ contribution to development and their
financial sustainability based on our key parameters such as loan size, saving,
number of women, we highlight the diversity and pertinent trends of these ser-
vice providers. A data envelopment analysis and the Tobit Model have been used
to assess the social performance and financial performance of MFIs to determine
whether or not there is a trade-off between FP and SP making a comparative
analysis of MFIs affiliated to CamCCUL and MC? for the period of 2015 and
2016. In order to do so, we need to formulate a hypothesis.

Fraenken and Wallen 2000 contend that a hypothesis is a prediction of some
sort concerning the possible outcomes of a study. In another sphere, Feldman
1999 equally defined a hypothesis as a prediction stated in a manner that permits

them to be tested. In order to have a comprehensive stand at the end of this re-
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search work, we will state the hypothesis that will enable us to analyse and have a
stand at the end of this research work. In this light, the hypotheses of this study
can be stated as follows:

HI1: The Financial Performance of MFIs affiliated to CamCCUL is higher than
that of MFIs affiliated to MC2.

H2: The Social Performance of MFIs affiliated to CamCCUL is higher than
that of MFIs affiliated to MC2.

H3: The size of a MFI has a significant impact on the Efficiency of the MFL

2. Assessing the Double Bottom_Line of MFIs

Performance as a Multidimensional Concept

This is a subjective measure of how well a firm can use assets to attain its objec-
tive. It is a multidimensional concept which is very difficult to define. Two
problems arise when it comes to performance studies: how to define it and how
to measure it. Performance can be broken down in two sub concepts: effective-
ness and efficiency. While the former measure the ability to attain the organisa-
tional goal, the later measure the ability to attain the organisational goals at the
minimum costs. Different dimensions of performance include: financial perfor-
mance, social performance, societal performance, environmental performance,
global performance. The microfinance sector faces a dual objective usually re-
ferred to as the microfinance schism that is how to reach the maximum number
of poor (social performance) while remaining financially sustainable (financial
performance) [6].

As microfinance firms are viewed predominantly as instruments of social
change, their performance has been often measured by non-financial parame-
ters. The concept of social performance has seemed to overshadow the state of
financial health of these enterprises. However, the accepted criteria in a number
of studies to study the performance of any MFI have been the twin of Financial
Performance and Outreach [7]. However, there exist various social performance
assessment tools and institutionalized rating processes but assessment of finan-
cial performance has yet to gain ground.

Traditionally, some financial ratio like return on asset (ROA) and return on
equity (ROE) are used to measure financial performance [8]. However, with the
evolution of quantitative techniques, more sophisticated and inclusive measures
have been developed. This study focuses on the efficiency of microfinance insti-
tutions and to be more precise, on the financial and outreach efficiency of MFIs

in Cameroon.

3. Methodology

In order to achieve our objectives, our study will be articulated mainly around
two models: the Data Envelopment Analysis (DEA) model and the censored To-
bit model to analyse the social performance of micro finance institutions affi-
liated to CamCCUL and MC? using the combined method following the Output
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Oriented Approach.

3.1. The DEA Approach

Data Envelopment Analysis is a linear programming application aimed at eva-
luating the efficiencies of similar decision-making units (DMUs) based upon the
inputs and outputs associated with the DMUs [9].

DEA was initially proposed by Farrell (1957) He adopted the principle of
frontier analysis for firm’s efficiency assessment. Later, Charnes, Cooper, &
Rhodes (1978) consolidated this concept as a nonparametric analysis in using ef-
ficiency measurement [10]. DEA uses a linear programming methodology to
convert inputs used into outputs produced [11]. The attribution of this method
is an unfunctional model that is able to analyze multi-inputs and multi outputs.
In addition, DEA defines a “frontier” in order to compare the relative perfor-
mance of units/firms against the best producers. The efficiency score in DEA
model is ranged from zero to one. The highest score (one) defines maximum ef-
ficiency, while a score of less than one shows a firm’s inefficiency, indicating the
relative displacement away from the frontier. The two ways to consider efficien-
cy are to produce a greater quantity of outputs with the same number of inputs
and to use fewer levels of inputs with the same quantity of outputs.

The different concept of DEA depends on whether it is an input-oriented or
output oriented model and whether its condition presents a constant or varia-
ble-return-to-scale model. The input-oriented DEA model tries to minimize
quantity of input, producing the same level of outputs as the unit in question.
Meanwhile, the output oriented DEA model finds the way to maximize quantity
of output with the same amount of inputs as the unit in question. The con-
stant-return-to-scale (CRS) model supposes that output level is proportional to
the input level for a given unit. On the other hand, the variable-return-to-scale
(VRS) model allows the output level is proportionally higher or lower than an
increase in inputs.

As adapted from Charnes, Cooper, & Rhodes (1981), the output-oriented
CCR-DEA model measure the efficiency scores (E) for peer decision making
units or DMUs ( j=1,---,2). The efficiency assessment depends on the selected
outputs (Y,

»@=1--n) and inputs ( X,;,b=1---,m), expressed by the linear

programming methodology: the mathematical program used for the CCR ratio

is:

Max,, (u'y; /v'%)

ST uy, /v, <1 with J =1,2,---,N 1)
uv=0

where uis a vector of dimension (M X 1), and vis a vector of dimension (K x 1)
representing respectively the weights of the outputs and the inputs determined
by solution of the problem: that is to say, by the data of all the credit unions used
as reference set. Since that type of ratio allows an infinite number of solutions,

Charnes and Cooper (1962) developed a fractioned linear program. The latter
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selects a representative solution in each equivalence class and the dual linear

program which is associated is:

Min, , ()

ST-y.+YA1=0
yl (2)
O —XA>0
A20

where @1is a scalar that gives the measure of the technical efficiency of the consi-
dered cultivation, A is a vector (N x 1) of constants called multipliers. They in-
dicate the way that MFIs combine together to create the frontier to which the
i"™MFI will be compared, according to Farrell definition (1957). The problem is
solved N times, one time for each MFI in the sample, and generates N optimal
values of & and A. In the DEA program (2), the performance of a producer is
evaluated in terms of the producer capacity to reduce his vector of factors up to
the level of the best practice that has been observed [12].

The CCR model can be modified considering the hypothesis of variable re-
turns to scale. We just have to add a constraint N1 = 1 to the previous pro-

gramme. Then we have:

Min, , ()

ST -y, +YA>0
0% — XA>0 3)
N1'A=1
A=20

where Ml is a vector of dimension (N x 1).

Freixas et al (1997) distinguish three main approaches to the measurement of
financial institutions efficiency, the production approach, the intermediary ap-
proach, the financial approach (combination of production and intermediary),
the social approach, the gobal approach (combination of financial and social)
[13] and in addition to this, there is a most recent approach known as the mod-
ern approach which takes into account asymmetry of information and risk

management.

3.2. The Censored Tobit Model

Tobit model is also of considerable interest to explain DEA efficiency scores by
investigating the determinants of technical efficiency. as defined above, the DEA
score Falls between the interval 0 and 1—making the dependent variable a li-
mited dependent variable. A commonly held view in previous studies is that the
use of the Tobit model can handle the characteristics of the distribution of effi-
ciency measures and thus provide results that can guide policies to improve per-
formance. In recent years, many DEA applications use a two-stage procedure
involving both DEA and Tobit. DEA efficiency measures obtained in the first
stage are the dependent variables in the second stage Tobit model.

The goal of the second stage is to explore relationships between the technical
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efficiency measure and other relevant variables such as farm size, number of
plots, farmer’s age, and off-farm income.

The Tobit model was first suggested in the econometrics literature by Tobin
(1958). These models are also known as truncated or censored regression models
(the model is truncated if the observations outside a specified range are totally
lost and censored if one can at least observe the exogenous variables) where ex-
pected errors do not equal zero [14]. Therefore, estimation with an ordinary
least squares (OIS) regression of DEA scores would lead to a biased parameter
estimate since OIS assumes a normal and homoscedastic distribution of the dis-
turbance and the dependent variable (Maddala 1983; Amemiya 1984).

The standard Tobit model can be defined as follows for observation (farm i:

y =xB+u
i=12,---,n
y=y if y <0

y =0, otherwise

where u, ~ N (0, 0'2), X and g are vectors of explanatory variables and un-
known parameters, respectively.

They * is a latent variable and y is the DEA score (Amemiya 1984).

3.3. Data and the Specification of Variables

Though many research studies adopted the production approach, this study in-
tends to use a combined approach known as the intermediation approach in or-
der to capture the mission oriented role of MFI. More precisely, we consider a
financial intermediation and outreach approaches of efficiency measurement in
our study [15]. Both the financial and social DEA models will consist of the fol-
lowing inputs:

INPUTS

Capital, Savings And Other Deposits, Personnel Charges And, Bank operating
charges and Other Charges

OUTPUT

Lending volume (LOANS), Deposit volume (savings), Bank operations in-
come, Other income, Number of members, Number of woman borrowers and
Number of poor.

The efficiency coefficients and all the efficiencies analysis will be obtained by
using the Data Envelopment Analysis Program DEAP Version 2.1°.

As Concerns the Censored Tobit Model, the following Variables will be
used; After assessing these levels of efficiency, we are going to use a censored
Tobit model in order to identify factors affecting these levels of efficiency. Here
we are going to use the level of efficiency estimated with the DEA as the depen-
dent variable. Regulation ratios and other traditional factors will be used as in-
dependent variables. Explicitly, we are going to estimate the following equation:
Performance = f (SIZE, SIZE?, CAR, EFC, LIQUIDITY, RISK, FACR, SUB).
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CAR = Capitalisation or Capital Adequacy, RISK = risk coverage ratio,
LIQUIDITY = liquidity ratio; EFC = External Funding Coefficient measured the
share of debts in equity, FACR = fixed assets coverage ratio: SIZE = size of the
MFI measured by the Logarithm of total assets can lead to economy of scale in
the distribution of financial services and SUB = subsidies measured by a dicho-
tomous variable that 1 if the MFI received subvention in that particular year and
0 if not.

4. Results and Discussion

4.1. Description of Variables and Expected Signs

Table 1 shows the description of variables and the expected signs we will be

basing our analysis on as a point of reference.

4.2. Summary of Descriptive Statistics

Prior to the Data Envelopment Analysis and the Tobit estimation, a descriptive
analysis of all the variables used for the analysis is conducted. Table 2 present
the summary of descriptive statistics of CamCCUL data for 2015.

Results from Table 2 indicate that the average capital of the 40 MFIs affiliated
to CamCCUL selected for the study stands at 245 million with a standard devia-
tion of 406 million indicating very high variability of MFIs size measured by
capital with capital values ranging from 520,326 to 2.35 billion francs. In terms
of labour captured by payroll expenses, the average value for the CamCCUL
MFIs selected is estimated at 43.1 million while the standard deviation stands at
61.9 million which is far higher than the mean and which shows that there is
high disparity of size of MFIs measured by the number of employees. Labour va-
ries between 60,000 and 384 million. The mean value of other expenses exclud-
ing financial expenses is 61.8 million with a standard deviation of 89.3 million
revealing that there is wide dispersion of values around the mean with these val-
ues evolving from 85,160 to 567 million. The average savings of CamCCUL is

1.27 billion while the mean value of loan stands at 1.28 billion indicating very

Table 1. Description of variables and expected signs.

Variables Description Expected sign
Capital Adequacy Ratio (CAR) Capital/total Assets Positive
Risk Coverage Ratio (RISK) Capital/total risk incurred Positive
Liquidity Ratio (LIQUIDITY) Current financial assets/current liabilities Negative
External Funding Coefficient (EFC) Equity/Debts Positive
Fixed Assets Coverage Ratio (FACR) Permanent resources/total fixed assets Positive
Size of the MFI (SIZE) Natural logarithm of total assets Ambiguous
Subvention (SUB) Quantitative variable Ambiguous

Source: Computed by the author.
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Table 2. Summary of descriptive statistics for CamCCUL 2015.

Variable Obs Mean Std. Dev. Min Max
capital 40 2.45e+08 4.06e+08 520,326 2.35e+09
labour 40 4.31e+07 6.19e+07 60,000 3.84e+08

otherexp 40 6.18e+07 8.93e+07 85,160 5.67e+08
savings 40 1.27e+09 1.43e+09 5,276,785 7.52e+09

loan 40 1.28e+09 1.79e+09 3,194,640 9.97e+09
otherinc 40 2.31e+08 3.01e+08 163,990 1.80e+09
nab 40 4064.175 4281.97 176 25047
pwb 40 0.33055 0.1336923 0.002 1
alb 40 165,045.3 560,624.1 37.96944 3,574,956
assets 40 2.15e+09 3.33e+09 1.18e+07 2.05e+10
car 40 0.121055 0.0638601 0.0192 0.3437
risk 40 0.157365 0.0798098 —-0.0203 0.4707
liquidity 40 12.88836 48.31846 0.2727 220.6221
facr 40 3.944507 7.587734 —-0.6603 35.4445
efc 40 2.88396 2.47511 0.355 9.1045
sub 40 0.3 0.4640955 0 1

Source: Computed by the author.

high coefficient of transformation in the network (more than 100%). The aver-
age value of other income than financial income (bank operating income and
other income) is 231 million with a standard deviation of 301 million which re-
veals that there is wide dispersion around the mean. The minimum of other in-
come is 163,990 while the maximum is 1.8 billion.

On average the 40 MFIs count 4064 members with an average percentage of
women members of 33.055%. The huge disparity among the MFIs is also ex-
pressed in terms of number of members and percentage of female members as
values of number of active members fluctuate between 176 and 25,047. While
some MFIs had as low as 0.2% female members, others had all their members
who are female making a maximum value of female members (percentage of
women borrowers as named by scholars) of 100%. The average loan per bor-
rower mean value stands at 165,045.3 with a standard deviation of 560,624.1
which, once again depicts very high variability in the sample with values ranging
from 37.97 to 3,574,956.

The average value of total assets for the sample for the year 2015 is calculated
at 2.15 billion with huge disparity as indicated by the standard deviation of 3.33
billion. Values of total assets range between 11.8 million and 20.5 billion. Per-
formance in terms of regulatory ratios indicates that the average value of capital
adequacy ratio (CAR) is 12.11% while that of risk coverage ratio is 15.74%,
1288.84% for liquidity ratio and 394.35% for fixed assets coverage ratio (FACR)
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and 288.4% for external funding coefficient (EFC as a proxy for debt to equity).

These figures indicate that the network is averagely over liquid with lot of
disparities among the MFIs. Some MFIS exhibit very poor performances in
terms of risk coverage ratio and fixed assets coverage ratio with minimum values
being negative for both variables. In terms of subventions, results from descrip-
tive analysis indicate that 30% of the MFIs received subventions in 2015 as
against 70% of the MFIs which did not receive.

Comparatively, from Table 3 it should be noted that there was an increase in
the average value of capital of the selected MFIs affiliated to CamCCUL since
average capital move from 245 million to 263 million while labour experienced a
drop from 3 to 42.3 million which may be an indication of contraction in the
number of personnel or a more efficient management of payroll. Similarly, other
expenses excluding financial expenses also experience a fall between 2015 and
2016 moving from 61.8 million to 61.1 million on average. On the contrary,
there has been an increase of the mean value of savings and loan by about 0.6
billion and 0.28 billion respectively. However, the transformation coefficient
(loan/savings ratio) has drop as the volume of loans in 2016 is lower than that of
savings. Other income also drops from 231 million in 2015 to 212 million in
2016.

There is an increase in the average number of members with the values calcu-

lated at 4793 as against 4064 in 2015 while the percentage of women borrowers

Table 3. Summary of descriptive statistics for CamCCUL 2016.

Variable Obs Mean Std. Dev. Min Max
capital 40 2.63e+08 3.99e+08 315,973 2.31e+09
labour 40 4.23e+07 5.15e+07 642,000 3.19e+08

otherexp 40 6.11e+07 7.49e+07 1,012,775 4.54e+08
savings 40 1.87e+09 3.48e+09 1.57e+07 2.20e+10

loan 40 1.56e+09 2.51e+09 1,248,400 1.51e+10
otherinc 40 2.12e+08 2.75e+08 285,815 1.63e+09
nab 40 4793.475 6149.288 540 38,188
pwb 40 0.322 0.0592777 0.18 0.44
alb 40 137,462.5 474,627 47.3282 3,012,575
assets 40 2.38e+09 3.99¢+09 2.76e+07 2.50e+10
car 40 0.424025 1.952099 —-0.0419 12.45
risk 40 0.1193675 0.2156294 -0.8998 0.7956
liquidity 40 2.252262 2.833477 0 13.1717
facr 40 3.37164 6.385266 —2.6668 35.5396
efc 40 2.996065 2.770005 —-1.3489 10.2545
sub 40 0.325 0.4743416 0 1

Source: Computed by the author.
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(percentage of female members) reduces from 33.06% to 32.2% in 2016 with in-
crease in the minimum value to 18% (as compared to 0.2% in 2015) and a fall in
the maximum value to 44% (as opposed to 100% in 2015). The average loan per
borrower also experienced in 2016 a drop moving from 165,045 to 137,462.

First and foremost, it should be noted that as seen in Table 4 the same num-
ber of Decision Making Units (40 MFIs) affiliated to MC?* were used to carry out
the analysis as well. The average capital level is calculated at 76.2 million with a
standard deviation of 44.9 million revealing that there is a wide dispersion of
capital around the mean value ranging from a minimum capital of 11.7 million
to a maximum value of 242 million. These values revealed that though all the
MFIs belong to the same network, they are disparities of size of MFIs measured
in terms of capital. Furthermore, the mean value of total assets is 903 million
and the standard deviation is 549 million indicating that there high variability of
values around the mean. Total assets values range from 45.2 million to 1.99 bil-
lion confirming the fact that there is a diversity of MFIs within the same net-
work. The same analysis can be made with payroll charges. In fact, the mean
value of personnel charges is 11.8 million with a standard deviation of 7,249,345
with a minimum value of 1,444,320 and a maximum value of 32.6 million.

Furthermore, the average savings of MC? in 2015 is 711 million with a stan-
dard deviation of 473 million indicating huge differences in terms of savings mo-

bilisation among the MFIs with values ranging from 42 million to 1.69 billion.

Table 4. Summary of descriptive statistics for MC? 2015.

Variable Obs Mean Std. Dev. Min Max
capital 40 7.62e+07 4.49e+07 1.17e+07 2.42e+08
labour 40 1.18e+07 7,249,345 1,444,320 3.26e+07

otherexp 40 1.18e+07 7,249,345 1,444,320 3.26e+07
savings 40 7.11e+08 4.73e+08 4.20e+07 1.69e+09

loan 40 2.80e+08 2.03e+08 2.32e+07 9.18e+08
otherinc 40 6.39¢+07 4.15e+07 2,330,563 1.73e+08
nab 40 3182.55 1679.242 567 7325
pwb 40 0.25945 0.716121 0.08 0.45
alb 40 19,549.06 6780.73 4110.34 32,603.04
assets 40 9.03e+08 5.49¢+08 4.52e+07 1.99e+09
car 40 0.104355 0.0581284 0.0415 0.3329
risk 40 0.1329238 0.0576816 0.019 0.2885
liquidity 40 —2.496463 30.48055 —189.9234 13.7565
facr 40 3.466305 3.11688 0.3087 10.2935
efc 40 —-71.20931 471.5748 —-2979.087 9.8965
sub 40 0.3 0.4640955 0 1

Source: Computed by the author.
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Similarly, on average, the 40 institutions sampled for study distributed 280 mil-
lions in terms of loans. Just like savings, there is a wide variability around the
mean value given that the standard deviation is estimated at 203 million with
values ranging from a minimum of 23.2 million to 918 million.

The average number of members (clients) is calculated at 3183 and the stan-
dard deviation is 1679 indicating that there is a diversity of customer portfolio
from the MFIs. Number of clients in 2015 MC? sample ranges from 567 to 7253.
Also, average percentage of women clients is 25.95% with values ranging from
8% to 45%.

From Table 5, we realize that the 2016 descriptive analysis confirms the 2015
trend. The mean value of capital in 2016 for MC? MFTIs is calculated at 81.2 mil-
lion as compared to 76.2 million in 2015 which indicates that there has been an
increase in average capital from 2015 to 2016. Similarly, there has been an in-
crease in the average total assets value in 2016 as the mean value is calculated at
934 million as compared to 903 million in 2015. The same comment can be
made for personnel charges which increased from 11.8 million to an average
value of 14 million in 2016.

There has been an increase in other charges of MC? in 2016 moving from 11.8
million in 2015 to 14 million in 2016. This therefore suggests that despite at-
tempt to reduce expenses in CamCCUL in 016, other charges keep on increasing

in MC? network in 2016. However, this may also result in the expansion of

Table 5. Summary of descriptive statistics for MC? 2016.

Variable Obs Mean Std. Dev. Min Max
capital 40 8.12e+07 4.73e+07 1.31e+07 2.47e+08
labour 40 1.40e+07 8,638,735 2,136,421 3.89e+07

Other exp 40 1.40e+07 8,638,735 2,136,421 3.89e+07
savings 40 7.38e+08 5.01e+08 5.09¢+07 1.81e+09
loan 40 2.96e+08 2.17e+08 2.31e+07 9.10e+08

Other inc 40 6.94e+07 4.67e+07 3,469,299 1.97e+08

nab 40 3388.85 1801.164 592 8111
pwb 40 0.256 0.0793176 0.08 0.59
alb 40 19,588.84 6765.652 5860.302 33,900.39

assets 40 9.34e+08 5.81e+08 5.15e+07 2.07e+09
car 40 0.10711 0.0551568 0.0433 0.2989
risk 40 0.1350825 0.053119 0.0185 0.278

liquidity 40 7.211396 31.16928 0.0535 198.995

facr 40 3.624757 3.265309 0.3489 10.2909
efc 40 3.473526 3.245768 0.2565 10.2367
sub 40 0.3 0.4640955 0 1

Source: Computed by the author.
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some MFIs. Like many variables retained for the analysis, savings and loans in-
creased from 2015 to 2016 indicating a better savings mobilisation and more
loans distributed as they move from 711 million and 280 million in 2015 to 738

million and 296 million in 2016 respectively.

4.3. Results of Correlation Analysis

As a prelude to the data analysis proper, the study also carried out a correlation
analysis in order to detect possible problem of multicolinearity. However, it
should be noted that the multicolinearity problem concerns more of the Tobit
model variables given that problem of multicolinearity is not much a concern in
the DEA analysis.

Table 6 reports the pairwise correlation results among the main variables and
explore the potentials for multicollinearity, using a benchmark of 0.8 (Kennedy
2003). As we can see from Table 6, we can observe there is only one correlation
coefficient (0.9702) which is higher than our benchmark of 0.8 (Kennedy 2003).
The rest of the results therefore from the correlation analysis of the Tobit model
regressors reveals that there is no strong correlation among the independent va-
riables which therefore permits us to conclude that multicolinearity was not a
major concern in the model.

In Table 7, just like the previous correlation analysis, no correlation coefficient

Table 6. Pairwise correlation matrix for CamCCUL 2015.

assets car risk liquidity facr efc sub
assets 1.0000
car -0.0752 1.0000
risk 0.0917 0.1719 1.0000
liquidity 0.0676 —0.1862 -0.0799 1.0000
facr 0.0554 —0.1894 —-0.0353 0.9702 1.0000
efc 0.2281 0.0728 0.0805 0.1120 0.1330 1.0000
sub 0.2914 0.0802 0.3829 0.3570 0.3627 0.2168 1.0000

Source: Computed by the author.

Table 7. Pairwise correlation matrix for CamCCUL 2016.

assets car risk liquidity facr efc sub
assets 1.0000
car -0.0512 1.0000
risk 0.0770 0.0606 1.0000
liquidity 0.0029 —-0.0857 0.1457 1.0000
facr 0.0117 —-0.0532 0.1682 0.6417 1.0000
efc 0.2138 -0.0713 0.2850 0.0834 0.1432 1.0000
sub 0.2070 0.2202 -0.2133 0.2119 0.1493 —-0.0990 1.0000

Source: Computed by the author.
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reaches 0.8 which indicates that there exist only weak correlations among the va-
riables. As such multicolinearity is not a serious problem in the model.

Again, as seen in Table 8 no strong correlation could be established among
independent variables of the MC? variables for the year 2015. Conclusively, we
fail to suspect any major issue of multicolinearity among the variables.

From the analysis in Table 9, we realize that just like the 2015 correlation
analysis several strong and very strong correlation were established among va-
riables of the DEA. However, they have very little significance on the quality of
the results obtained through the DEA. However, as concerning the regressors of
the Tobit model, none of the correlation coefficient exceeded 0.6 which reveals

that there exist weak and very weak correlations among the variables.

4.4, Factors Affecting Financial and Social Efficiency
of CamCCUL and M(2

In order to identify and examine some determinants of the social and financial
performance of the two networks included in the study, we use the censored To-
bit model given the continuous but in a limited range of the efficiency scores
which fluctuate between ]0; 1]. However, it should be noted that the censored

Tobit model accommodate dependent variables which fluctuate in a limited

Table 8. Pairwise correlation matrix for MC? 2015.

assets car risk liquidity facr efc sub
assets 1.0000
car -0.5771 1.0000
risk 0.1368 0.2818 1.0000
liquidity -0.0145 0.0496 0.2689 1.0000
facr 0.1648 —-0.1436 0.0733 0.0068 1.0000
efc 0.0043 0.0245 0.2399 0.9972 0.0383 1.0000
sub -0.0539 -0.1174 0.1967 0.1225 —-0.0000 0.1055 1.0000

Source: Computed by the author.

Table 9. Pairwise correlation matrix for MC? 2016.

assets car risk liquidity facr efc sub
assets 1.0000
car —-0.5958 1.0000
risk 0.0539 0.2585 1.0000
liquidity -0.2331 0.4941 0.2112 1.0000
facr 0.1072 -0.1347 0.1114 -0.1477 1.0000
efc 0.1444 —-0.0658 0.5905 0.0173 0.5107 1.0000
sub -0.0322 -0.1507 0.2664 —-0.0837 -0.0790  -0.0017  1.0000

Source: Computed by the author.
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range that include 0 which is not the case with efficiency score since it is im-
possible to have a zero efficiency score. In order to fulfil this requirement and to
overcome this challenge, the study rather examine the determinants of financial
and social inefficiency (inefficiency is measured by 1 minus efficiency score).
Therefore inefficiency scores now vary in the interval [0; 1[ and thus, rendering
the censored Tobit operational. As such, a positive effect of a variable on ineffi-
ciency will imply that the variable exert a negative influence of efficiency and
vice versa.

Therefore, a left censoring is used to analyse the data and results presented in
Table 10.

Table 10 shows that the coefficient of size of the MFI is positive which implies
that there is a positive effect of size of the MFI on the financial inefficiency of
CamCCUL in 2015. Said otherwise, as the size of the MFI increases, its financial

efficiency reduces. Further results indicate that the coefficient of size squared is

Table 10. Determinants of efficiency of CamCCUL 2015.

1) 2 (3 4
VARIABLES Financial Social
inefficiency P>l inefficiency P>l
size 1.103 0.152 1.906 0.124
(0.752) (1.206)
size? -0.0286 0.134 —0.0464 0.125
(0.0188) (0.0295)
car -0.835 0.264 -0.490 0.575
(0.735) (0.865)
risk 0.694 0.189 1.217 0.111
(0.517) (0.742)
liquidity —0.00867*** 0.003 0.000390 0.939
(0.00268) (0.00507)
facr 0.0593*** 0.001 -0.0192 0.476
(0.0169) (0.0266)
efc 0.0302* 0.070 —0.000695 0.975
(0.0161) (0.0223)
sub -0.148 0.106 —0.0881 0.494
(0.0889) (0.127)
Constant -10.69 0.165 -19.51 0.124
(7.529) (12.35)
sigma 0.174%+* 0.273%*+*
(0.0294) (0.0452)
Observations 40 40

Note: Standard errors in parentheses; ***p < 0.01, **p < 0.05, *p < 0.1. Source: Computed by the author.
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negative which implies that there is negative effect of size squared on the finan-
cial inefficiency of CamCCUL. Since the coefficient of size squared is different
from that of size, we can conclude that there is a quadratic effect of size of the
MFI on their financial performance. In effect, there is a minimum size of the
MFT after which the MFI starts enjoying economies of scale. However, it should
be noted that both coefficients are statistically insignificant.

The coefficient of capitalisation measured by capital adequacy ratio is negative
which means that there is a negative effect of capitalisation on the financial inef-
ficiency of CamCCUL in 2015. In other words, the higher the MFIs capital to
assets ratio, the higher will be the MFI financial efficiency. However, this out-
come is statistically insignificant. In addition, there is a negative effect of risk
coverage ratio on the financial efficiency of CamCCUL in 2015 given that the
coefficient of risk coverage is positive (0.694). Once again, no significant rela-
tionship could be established with the variable.

The coefficient of liquidity ratio is negative (—0.00867) as seen in Table 10
which implies that there is negative effect of liquidity on the financial perfor-
mance of CamCCUL in 2015. In fact this result suggests that there is positive ef-
fect MFI liquidity on the financial performance of CamCCUL in 2015. An in-
crease in the liquidity of MFIs affiliated to CamCCUL will bring about an in-
crease in the financial performance of these MFIs by about 0.009 everything be-
ing equal. It should be noted that this result is significant at 1% level implying
that the variable is crucial for policy recommendations towards improving the
financial performance of CamCCUL microfinance institutions.

Unlike liquidity, the coefficient of fixed assets coverage ratio is positive
(0.0593) which indicates that there is a positive effect of FACR on the financial
efficiency of CamCCUL in 2015. Put differently, higher fixed assets coverage re-
duces the financial efficiency of CamCCUL by about 0.059 in 2015. Just like the
previous variable, this finding is statistically significant at 1% level. We can
therefore conclude that there is a negative and significant effect of fixed assets
coverage on the financial efficiency of CamCCUL in 2015.

Similarly, there is a negative effect of external funding coefficient on the fi-
nancial efficiency of CamCCUL in 2015 as the coefficient of EFC is positive
(0.0302) as shown in Table 10 indicating that external funding increases finan-
cial inefficiency of the MFIs affiliated to CamCCUL. More precisely, an increase
of external funding coefficient by 1 unit will lead to 0.03 fall in the financial effi-
ciency score of the network. It should further be noted that this result is signifi-
cant at 10% level which renders the variable important for policy designing.

A negative coefficient of subvention simply indicates that MFIs which receive
subsidies in 2015 were less likely to be financially inefficient as compared to
those who did not receive. Put otherwise, receiving subventions increased the
financial performance of CamCCUL affiliated MFIs in 2015. However, this out-
come is not significant at all.

Looking at factors affecting the social performance of CamCCUL in 2015, re-
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sults from data analysis in Table 10 indicates that social efficiency is positively
determined by capitalisation, external funding coefficient, fixed assets coverage
ratio and subventions. The positive effects of subventions on both financial and
social efficiency somehow confirm the welfarist postulate indicating that MFIs
needs assistance in order to meet up with their dual mission of financial and so-
cial performance. on the other side, risk coverage ratio and liquidity ratio com-
promise the social efficiency of CamCCUL in 2015. Though the quadratic effect
of the size of the MFI indicating the existence of a minimum size of MFI after
which the effect of size of MFI on the social efficiency CamCCUL in 2015 be-
comes positive, it should be noted that none of the variables included in the
model were found to be statistically significant.

Going by the results of MC? network in 2015 as seen in Table 11, results from
data analysis show that there also exists a minimum size of the MFI after which
the effect of size of MFI on the financial and social efficiency of MC? in 2015

Table 11. Determinants of efficiency of MC? 2015.

(€] (2 (3 4
VARIABLES
Financial inefficiency P> |t Social inefficiency P>t
size 8.659*** 0.001 7.820** 0.011
(2.395) (2.906)
size? —0.218*** 0.001 —0.196** 0.010
(0.0596) (0.0720)
car 1.463 0.261 -1.230 0.390
(1.280) (1.413)
risk 0.699 0.435 —-0.0952 0.923
(0.884) (0.973)
liquidity —-0.0288 0.159 —-0.00137 0.950
(0.0199) (0.0217)
facr —-0.00516 0.677 —5.80e-05 0.997
(0.0123) (0.0135)
efc 0.00180 0.166 1.05e-05 0.994
(0.00127) (0.00139)
sub —-0.0983 0.251 -0.0528 0.505
(0.0840) (0.0784)
Constant —85.89** 0.001 —77.55** 0.013
(24.09) (29.33)
sigma 0.196*** 0.188***
(0.0312) (0.0341)
Observations 40 40

Note: Standard errors in parentheses; ***p < 0.01, **p < 0.05, *p < 0.1. Source: Computed by the author.
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becomes positive. While results of size and size squared are significant at 1% lev-
el in the financial efficiency model, the same variable is significant at 5% level in
the social efficiency model. These findings therefore imply that the MFIs affi-
liated to MC? start by experiencing diseconomies of scale until a certain point
after which they start enjoying economies of scale both in terms of financial effi-
ciency and social efficiency.

Contrary to the finding from the CamCCUL network analysis of the same
year, results from MC? in 2015 as shown in Table 11 indicate that there is a pos-
itive effect of capitalisation (CAR) on the financial efficiency of the network
given that the coefficient of CAR is positive (1.463). An increase of capital ade-
quacy ratio by 1 point will result in a more than one point increase in financial
inefficiency (reduction in financial efficiency). However, just like the finding in
the CamCCUL model, this result is not significant. Though the effect of capitali-
sation on social efficiency is positive, again, the result from data analysis fails to
establish any significant relationship.

Further results from Table 11 also reveal that risk coverage ratio has a nega-
tive effect on the financial performance of MC? in 2015 whereas the variable in-
creases social efficiency. Again, no significant effect could be established as both
coefficients were found to be statistically insignificant. Liquidity ratio and fixed
assets coverage ratio increase the financial and social efficiency of MC? network
given that the coefficients of both variables are negative. Just like the previous
outcome, these coefficients are all insignificant. The same results could be ob-
served with subvention given that the variable has a negative but insignificant
effect on both financial and social inefficiency. On the contrary, external funding
coefficient exerts a positive effect on financial and social inefficiency of MC? in
2015, though this result is not significant. It can therefore be concluded that the
only significant determinant of MC? financial and social efficiency in 2015 is the
size of the MFI.

Consistently with the results of the CamCCUL network in 2015, results from
the same network in 2016 as seen in Table 12 indicate that there is quadratic ef-
fect of size of the MFI on the efficiency of MFIs affiliated to CamCCUL. This
U-shape relationship is materialised by the existence of a minimum size after
which the MFIs affiliated to CamCCUL begin to enjoy economies of scale. It
should also be noted that the results are significant 1% for the financial efficien-
cy coefficients and, 10% and 5% respectively for size and size squared in the so-
cial efficiency model.

The coefficient of capitalisation is negative (—0.0751) which indicates that
there is a negative effect of capital adequacy ratio on the financial inefficiency of
CamCCUL in 2016. Put otherwise, higher capitalisation of MFIs affiliated to the
CamCCUL network increases the financial efficiency in 2016 whereas the effect
is reverse when looking at social efficiency. Both coefficients are statistically in-
significant.

Both coefficients of risk coverage ratio in the financial and social inefficiency
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Table 12. Determinants of efficiency of CamCCUL 2016.

o)) @ 3 @
VARIABLES
Financial inefficiency P> |t Social inefficiency P> |t|
size 14.35%%* 0.001 2.222* 0.052
(4.103) (1.103)
size? —0.337*** 0.001 —0.0584** 0.042
(0.0967) (0.0275)
car -0.0751 0.808 0.0226 0.384
(0.306) (0.0256)
risk -0.195 0.118 —-0.650** 0.027
(0.122) (0.281)
liquidity —-0.000486 0.979 0.0189 0.401
(0.0186) (0.0222)
facr 0.00224 0.678 —-0.000508 0.958
(0.00533) (0.00963)
efc -0.0218* 0.087 0.0661*** 0.008
(0.0123) (0.0233)
sub -0.120* 0.072 —-0.109 0.403
(0.0642) (0.129)
Constant —152.7** 0.001 -20.77* 0.070
(43.50) (11.07)
sigma 0.123*** 0.283***
(0.0222) (0.0427)
Observations 40 40

Note: Standard errors in parentheses; ***p < 0.01, **p < 0.05, *p < 0.1. Source: Computed by the author.

models are negative signifying that there is a negative effect of risk coverage on
the financial and social performance of CamCCUL in 2016. In fact, increase in
risk coverage ratio by a unit will lead to an increase in financial and social effi-
ciency by 0.195 and 0.65 respectively. However only the coefficient of risk cov-
erage in the social efficiency model is significant at 5%.

Liquidity ratio reduces financial inefficiency of MFIs affiliated to CamCCUL
given that the coefficient of liquidity ratio is negative in the financial inefficiency
model. This therefore suggests that, increase in the liquidity of the MFIs will
bring about an increase in financial efficiency. The effect on social efficiency is
the reverse as the more liquid were the MFIs affiliated to CamCCUL in 2016, the
less is their social efficiency score. Contrary to liquidity, fixed assets coverage ra-
tio reduces financial efficiency of CamCCUL in 2016 while increasing social effi-
ciency. However, just like liquidity ratio, the coefficients of fixed assets coverage

ratio are statistically insignificant.
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Higher external funding coefficient (EFC) reduces financial inefficiency as the
coefficient of EFC was found to be negative (—0.0218) as shown in Table 12.
This result suggests that an increase of external funding coefficient will lead to
an increase of the financial efficiency of the network. This result is significant at
10% level. Moreover, the external funding coefficient was found to compromise
social efficiency of CamCCUL in 2016 as the coefficient of EFC in the social in-
efficiency model is positive. This therefore implies that, increase in the debt to
equity ratio of the MFIs affiliated to CamCCUL will bring about a fall of the so-
cial performance of the network. This second outcome is significant at 1% level.

Another key determinant of CamCCUL network financial efficiency in 2016 is
subventions. The negative sign of subvention in the financial inefficiency model
simply indicates that MFIs which receive subsidies in 2016 are less likely to be
financially inefficient (and therefore more likely to be financially efficient) as
compared to the MFIs which did not receive any subventions. This finding is
significant at 10% level. Also, though the coefficient of subvention in the social
inefficiency model is negative, no significant effect can be established. This im-
plies that there is a positive but insignificant effect of subvention on the social
efficiency of the network in 2016.

Results from Table 13 reveal that the U-shape relationship between size of the
MFI and both the financial and social efficiency of the MC? network in 2016 is
validated. In effect, the size of the institution has a negative effect on the finan-
cial and social performance of MC? until a minimum point after which the effect
of size of the MFI on its financial and social performance becomes positive.
These results are statistically significant and consistent with results of 2015 and
also that of CamCCUL for the same year.

The coefficient of capital adequacy ratio (CAR) is negative in the financial in-
efficiency model but positive in the social inefficiency model which implies that
there is a positive effect of capitalisation on financial efficiency of MC? network
in 2016 whereas the effect is negative on social efficiency. However, both coefti-
cients are not significant. Unlike capitalisation, risk coverage ratio (RISK) was
found to exert a negative but insignificant effect on the financial efficiency of
MC? network in 2016 while the effect is positive and yet statistically insignificant
on the social efficiency.

Contrary to expectation, higher liquidity ratio (LIQUIDITY) has a positive ef-
fect on both the financial and social inefficiency of the network. In other words,
increased liquidity reduces the financial and social efficiency of the MC? network
in 2016. Again, both coefficients are statistically insignificant. Similarly, fixed
assets coverage ratio (FACR) was also found to influence financial and social ef-
ficiency of the MC? network in 2016 negatively. But only the coefficient of FACR
in the financial model was recorded to be statistically significant at 10% level.
Finally, external funding coefficient (EFC) and subventions (SUB) exert a posi-
tive effect on financial efficiency while the effect on social efficiency is negative.

However, none of these variables are found to be statistically significant.
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Table 13. Determinants of efficiency of MC? 2016.

(1) (2 (3 @

VARIABLES
Financial inefficiency P>t Social inefficiency P>t
size 3.984* 0.078 5.897** 0.048
(2.189) (2.872)
size? -0.101* 0.071 —0.146** 0.048
(0.0539) (0.0706)
car -0.270 0.872 1.734 0.375
(1.659) (1.927)
risk 0.237 0.858 -0.504 0.733
(1.308) (1.462)
liquidity 0.00202 0.161 0.00196 0.249
(0.00141) (0.00167)
facr 0.0239* 0.095 0.0153 0.332
(0.0139) (0.0156)
efc —-0.0238 0.256 0.00143 0.950
(0.0206) (0.0225)
sub -0.0706 0.458 0.0580 0.579
(0.0940) (0.104)
Constant -39.17* 0.088 —59.81** 0.049
(22.24) (29.21)
sigma 0.216*** 0.233***
(0.0334) (0.0400)
Observations 40 40

Note: Standard errors in parentheses; ***p < 0.01, **p < 0.05, *p < 0.1. Source: Computed by the author.

4.5. Comparative Analysis of Efficiency Scores of CamCCUL and MC2

Recall that the intermediation approach was used to generate the efficiency
scores since the study do not consider MFIs like any other production unit
(production approach) which primary role is to achieve profit, but the study
views MFIs like financial intermediaries which collect savings from individual
with excess liquidity in order to lend them out to those in need of liquidity. In
addition, it should be noted that the output oriented DEA was used in compu-
ting the efficiency scores. Table 14 provides a summary of CamCCUL and MC?
average efficiency scores (financial and social) for the year 2015. The scores in-
clude the constant return to scale technical efficiency (CRSTE), variable return
to scale technical efficiency (VRSTE) and the scale efficiency (SCALE) which is
the ratio of CRSTE/VRSTE.

Results from Table 14 show that the average financial efficiency scores of
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Cameroon Cooperative Credit Union league (CamCCUL) are consistently high-
er than those of Mutuelle Communautaire de Croissance (MC?). Difference be-
tween the constant return to scale technical efficiency (CRSTE) and the variable
return to scale technical efficiency (VRSTE) indicates that most of the MFIs op-
erate at variable return to scale. Also, the CamCCUL network is averagely more
scale efficient than the MC? network. Unlike the financial efficiency, the
CamCCUL network is less efficient socially than the MC? network given that all
the scores of social technical efficiency for MC? exceed those of CamCCUL.

Furthermore, 7 MFIs affiliated to CamCCUL were found to be financially effi-
cient in the short run while 12 MFIs were financially efficient in the long run
(operate at their optimal level) while 8 MFIs affiliated to MC? were found to be
financially efficient in the short run ans 9 MFIs were financially efficient in the
long run. In a nutshell, 19 MFIs affiliated to CamCCUL were technically and fi-
nancially efficient in 2015 as against 17 MFIs for MC? in the same year. As per
social efficiency, 18 MFIs of the CamCCUL network were socially efficient while
21 MFIs affiliated to MC? were social efficient.

Table 15 shows results from the 2016 data analysis from both networks which
indicates that, once again, on average the CamCCUL network was more efficient
financially than the MC? network as the average constant return to scale technic-
al efficiency (CRSTE), the variable return to scale technical efficiency (VRSTE)
and scale efficiency (SCALE) of the CamCCUL network has consistently and
respectively exceeded the efficiency scores of MC? network.

On the contrary, the MC? network was more socially efficient than the
CamCCUL network given that the technical efficiency scores of the former ex-
ceeds that of the later in all aspects (CRSTE, VRSTE and SCALE). This result
suggests that there is possibility of trade-off between financial and social per-
formance in the two networks since the more financially efficient network is the

less socially efficient.

Table 14. Comparative efficiency scores for 2015.

Financial efficiency Social efficiency

CRSTE VRSTE SCALE CRSTE VRSTE SCALE

CamCCUL 0.837 0.880 0.953 0.798 0.847 0.938

MC? 0.778 0.849 0.920 0.875 0.895 0.975

Source: Computed by the author.

Table 15. Comparative efficiency scores for 2016.

Financial efficiency Social efficiency

CRSTE VRSTE SCALE CRSTE VRSTE SCALE

CamCCUL 0.892 0.931 0.959 0.681 0.714 0.959

MC? 0.753 0.831 0.911 0.855 0.866 0.987

Source: Computed by the author.
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4.6. Summary of Findings

From Table 16, we can realise that the MicroFinance Institutes that are affiliated
to CamCCUL are performing better in terms of financial performance than
those affiliated to MC?. On the other hand, we realise that the MicroFinance In-
stitutes affiliated to MC? are performing better in terms of social Performance
than those affiliated to CamCCUL.

Verifying the hypothesis partially, we can draw inspiration from the discus-
sion of findings and from Table 17, we realised that in the CamCCUL network,
out of 40MFIs, there is trade-off between FP and SP in 30MFIs and Mutuality in
10 during the year 2015 and in 2016 the number of trade off increased to 33. On
the other hand, we realised that in the MC? network, there is trade off n 28 MFIs
whereas there is mutuality in 12 during the period of 2015 and also the number
of trade-off increased to 31 in 2016.

From all this analysis, we say that on an average base, both networks are not
efficient and averagely, there is trade off in both network however, those affi-
liated to MC? are socially performing that CamCCUL and on the other hand
those affiliated to CamCCUL are financially performing than MC? This is due to

the differences in their size, location, capital, policy, management style, etc.

5. Limitation and Recommendations

1) LIMITATION
First of all, we have faced several problems at the level of data collection. Indeed

Table 16. Summary of results on both networks.

No. of MFIs that No. of MFIs that
NETWORK YEAR are Financial efficiency are Social efficiency

CRSTE VRSTE SCALE CRSTE VRSTE SCALE

CamCCUL 2015 12 19 13 16 18 16
MC? 2015 9 17 9 19 21 19
CamCCUL 2016 17 22 17 10 14 11
MC? 2016 7 15 9 17 19 17

Source: Author.

Table 17. Trade off and mutuality compared.

Trade off MUTUALITY

2015

CamCCUL 30 10
MC? 28 12
2016

CamCCUL 33 7
MC? 31 9

Source: Author.
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social and financial data concerning Cameroon’s Microfinance institutes are
very limited. However the existing data are difficult to access and sometimes
there are not available and classified as confidential especially those affiliated to
CamCCUL.

In addition, the DEA approach we used in this research work is a relatively
new technique in measuring the FP and SP of MFIs which have been used by
just some few authors in Cameroon. So not being an economist, it was very dif-
ficult for us to find someone who could analyse the data and it was also very
costly.

We would have love to carry out this finding over a period of five years to re-
ally see the impact of social performance on financial performance of MFIs affi-
liated to CamCCUL and MC? but the lack of data over several periods made us
to work just for the period of two years, made it impossible timing analysis that
would allow us to better appreciate the impact of financial performance on the
degree of social significance and vice versa.

2) RECOMMENDATIONS

a) FOR IMPROVEMENT

Firstly, we suggest the implementation a national regulation taking into ac-
count national and local realities. The microfinance regulatory framework was
merely a transposition of banks regulatory framework to the microfinance sector
with some little adaptation. The fact that it is designed at regional level does not
account for the national and local environment especially for the rural institutions.

Secondly, the creation of a rating agency in order to evaluate and publish the
performance of MFIs so that problems will be detected at early stage and tackled
in order to avoid crisis in the sector. This is because most Microfinance are not
being evaluated by expert and so the reality on ground is never reflected and so
we find MFIs which are being created today and in few years’ time they die up
because of poor performance. So if a rating agency is put in place comprising of
experts, after their evaluation, a holistic view of the various MFIs will be pictured
and after the rating is done, those performing poorly can do a sector ben-
chmarking and copy from exemplary MFIs to improve their practices before the
situation gets out of hand.

Thirdly the provision of support either financially or in kind (water, electrici-
ty, telephone, building...) especially to rural microfinance whose operational
costs are usually higher than those of their urban counterparts due to the lack of
some basic infrastructure.

Finally, both the government authorities and microfinance stakeholders should
sensitize the population especially those of the northern part of the country on
the importance of microfinance as a whole and micro saving in particular.

b) FOR FUTHER STUDIES

The present research work has covered a just a sample size of 40 MFIs both
from CamCCUL and MC? in Cameroon during the period of 2015-2016. The

future research can be carried out on a more comprehensive sample in terms of
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MFIs and time span.

Other method of DEA should be used and also in combination with different
approach other than Tobit to find out if the results will turn out to be the same
or not.

Some factors like technological advancement as telecommunication networks,
electricity, infrastructures, and ATMs are not incorporated in this research whe-
reas all these aspect also have a role to play as far as the performance of Micro
Finance Institutions is concerned. The future research can be conducted by in-

corporating such factors as well.

6. Significance and Main Contribution of the Research

This study titled “Efficiency of Microfinance Institutes in Cameroon, a compara-
tive analysis of MFIs affiliated to CamCCUL and MC? using the Data Envelop-
ment Analysis (DEA) approach and the Tobit Censored Model”.

This study which is integrating social performance and financial performance
will help provide microfinance practitioners with the skills, knowledge and tools
to develop financial statements and reports for meaningful analysis and moni-
toring, and that are in accordance with International Financial Reporting Stan-
dards.

Also it will help authors who have been writing on the topic of measuring the
performance of MicroFinance Institutions but who have been neglecting the so-
cial aspect to have a more comprehensive view and to see the importance of in-
tegrating social performance before carrying out the measurement of perfor-
mance of MicroFinance Institutions.

Furthermore, this work will also be important to the less privilege and the
poor because integrating their aspect in the measurement of the MicroFinance
Institutions’ performance will make them know that they are important and
form an integral part of these Institutions.

In addition, it is also going to serve as secondary data to those who wish to

carry out further studies on this subject matter.

7. Conclusion

After due research on 40 MFIs affiliate to CamCCUL and 40 from MC? on the
Financial Performance and Social Performance of these MFIs using and inter-
mediation oriented DEA model for the period of 2015 and 2016 we can con-
clusively say that, there is trade-off between Financial Performance and Social
performance of MFIs affiliated to CamCCUL while there is Mutuality between
Financial Performance and Social Performance of MFIs affiliated to MC? This
might be because of the differences in: The lending style employed by the two
groups of MFI, The range of the services they offer, their size, The profit sta-
tus, The ownership structure, The sources of funds, The contract design, The
Organizational structure, The Client targeting policies and Management tech-

niques.
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