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Abstract 
The identification and understanding of COVID-19 potential routes of 
transmission are fundamental to informing policies and strategies to success-
fully control the outbreak. Various studies highlighted asymptomatic infec-
tions as one of the silent drivers of the epidemic. An accurate estimation of 
the asymptomatic cases and the understanding of their contribution to the 
spread of the disease could enhance the effectiveness of current control strat-
egies, mainly based on the symptom onset, to curb transmission. We investi-
gate the dynamics of the COVID-19 epidemic in Northern Ireland during the 
period 1st March 25th to December 2020 to estimate the proportion of the 
asymptomatic infections in the country. We extended our previous model to 
include the stage of the asymptomatic infection, and we implement the corres-
ponding deterministic model using a publicly available dataset. We partition 
the data into 11 sets over the period of study and fit the model parameters on 
the consecutive intervals using the cumulative number of confirmed positive 
cases for each interval. Moreover, we assess numerically the impacts of uncer-
tainty in testing and we provide estimates of the reproduction numbers using 
the fitted parameters. We found that the proportion of asymptomatically in-
fectious subpopulations, in Northern Ireland during the period of study, 
ranged between 5% and 25% of exposed individuals. Also, the estimate of the 
basic reproduction number, 0 , is 3.3089. The lower and upper estimates 
for herd immunity are (0.6181, 0.7243) suggesting that around 70% of the 
population of Northern Ireland should acquire immunity via infection or 
vaccination, which is in line with estimates reported in other studies.  
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1. Introduction 

The mathematical modelling of infectious disease has a long history and has in 
recent years been a key element of the investigation of infections in human and 
animal populations [1]-[6]. Moreover, mathematical modelling is now firmly 
established as a key tool in public health and in health care planning, and in 
guiding the responses to infections [7] [8]. Soon after the report of the presump-
tive respiratory tract zoonosis caused by the novel coronavirus in 2019 [9] [10] 
[11] that had the potential to cause multi-system illness and death and with the 
clear person-to-person transmission it became clear that there was a potential 
for a worldwide pandemic of a novel virus in a virgin population [12] [13] [14] 
[15]. Considerable scientific and medical interest quickly led to rapid progress in 
the development of insights into the pathogenesis of COVID-19 disease with the 
definition of its cellular receptor [16] and basic characteristics [17]. Since then, 
despite the challenges posed by this unknown disease, see [18], mathematical 
modelling of the epidemic has been reported [19]-[31] and used to guide and 
inform public health, economic and political decisions [32] [33] [34]. Epidemi-
ological data soon indicated that the epidemic had very different characteristics 
in different populations and the importance of local factors (social, cultural, 
demographic, economic, transport infrastructure, housing, etc.) in determining 
epidemic development became clear [33] [34]. Such factors argue for the crucial 
need for the use of modelling in the context of local environments and we took 
advantage of a detailed data set from the Northern Ireland Department of Health 
as a platform for our modelling efforts. We recently described our basic SEIR 
model and demonstrated it provides a robust description of the Northern Irel-
and COVID-19 epidemic in 2020 [35]. 

As with other respiratory infections, such as influenza, the spread is seen 
across spatial scales. The majority of transmission events occur in household and 
household-like settings such as nursing homes, prisons, communal housing for 
workers, etc. [36]. Early in the pandemic, it became clear that there was a varia-
ble but significant pre-symptomatic period for many (if not all) infected individu-
als. Furthermore, studies from a range of locations have provided support for 
this idea and the duration of pre-symptomatic infection appears to range from 5 
to 11 days [37]. Over and above this, there is clear evidence for asymptomatic 
infection without any symptoms reviewed in [38]. Most of the reports of this 
asymptomatic phenomenon were retrospective in nature and cross-sectional 
with limited longitudinal data. Since they were usually serendipitous in nature, 
the studies have significant methodological failings including poor symptom de-
finition, inadequate follow-up and concerns about testing protocols [39]. Nev-
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ertheless, the available evidence points to asymptomatic infection being a highly 
prevalent phenomenon. While we remain ignorant of much of the biology un-
derpinning this phenomenon viral loads seem similar [40] and asymptomatic 
transmission of infection is well documented [37] [38] [39] [40] [41] [42]. It follows 
that both pre-symptomatic and asymptomatic cases are potential of great signi-
ficance in driving infection [36] [43]. 

An additional area of uncertainty in defining the dynamics of the COVID-19 
pandemic has been the consideration of uncertainty in testing. Broadly COVID-19 
testing incorporates three techniques: 1) PCR detection of viral nucleic acid; 2) 
antigen detection, and 3) antibody detection. For all of those techniques, there is 
a range of commercial kits available. However, Axell-House et al. [44] argued 
that many current studies evaluating test performance characteristics were not me-
thodologically robust with sub-optimal statistical methods for the estimation of 
test performance characteristics. Similar concerns have been voiced elsewhere 
[45]-[54]. Moreover, there has also been a concern about the use of differing tC  
threshold values in PCR tests [53] [55]. These methodological issues remain un-
resolved and so the comparison of reports from different jurisdictions and 
health care systems is problematic. This is significant since that error (or at least 
uncertainty) in tests will be significantly impacting prevalence data, i.e., how 
many positives there are in a population [54]. 

Here, we extend our recently described SEIR model of COVID-19 in the set-
ting of Northern Ireland to investigate the impact of differing levels of asymp-
tomatic transmission and the impact of test uncertainty on the model. More spe-
cifically, by using our model, introduced in Section 2.2, we are able to model the 
course of the COVID-19 epidemic in Northern Ireland in 2020, including the 
level of asymptomatic cases. 

2. Materials and Methods 
2.1. Data 

In Northern Ireland (NI), the Department of Health (DoH) publishes daily up-
dates of COVID-19 related data [56]. As with our earlier study [35], we restricted 
the analysis to the period from 1st March 2020 up to 25th December 2020. This 
period is well documented, significant new restrictions were imposed on 26th De-
cember 2020 [57], and we avoid the as yet uncertain impact of COVID-19 strains 
[58] [59]. 

This study is based on data sets from the aforementioned period, particularly 
on the time series of the daily number of confirmed cases i.e., positive tests or 
the daily incidence of infection, represented in Figure 1. However, the basic 
model, described below, provide the number of symptomatic infectious individ-
uals from the infected subpopulation at any given time 0t ≥ , i.e., the preva-
lence of infection. To overcome this issue, we generated the number of cumula-
tive cases from our data set, and extended the basic model so that it provides the 
estimation of the cumulative cases at any given time 0t ≥ . Figure 2 depicts the  
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Figure 1. Daily number of positive tests in Northern Ireland from 1st March 2020 to 25th 
December 2020 [56]. 
 

 

Figure 2. Cumulative number of reported positive tests in Northern Ireland from 1st 
March 2020 to 25th December 2020. 
 
cumulative number of confirmed cases in Northern Ireland from 1st March 2020 
to 25th December 2020. 
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Furthermore, we divide the period from 1st March 2020 to 25th December 2020 
into 11 overlapping intervals , 0, ,10iT i = � , such that: 
 The first 10 intervals, , ,, , 0, ,9i i l i rT t t i = =  �  with 1, ,i l i rt t+ = , have an 

equal length of 29 days;  
 The last interval, 10 10, 10,,l rT t t =    with 10, 9,l rt t= , has a length of 21 days. 

As such, the first interval mostly covers the period before the first nationwide 
lockdown introduced in the United Kingdom (UK) on 27th March 2020. Let iD  
denote the data from the ith interval iT . During this study, the population size 
of Northern Ireland, N was kept at the estimated value of 1,893,700 [60] with no 
incoming or outgoing travel. 

2.2. The Transmission Model 

Various deterministic compartmental models have been used to model the early 
phase of the outbreaks in various countries. The most widely used model is an 
SIR model. The SIR model assumes infectiousness right after the exposure to the 
causative agent. However, there is an incubation period of 6 days on average, see 
e.g., [61] [62] [63]. Also, a large-scale meta-analysis [64], that includes 104 stu-
dies with 20,152 COVID-19 infections from 12 countries, estimates the level of 
asymptomatic cases to be around 13.34% of the infectious subpopulation. Simi-
larly, another meta-analysis estimates the extent of asymptomatic infections to 
be 17% [65]. Notice that using an SIR model, this aspect of the infection cannot 
be addressed. To incorporate this and other epidemiological characteristics in 
modelling COVID-19 epidemic beyond the early growth in the number of posi-
tive tests, we use several copies of an SEIAR model, whose transmission diagram 
is depicted is Figure 3, in approximating the course of the pandemic in North-
ern Ireland in 2020. The variables represent the number of susceptible (S), ex-
posed (E), symptomatic infectious (I), asymptomatic infectious (A) and recov-
ered (R) individuals in a population of size N S E I A R= + + + + . We sum-
marize the meaning of the state variables in Table 1. 

The disease is transmitted in two routes: 1) at a rate 0β > , from a sympto-
matically infectious individual to a susceptible one; 2) at a reduced rate βρ , from 
an asymptomatically infectious individual to a susceptible one, where ( )0,1 .ρ ∈ . 
 

 

Figure 3. Transmission diagram for the SEIAR model (1). The meaning of the parame-
ters is collected in Table 2. 
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Table 1. State variables of [1]. 

Variable Meaning 

( )S t  The number of susceptible individuals at time t in the population. 

( )E t  The number of exposed individuals at time t in the population. 

( )I t  The number of symptomatically infective individuals 
at time t in the population. 

( )A t  The number of asymptomatically infective individuals 
at time t in the population. 

( )R t  The number of recovered individuals at time t in the population. 

 
The infected individuals are moved to the exposed comparment. Individuals 
from compartment E move to compartment I at a rate 0a > , where 

1
a

 is the 
average incubation period, with probability [ ]1 0,1p− ∈ . Similarly, after 

1
a

 
incubation time but with probability [ ]0,1p∈ , people move from compartment 
E to compartment A, that is, the probability of being asymptomatically infec-
tious is p. Subjects from compartment I and A progress to compartment R  

at a rate 0Iγ >  and 0Aγ > , where 1

Iγ
 and 1

Aγ
 is the average duration of  

infection in compartment I and A, respectively. Furthermore, we assume that 
the population size N is independent of time, and the exposure to the pathogen 
offers immunity for the time period of the study. Notice that the model is with-
out vital dynamics, that is we do not consider the effect of birth and death 
processes including population flux into and out of NI, hence  
N S E I A R= + + + + . Thus, the described flow of the disease transmission re-

sults in: 
( )

( )

( )1 I

A

I A

S I A
S

N
S I A

E aE
N

I p aE I
A paE A
R I A

β ρ

β ρ

γ
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γ γ

+
= −

+
= −

= − −
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                      (1) 

To approximate the dynamics of COVID-19 in Northern Ireland on the 11 
consecutive intervals, defined in Section 2.1, we use the following modification 
of (1): 
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with initial values: 

( )
( )

( ) ( ) ( ) ( ) ( ) ( )( )

0 0 0 0 0 0
,

1 1, 1 1, 1 1, 1 1, 1 1, , 1 1,

, , , , ,

14,2,0,12,0,0 , 0,

, , , , , , 1 10.

i i i i i c i

i i r i i r i i r i i r i i r c i i r

S E I A R I

N i

S t E t I t A t R t I t i− − − − − − − − − − − −

 − == 
≤ ≤

 (3) 

where 0, ,10i =   and ( ), , , ,i i i i iS E I A R  non-negative real variables. The addi-
tional variable, ( ),c iI t , does not affect the transmission dynamics; its role is to 
capture the cumulative number of COVID-19 cases. The meaning of the non-nega- 
tive parameters , ,, , , ,i i i I i A iaβ ρ γ γ  and ip  is summarized in Table 2. Also, in 
Table 2, we provide the ranges used in the fitting process described in Section 
2.4. 

We assume that i i i i iN S E I A R= + + + +  is independent of i. 

2.3. Basic Reproduction Number 

In characterizing the early phase of a disease outbreak, the so-called “basic re-
production number”, 0 , is the most commonly used metric. This transmissi-
bility quantifying number is defined as the mean number of secondary infections 
induced by an infective in a completely susceptible population. In general, if  

0 1>  an epidemic occurs, and larger values of 0  can signify complex chal-
lenges for controlling the outbreak. In addition, the formula of 0 , provides use-
ful information to design intervention measures to control an outbreak. For (2), 
we define: 

0,
, ,

1
,i i i

i i
I i A i

p p ρ
β

γ γ
 −

= +  
 

                    (4) 

which is a threshold number for (2), see [66]; that is, no epidemic occurs and the 
disease dies out if 0 1≤ . However, as the epidemic progresses, in the subsequent 
intervals the defining assumptions of 0  are not satisfied. For instance, it might 
be that ( ), 1i i lI t   for some 1, ,10i =   or, since we assume complete immuni-
ty after recovery, the population is not fully susceptible anymore after some time. 
Therefore, in Section 4, we provide the so-called effective reproduction number 
defined as: 
 
Table 2. Ranges of parameters in (2), 0, ,10i =  . 

Parameter Meaning Range 

iβ  Transmission rate 0 - 1 

iρ  Infectiousness reduction in asymptomatic 0.2 - 0.5 

1
ia−  Average “incubation” period (days) text 2 - 12 

1
,I iγ −  Average symptomatic infectious period (days) 2 - 6 

1
,A iγ −  Average asymptomatic infectious period (days) 2 - 5 

ip  The probability of being asymptomatic text 0.05 - 0.25 
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( )
, 0, .t i i

S t
N

=   

However, we note that, by using the data, ( )
0.9520

S t
N

≈  for 10,rt t= . 

2.4. Parameter Fitting 

We estimated the parameters in (2) by fitting its variable ,c iI  to iD , the data 
from the ith interval iT , as follows. For each time interval , 0, ,10iT i = � , nu-
merical solutions of the model (2) with initial condition (3) were generated while 
the corresponding nonlinear curve-fitting problem was solved in the least-squares 
sense. The ranges of the positive parameters ,, , , ,i i I i i ia pβ γ ρ  and ,A iγ , used in 
the fitting process, are given in Table 2. We set these ranges so that they contain 
the widely accepted intervals of the considered parameters [61] [62] [67]-[72]. 

The fitting process for each time interval iT  was initiated with 1 5iβ = , 
1 9ia = , , 19 100I iγ = , 1 3iρ = , 1 8ip =  and , 1 14A iγ =  for 0, ,9i = � , in 

addition for 0i = , we used [ ]0
0 2 1 8,1 2E e e= ∈ −  and [ ]0

0 12 1 8,1 2A e e= ∈ − . All 
the computations were made by using MATLAB [73] leveraging the functions 
ode 23 and lsqcurvefit. We denote the resulting solution of (2) and its ,c iI  com-
ponent by iΨ  and iϒ , 0, ,10i = � , respectively. 

2.5. Confidence Intervals 

The confidence intervals were created by using a parametric bootstrap method 
described in [74], which, in order to keep the presentation self-contained, we 
describe briefly. From iϒ , we derived the fitted daily incidence of infection,  

{ }300

1j j=
Ξ , and generated a new random sequence of daily incidence of infection, 

{ }300

1i j j
δ

=
∆ =  from the Poisson distribution specified by the rate parameter  

, 1, ,300j jΞ = � . Finally, after obtaining i∆  on , 0, ,10iT i = � , we fitted (2) to 

i∆  by applying the steps detailed in Section 2.4. By repeating these steps 10 
times, we obtained parameter estimates iΠ  and initial values 0 0

0, 0,, , 1, ,10i iE A i = �  
which we used in constructing the corresponding confidence intervals. More spe-
cifically, because of the sample size and the unknown standard deviation of the 
sample, we used the inverse cumulative distribution function of the Student’s t 
distribution. 

2.6. Modelling Testing Uncertainty 

To investigate the effects of uncertainty in testing—as described in Section 1, we 
ran simulations with random parameter sets; and we kept a set of parameters if 
the solution of (2) generated by the given parameter set satisfied a certain condi-
tion. More specifically, by using Latin Hypercube Sampling [75], we generated 
parameter sets of 5000 samples from i

iCI π , { }, ,, , , , ,i i i I i i i A ia pπ β γ ρ γ∈ , 
0, ,10i = � . Furthermore, using the same method, for 0i = , samples of initial 

values 0E  and 0A  were generated. For 0i > , we used (3) with the components 
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of iΨ . After obtaining the numerical solution of (2) with a set of parameters 
and initial conditions, we kept the solution, together with the corresponding pa-
rameters and initial values, when it satisfied: 

( ) ( ) ( ), , , ,1 , 1 , 1, ,5000; 1, ,10
100 100

j
c i i r i i r i i r

P PI t D t D t j i    ∈ − + = =        
� �  (5) 

where 20P =  in this study, that is, we assume 20% uncertainty in testing. 

2.7. Bounds L
i0,  and U

i i0, , 0, ,10= �  

To provide a range of possible values of 0,i , we used the parameters kept in 
Section 2.6, and (4) to find bounds 0,

L
i  and 0,

U
i  of 0,i . These are not ne-

cessary sharp bounds since we may miss, when sampling, parameters affecting 

0,
L

i  and 0,
U

i . 

3. Results 

We successfully fitted (2) to the number of individuals tested positive for COVID- 
19. Our model, incorporating a compartment for asymptomatic individuals, pro-
vides estimates on the size of this subpopulation. However, it is very difficult to 
obtain realistic picture about the level of asymptomatic infections without mass- 
testing. Nevertheless, our incidence-based model indicates that the probability of 
being infectious without symptoms ranged between 0.0754 and 0.25 following 
the pattern of Non-Pharmaceutical Interventions (NPIs) in NI in 2020. Detailed 
presentation of our estimates with confidence interval can be found in Table 7, 
which are in good agreement with the recent study [77]. 

In Tables 3-8, we present the parameters provided by the fitting algorithm 
described in Section 2.4. For those parameters, confidence intervals, computed 
by the method described in Section 2.5, are also provided in Tables 3-8. Based 
on these parameters, we also provide estimates of the basic and the effective re-
production numbers using (4) and the procedure described in Section 2.7. 

In Figure 4 and Figure 5, we plotted the solution of (2) when 0i = , that is 
for the period between 1st to 29th March 2020. Our estimate of 0  for this pe-
riod is 3.3089; also 0,0 2.6190L ≈  and 0,0 3.6277U ≈ . Furthermore, in Table 9, 
we present the weekly estimates of D

t  for the period of study, provided by the 
Department of Health of Northern Ireland. We can use these estimates to ap-
proximate required size of the immunised population (via infection or vaccina-
tion) to prevent large subsequent waves of infection. Namely, since the mini-
mum level of vaccination, with vaccine giving 100% immunity, to achieve herd 
immunity is: 

0

11 ,ch = −


                          (6) 

provided 0 1> , see [78]. Using 0,0  from Table 10, we obtain the following 
estimate of the herd immunity. 
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Figure 4. The cumulative number cases and the ,0cI  component of the numerical solu-

tion of (2) with ( ) ( )0 0 0 0 0 0 0 0 0 0
0 0 0 0 0 ,0 0 0 0 0, , , , , , ,0, ,0,0cS E I A R I N E A E A= − − � �� �  and parameters from 

Table 10. Horizontal axis: days from 01/03/2020. 
 

 

Figure 5. The numerical solution of compartment E, I, A and R of (2) with  

( ) ( )0 0 0 0 0 0 0 0 0 0
0 0 0 0 0 ,0 0 0 0 0, , , , , , ,0, ,0,0cS E I A R I N E A E A= − − � �� �  and parameters from Table 10. Ho-

rizontal axis: days from 01/03/2020. 
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Table 3. The estimates of iβ . 

i iβ  CI i
i
β  

0 0.6072 0.5742 0.6854 

1 0.5051 0.4192 0.5523 

2 0.4646 0.3679 0.4770 

3 0.0512 0.0239 0.0721 

4 0.1582 0.1443 0.1700 

5 0.4441 0.4149 0.6814 

6 0.5129 0.3518 0.5387 

7 0.7017 0.6349 0.7207 

8 0.1907 0.1694 0.2055 

9 0.1632 0.1551 0.1637 

10 0.2563 0.2443 0.2655 

 
Table 4. The estimates of ia . 

i ia  CI ia
i  

0 0.2696 0.2547 0.3299 

1 0.1975 0.1954 0.2383 

2 0.1426 0.1407 0.1622 

3 0.0833 0.0826 0.0966 

4 0.0833 0.0832 0.0836 

5 0.1180 0.0910 0.1248 

6 0.0833 0.0818 0.1028 

7 0.0833 0.0823 0.0911 

8 0.0833 0.0828 0.0846 

9 0.0846 0.0842 0.0865 

10 0.1370 0.1173 0.1413 

 
Table 5. The estimates of ,I iγ . 

i ,I iγ  ,CI I i
i
γ  

0 0.1667 0.1655 0.2114 

1 0.4852 0.4001 0.5218 

2 0.5000 0.3708 0.5096 

3 0.1667 0.1250 0.2757 

4 0.1667 0.1649 0.1712 
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Continued 

5 0.1667 0.1398 0.3054 

6 0.3541 0.2094 0.3571 

7 0.2071 0.1744 0.2161 

8 0.2489 0.2159 0.2695 

9 0.1667 0.1666 0.1670 

10 0.1667 0.1656 0.1770 

 
Table 6. The estimates of iρ . 

i iρ  CI i
i
ρ  

0 0.3399 0.2559 0.3673 

1 0.4017 0.3472 0.4774 

2 0.4993 0.4132 0.4997 

3 0.5000 0.4021 0.5379 

4 0.5000 0.3495 0.5304 

5 0.4999 0.3938 0.5111 

6 0.4680 0.2933 0.4843 

7 0.4322 0.3084 0.4486 

8 0.4966 0.3908 0.5244 

9 0.2000 0.1695 0.3504 

10 0.4999 0.3539 0.5280 

 
Table 7. The estimates of ip . 

i ip  CI ip
i  

0 0.1166 0.0993 0.1206 

1 0.0754 0.0577 0.1710 

2 0.0500 0.0341 0.1232 

3 0.2500 0.2500 0.2500 

4 0.2500 0.2373 0.2526 

5 0.2500 0.1598 0.2617 

6 0.1179 0.0949 0.1981 

7 0.1431 0.1279 0.1823 

8 0.2500 0.2448 0.2520 

9 0.2500 0.2488 0.2505 

10 0.2500 0.1225 0.2590 
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Table 8. The estimates of ,A iγ . 

i ,A iγ  ,CI A i
i
γ  

0 0.2663 0.2228 0.3737 

1 0.4235 0.2799 0.4604 

2 0.4235 0.3926 0.4623 

3 0.2000 0.1651 0.3000 

4 0.2000 0.1962 0.2099 

5 0.2000 0.1953 0.2211 

6 0.2000 0.1988 0.2862 

7 0.2000 0.1885 0.2645 

8 0.3102 0.2589 0.3429 

9 0.2000 0.2000 0.2002 

10 0.2000 0.1904 0.3161 

 
Table 9. Weekly estimates of D

t  for the period of study, provided by the Department 
of Health of Northern Ireland [76]. 

Day Date D
t  

87 26-05-2020 0.8 - 1.0 

94 02-06-2020 0.7 - 0.9 

101 09-06-2020 0.5 - 0.9 

108 16-06-2020 0.6 - 0.9 

115 23-06-2020 0.6 - 0.9 

122 30-06-2020 0.3 - 0.8 

129 07-07-2020 0.5 - 1.0 

136 14-07-2020 0.5 - 1.0 

143 21-07-2020 0.9 - 1.5 

150 28-07-2020 0.5 - 1.0 

157 04-08-2020 1.2 - 1.4 

164 11-08-2020 1.5 - 1.7 

171 18-08-2020 1.2 - 1.6 

178 25-08-2020 1.2 - 1.6 

185 01-09-2020 1.1 - 1.4 

192 08-09-2020 1.1 - 1.4 

201 17-09-2020 1.0 - 1.3 

206 22-09-2020 1.4 - 1.8 
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Continued 

213 29-09-2020 1.2 - 1.6 

220 06-10-2020 1.3 - 1.8 

227 13-10-2020 1.4 - 1.8 

234 20-10-2020 1.0 - 1.3 

241 27-10-2020 0.8 - 1.1 

248 03-11-2020 0.6 - 0.9 

255 10-11-2020 0.7 - 0.95 

262 17-11-2020 0.9 - 1.1 

269 24-11-2020 0.75 - 0.95 

276 01-12-2020 0.9 - 1.1 

283 08-12-2020 0.9 - 1.1 

290 15-12-2020 1.0 - 1.2 

297 22-12-2020 1.05 - 1.25 

 
Table 10. Parameter estimates from the fitting process. 

i iβ�  iρ�  ia�  ,I iγ�  ,A iγ�  ip�  0,i  

0 0.6072 0.3399 0.2696 0.1667 0.2663 0.1166 3.3089 

 

0,0

11 0.6978.ch = − ≈


                     (7) 

Furthermore, by using 0,0
L  and 0,0

U , we get a lower and an upper esti-
mate for herd immunity: 

0,0 0,0

1 1: 1 0.6181 and : 1 0.7243.L U
c cL Uh h= − = = − =

 
 

Notice that: 

0, ,9

1: max 1 0.4D
c Di

t

h
=

 
= − = 

 � 
                    (8) 

which is significantly lower than the estimate (70% - 80%) recently reported in 
the news [79]. Furthermore, in Table 10 and Table 11, we collected the para-
meter estimates, and initial values of E and A, respectively. The latter indicates 
that approximately 5 exposed and 6 asymptomatic individuals on 1st March 2020 
in NI could have triggered the epidemic in the country. Using the values from 
Table 10 and Table 11, we plotted the result of a simulation to explore the 
course of a hypothetical epidemic without any NPIs in NI in 2020 (Figure 6). 

Similarly to Figure 4, Figure 7 depicts the fitted solution together with data 
points for i = 1, …, 10. Also, Figure 8 and Figure 9 shows simulation results 
when i = 0, …, 5 and i = 0, …, 10, respectively. 
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Figure 6. The hypothetical course of the epidemic without lockdown as the result of a 
simulation with values from Table 10 and Table 11. 
 

 

Figure 7. The cumulative number cases and the ,c iI  component of the numerical solu-

tion of (2) with (3) and parameters from Tables 3-8. Horizontal axis: days from  
01/03/2020. 
 
Table 11. Estimates for the initial values of 0E , the number of exposed individuals, and 

0A , the number of asymptomatic individuals from the fitting process at the beginning of 
the study, 01/03/2020 together with 95% confidence intervals. 

  CI 

( )0 0E  5.1597 1.7482 6.0893 

( )0 0A  6.1533 3.0484 10.5712 
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Figure 8. The numerical solution of compartments iE , iI  and iA  of (2) for 0, ,5i = �  

with initial conditions ( ) ( )0 0 0 0 0 0 0 0 0
0 0 0 0 ,0 0 0 0 0, , , , , ,0, ,0,0 , 0cS E I R I N E A E A i= − − =� �� �  and (3) wh- 

en 0i > . 
 

 

Figure 9. The numerical solution of compartments iE , iI  and iA  of (2) for 
0, ,10i = �  with initial conditions 

( ) ( )0 0 0 0 0 0 0 0 0
0 0 0 0 ,0 0 0 0 0, , , , , ,0, ,0,0 , 0cS E I R I N E A E A i= − − =� �� �  and (3) when 0i > . 
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In Tables 3-8, we present the fitted parameter values for 0, ,10i = �  to-
gether with the 95% confidence intervals. Using these parameter values, we 
computed numerical solutions of (2) using (3) for 0, ,10i = � . The results of 
the solutions are plotted in Figures 10-12. More specifically, Figure 10 shows 
the solution components for the first 29 days of the epidemic. The solution 
components for the first wave of the epidemic, the first 169 days, are plotted in 
Figure 11. Furthermore, in Figure 12, we plotted solutions of (1) by using (3) 
for 0, ,10i = � . In addition to the solution profiles, in Figures 10-12, we also 
plotted results of the procedure, described in Section 2.6, to illustrate the effects 
of testing uncertainty. Finally, in Table 12, we provide the number of solutions 
satisfying (5). 

Table 13 summarizes the findings on 0, , 0, ,10i i = � , calculated by using 
(4). In addition, the table contains the values of 0,

L
i  and 0,

U
i , obtained by the 

method described in Section 2.7 where 0, ,10i = � . The findings on  

0, , 0, ,10i i = �  are visualized in Figure 13. 

4. Conclusions 

We fitted our model (2) to the daily incidence of COVID-19 in Northern Ireland  
 
Table 12. The number of solutions kept after the procedure described in Section 2.6. 

i 0 1 2 3 4 5 6 7 8 9 10 

Solutions 
kept 1e3 

1.852 3.125 4.965 5 5 4.951 4.868 4.912 5 5 5 

 

 

Figure 10. Time profiles of variable of (2) with the values from Tables 3-8. First row from left to right: 0S , 0E  and 0I , second 
row from left to right: 0A , 0R  and ,0cI . The shaded regions are obtained by the method explained in Section 2.6 to visualize the 

effects of uncertainty in testing. 
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Figure 11. Time profiles of variable of (2) with the parameter values from Tables 3-8. First row from left to right: iS  and iE , 
second row from left to right: iI  and iA , and third row iR  and , , 0, ,5c iI i = � . The shaded regions are obtain by the method 

explained in Section 2.6 to visualize the effects of uncertainty in testing. 
 
in 2020; the data are provided by the Department of Health, and they are pub-
licly available. The main finding of this study is that the proportion of asympto-
matically infectious subpopulations ranged between 5% and 25% in Northern Irel-
and in 2020. Our estimate of the basic reproduction number, 0 , is 3.3089. This 
implies that around 70% of the population of NI should acquire immunity via  
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Figure 12. Time profiles of variable of (2) with the parameter values from Tables 3-8. First row from left to right: iS  and iE , 
second row from left to right iI  and iA , and third row iR  and , , 0, ,10c iI i = � . The shaded regions are obtain by the method 

explained in Section 2.6 to visualize the effects of uncertainty in testing. 
 
infection or vaccination. This estimate is in the range of estimates reported in oth-
er studies, see e.g., [80]. Also, by using 0,

L
i  and 0,

U
i  from Table 13, we obtained 

a lower and an upper estimate for herd immunity ( )0.6181,0.7243 . 
A justifiable criticism of our modelling is the lack of precision in the defini-

tion of asymptomatic COVID-19 infection. Indeed this has been a source of  
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Figure 13. t  using the estimates of 0, , 0, ,10i i = � , in Table 13. 

 
Table 13. Estimates of 0,i  using (4) and parameter values from Tables 3-8 and the 

process explained Section 2.7. 

i Days 0,i  0,
L
i  0,

U
i  

0 0 28 3.3089 2.6190 3.6277 

1 28 56 0.9986 0.8216 1.1455 

2 56 84 0.9101 0.6893 1.2074 

3 84 112 0.2623 0.0759 0.4676 

4 112 140 0.8107 0.7048 0.8801 

5 140 168 2.2762 1.2584 4.0554 

6 168 196 1.4193 0.9155 2.2919 

7 196 224 3.1208 2.6087 3.6668 

8 224 252 0.6511 0.5330 0.7999 

9 252 280 0.7750 0.7354 0.8037 

10 280 300 1.3136 1.1363 1.4475 

 
concern and confusion since the beginning of the pandemic [37] [38]. The initial 
case definition focused entirely on fever and cough. In particular, through the 
Zoe self-reporting phone app, see [81] [82], anosmia rapidly became recognized 
as a very common feature of COVID-19 infection. Subsequently, a wide range of 
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other symptoms has been associated in some (but by no means all) COVID-19 
patients [77] [83]. These include fatigue, muscle and chest pain, nausea, head-
ache, breathlessness, abdominal pain, diarrhoea, hoarse voice, skin lesions and 
swelling (particularly on lips and face), finger and toe lesions, eye pain and a 
host of other features [77] [83]. Indeed the range of features is so broad yet also 
so variable in any given patient that none of the clinical features have significant 
diagnostic specificity and merely raise the possibility of COVID-19 infection and 
thus require laboratory test confirmation [83] [84]. Thus from an initially restric-
tive case definition, there is now evidence of extraordinary pleiotropism of ef-
fects of the virus. So what should be the definition of asymptomatic COVID-19 
infection? Is it lacking the cardinal features of the infection, or is it lacking any 
of the possible clinical features? This complex issue remains unresolved. How-
ever, what is clear is that there is a substantial subset of patients who have either 
no symptoms or symptoms that are so mild and non-specific that only the most 
suspicious might consider COVID-19 infection [37] [38] [39] [40] [43]. It thus 
remains the case that consideration of an asymptomatic compartment is an im-
portant aspect of disease modelling. Moreover, it should be emphasized in stu-
dies as the asymptomatic (or very mildly symptomatic) are likely to be an im-
portant conduit for the infection of others [36] [37] [43] [85]. It is also the case 
that since COVID-19 has a long (and often variable) incubation period and that 
this may include a pre-symptomatic phase, where the patient is possibly shed-
ding virus, the potential role of this phase in onwards transmission needs to be 
considered [36]. 

Methodological issues relating to false positive and false negative results in 
COVID-19 testing have been of concern throughout the pandemic [44]-[55]. Of 
particular note are the lack of precise information about false positive and false 
negative rates and the concern about the over-sensitivity of PCR when high num-
bers of cycles are used [53] [55]. To investigate the possible significance of this 
we sought to model the potential impact of test uncertainty and found that di-
agnostic variability (due to any cause, as we cannot model specific methodologi-
cal issues) can dramatically impact the modelling predictions. This is particular-
ly evident in Figure 11 where considerable variation in case rates emerges de-
pending on test performance. Clearly, in our retrospective analysis, this is prob-
ably not a major concern but it does highlight its potential impact on modelling. 
Indeed where mathematical models are used to prospectively forecast the dy-
namics of the epidemic, and critical outcomes such as the number of hospitaliza-
tions and the need for ITU (Intensive Therapy Unit) beds, then much greater 
attention to the operating characteristics of COVID-19 testing is essential. In-
deed, from the mathematical epidemiological perspective, it appears to be a 
much-neglected issue and warrants much greater attention. 

There are many aspects of the ongoing epidemic of COVID-19 we did not 
consider in this study. For instance, as reported in [86] [87] [88], environmental 
differences, seasonal weather patterns might have significant effects on the spread 
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and the severity of the disease. Also, our model (2) captures only the sympto-
matic and the asymptomatic spread, however, as we mentioned in the introduc-
tion, the presymptomatic spread is yet another potentially important source of 
infection. Last but not least, the vaccination programme in NI started in December 
2020, and a good understanding of its effects on the epidemic requires a careful 
assessment, in particular, the subsequent NPI relaxation strategies. A recent UK- 
wide modelling of vaccination and control strategies [89], suggests that only a 
carefully designed combination of immunization and NPI relaxation has the po-
tential of driving 0  below 1. 

Note Added at Proof 

Since the completion of this study and it had the original submission of a series 
of variants of COVID-19 which has emerged and some have become highly pre-
valent. Indeed, variants such as Delta and, more recently, Omicron have novel 
properties, in terms of infectivity and pathogenicity, which give them markedly 
different epidemiological characteristics. Delta and then Omicron have in turn 
become dominant in many populations. These variants are more likely to be 
transmitted by vaccinated persons compared to earlier variants, despite very 
good individual protection against severe diseases courses after vaccination [90] 
[91] [92]. Strikingly Omicron appears to be more infectious with a shorter incu-
bation period and milder disease. Preliminary reports suggest that it may have a 
higher frequency of asymptomatic illness. Such data suggest that our analysis of 
the early phases of the pandemic, where Alpha and Beta variants predominate, 
may not be directly analogous to the current situation, underscoring the rapid 
evolution of COVID-19. Notwithstanding, to these important new variants and 
their properties, our general strategy remains valid and the information reported 
is highly relevant. Further studies of novel variants in the Northern Irish and 
other contexts are essential, building on the work reported here. 

Acknowledgements 

Moutari, S. would like to acknowledge the support from Innovate UK through the 
Knowledge Transport Partnership scheme (Projects S2377MPH and S2417MPH). 

Conflicts of Interest 

The authors declare no conflicts of interest regarding the publication of this pa-
per. 

References 
[1] Kermack, W.O. and McKendrick, A.G. (1927) A Contribution to the Mathematical 

Theory of Epidemics. Proceedings of the Royal Society of London. Series A, Con-
taining Papers of a Mathematical and Physical Character, 115, 700-721.  
https://doi.org/10.1098/rspa.1927.0118 

[2] Anderson, R.M. and May, R.M. (1979) Population Biology of Infectious Diseases: 

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.1098/rspa.1927.0118


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 212 Open Journal of Modelling and Simulation 
 

Part I. Nature, 280, 361-367. https://doi.org/10.1038/280361a0 

[3] May, R.M. and Anderson, R.M. (1979) Population Biology of Infectious Diseases: 
Part II. Nature, 280, 455-461. https://doi.org/10.1038/280455a0 

[4] Anderson, R.M., et al. (1994) Populations, Infectious Disease and Immunity: A Very 
Nonlinear World. Philosophical Transactions of the Royal Society B, 346, 457-505.  
https://doi.org/10.1098/rstb.1994.0162 

[5] Li, M.Y. (2018) An Introduction to Mathematical Modeling of Infectious Diseases, 
Volume 2 of Mathematics of Planet Earth. Springer, Berlin. 

[6] Barbarossa, M.V., Dénes, A., Kiss, G., Nakata, Y., Röst, G. and Vizi, Z. (2015) Trans-
mission Dynamics and Final Epidemic Size of Ebola Virus Disease Outbreaks with 
Varying Interventions. PLoS ONE, 10, e0131398.  
https://doi.org/10.1371/journal.pone.0131398 

[7] Siettos, C.I. and Russo, L. (2013) Mathematical Modeling of Infectious Disease Dy-
namics. Virulence, 4, 295-306. https://doi.org/10.4161/viru.24041 

[8] Alahmadi, A., Belet, S., Black, A., Cromer, D., Flegg, J.A., House, T., Jayasundara, 
P., Keith, J.M., McCaw, J.M., Moss, R., et al. (2020) Influencing Public Health Policy 
with Data-Informed Mathematical Models of Infectious Diseases: Recent Develop-
ments and New Challenges. Epidemics, 32, Article ID: 100393.  
https://doi.org/10.1016/j.epidem.2020.100393 

[9] Wu, F., Zhao, S., Yu, B., Chen, Y.-M., Wang, W., Song, Z.-G., Hu, Y., Tao, Z.-W., 
Tian, J.-H., Pei, Y.-Y., et al. (2020) A New Coronavirus Associated with Human Res-
piratory Disease in China. Nature, 579, 265-269.  
https://doi.org/10.1038/s41586-020-2008-3 

[10] Zhou, P., Yang, X.-L., Wang, X.-G., Hu, B., Zhang, L., Zhang, W., Si, H.-R., Zhu, Y., 
Li, B., Huang, C.-L., et al. (2020) A Pneumonia Outbreak Associated with a New Co-
ronavirus of Probable Bat Origin. Nature, 579, 270-273.  
https://doi.org/10.1038/s41586-020-2012-7 

[11] Zhu, N., Zhang, D.Y., Wang, W.L., Li, X.W., Yang, B., Song, J.D., Zhao, X., Huang, 
B.Y., Shi, W.F., Lu, R.J., et al. (2020) A Novel Coronavirus from Patients with Pneu-
monia in China, 2019. New England Journal of Medicine.  
https://doi.org/10.1056/NEJMoa2001017 

[12] Li, H., Burm, S.W., Hong, S.H., Ghayda, R.A., Kronbichler, A., Smith, L., Koyanagi, 
A., Jacob, L., Lee, K.H. and Shin, J.I.L. (2021) A Comprehensive Review of Corona-
virus Disease 2019: Epidemiology, Transmission, Risk Factors, and International Res-
ponses. Yonsei Medical Journal, 62, 1. https://doi.org/10.3349/ymj.2021.62.1.1 

[13] Hu, B., Guo, H., Zhou, P. and Shi, Z.-L. (2020) Characteristics of SARS-CoV-2 and 
COVID-19. Nature Reviews Microbiology, 19, 141-154.  
https://doi.org/10.1038/s41579-020-00459-7 

[14] Cevik, M., Bamford, C. and Ho, A. (2020) COVID-19 Pandemica Focused Review 
for Clinicians. Clinical Microbiology and Infection, 26, 842-847.  
https://doi.org/10.1016/j.cmi.2020.04.023 

[15] Cevik, M., Kuppalli, K., Kindrachuk, J. and Peiris, M. (2020) Virology, Transmis-
sion, and Pathogenesis of SARS-CoV-2. British Medical Journal, 371, m3862.  
https://doi.org/10.1136/bmj.m3862 

[16] Bhalla, V., Blish, C.A. and South, A.M. (2020) A Historical Perspective on Ace2 in the 
COVID-19 Era. Journal of Human Hypertension, 1-5.  
https://doi.org/10.1136/bmj.m3862 

[17] van Eijk, L.E., Binkhorst, M., Bourgonje, A.R., Offringa, A.K., Mulder, D.J., Bos, E.M., 

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.1038/280361a0
https://doi.org/10.1038/280455a0
https://doi.org/10.1098/rstb.1994.0162
https://doi.org/10.1371/journal.pone.0131398
https://doi.org/10.4161/viru.24041
https://doi.org/10.1016/j.epidem.2020.100393
https://doi.org/10.1038/s41586-020-2008-3
https://doi.org/10.1038/s41586-020-2012-7
https://doi.org/10.1056/NEJMoa2001017
https://doi.org/10.3349/ymj.2021.62.1.1
https://doi.org/10.1038/s41579-020-00459-7
https://doi.org/10.1016/j.cmi.2020.04.023
https://doi.org/10.1136/bmj.m3862
https://doi.org/10.1136/bmj.m3862


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 213 Open Journal of Modelling and Simulation 
 

Kolundzic, N., Abdulle, A.E., van der Voort, P.H.J., Olde Rikkert, M.G.M., et al. (2021) 
COVID-19: Immunopathology, Pathophysiological Mechanisms, and Treatment Op-
tions. The Journal of Pathology, 254, 307-331. 

[18] Bertozzi, A.L., et al. (2020) The Challenges of Modeling and Forecasting the Spread 
of COVID-19. Proceedings of the National Academy of Sciences, 117, 16732-16738.  
https://doi.org/10.1073/pnas.2006520117 

[19] Lin, Q., et al. (2020) A Conceptual Model for the Coronavirus Disease 2019 (COVID- 
19) Outbreak in Wuhan, China with Individual Reaction and Governmental Action. 
International Journal of Infectious Diseases, 93, 211-216.  
https://doi.org/10.1016/j.ijid.2020.02.058 

[20] IHME COVID-19 Forecasting Team (2020) Modeling COVID-19 Scenarios for the 
United States. Nature Medicine, 27, 94-105. 

[21] Davies, N.G., et al. (2020) Effects of Non-Pharmaceutical Interventions on COVID-19 
Cases, Deaths, and Demand for Hospital Services in the UK: A Modelling Study. 
The Lancet Public Health, 5, e375-e385.  
https://doi.org/10.1016/S2468-2667(20)30133-X 

[22] Giordano, G. (2020) Modelling the COVID-19 Epidemic and Implementation of 
Population-Wide Interventions in Italy. Nature Medicine, 26, 855-860.  
https://doi.org/10.1038/s41591-020-0883-7 

[23] Sebastiani, G., Massa, M. and Riboli, E. (2020) COVID-19 Epidemic in Italy: Evolu-
tion, Projections and Impact of Government Measures. European Journal of Epi-
demiology, 35, 341-345. https://doi.org/10.1007/s10654-020-00631-6 

[24] Aràndiga, F., et al. (2020) A Spatial-Temporal Model for the Evolution of the COVID- 
19 Pandemic in Spain Including Mobility. Mathematics, 8, 1677.  
https://doi.org/10.3390/math8101677 

[25] Böhmer, M.M., et al. (2020) Investigation of a COVID-19 Outbreak in Germany 
Resulting from a Single Travel-Associated Primary Case: A Case Series. The Lancet 
Infectious Disease, 20, 920-928. https://doi.org/10.1016/S1473-3099(20)30314-5 

[26] Hoertel, N., et al. (2020) A Stochastic Agent-Based Model of the SARS-CoV-2 Epi-
demic in France. Nature Medicine, 26, 1417-1421.  
https://doi.org/10.1038/s41591-020-1001-6 

[27] Humphries, R., et al. (2020) A Metapopulation Network Model for the Spreading of 
SARS-CoV-2: Case Study for Ireland. https://doi.org/10.1101/2020.06.26.20140590 

[28] Röst, G., et al. (2020) Early Phase of the COVID-19 Outbreak in Hungary and Post- 
Lockdown Scenarios. Viruses, 17, 708.  
https://doi.org/10.1101/2020.06.02.20119313 

[29] Azanza, C. and Hernandez-Vargas, E.A. (2020) Epidemiological Characteristics of 
COVID-19 in Mexico and the Potential Impact of Lifting Confinement across Re-
gions. Frontiers in Physics, 8, 458. https://doi.org/10.3389/fphy.2020.573322 

[30] Barbarossa, M.V., Fuhrmann, J., Meinke, J.H., Krieg, S., Varma, H.V., Castelletti, N. 
and Lippert, T. (2020) Modeling the Spread of COVID-19 in Germany: Early As-
sessment and Possible Scenarios. PLoS ONE, 15, e0238559.  
https://doi.org/10.1371/journal.pone.0238559 

[31] Carcione, J.M., Santos, J.E., Bagaini, C. and Ba, J. (2020) A Simulation of a COVID- 
19 Epidemic Based on a Deterministic Seir Model. Frontiers in Public Health, 8, 
230. https://doi.org/10.3389/fpubh.2020.00230 

[32] Boldog, P., Tekeli, T., Vizi, Z., Dénes, A., Bartha, F.A. and Röst, G. (2020) Risk As-
sessment of Novel Coronavirus COVID-19 Outbreaks outside China. Journal of 
Clinical Medicine, 9, 571. https://doi.org/10.3390/jcm9020571 

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.1073/pnas.2006520117
https://doi.org/10.1016/j.ijid.2020.02.058
https://doi.org/10.1016/S2468-2667(20)30133-X
https://doi.org/10.1038/s41591-020-0883-7
https://doi.org/10.1007/s10654-020-00631-6
https://doi.org/10.3390/math8101677
https://doi.org/10.1016/S1473-3099(20)30314-5
https://doi.org/10.1038/s41591-020-1001-6
https://doi.org/10.1101/2020.06.26.20140590
https://doi.org/10.1101/2020.06.02.20119313
https://doi.org/10.3389/fphy.2020.573322
https://doi.org/10.1371/journal.pone.0238559
https://doi.org/10.3389/fpubh.2020.00230
https://doi.org/10.3390/jcm9020571


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 214 Open Journal of Modelling and Simulation 
 

[33] Eggo, R.M., Dawa, J., Kucharski, A.J. and Cucunuba, Z.M. (2021) The Importance 
of Local Context in COVID-19 Models. Nature Computational Science, 1, 6-8.  
https://doi.org/10.1038/s43588-020-00014-7 

[34] Rhodes, T., Lancaster, K., Lees, S. and Parker, M. (2020) Modelling the Pandemic: 
Attuning Models to Their Contexts. BMJ Global Health, 5, e002914.  
https://doi.org/10.1136/bmjgh-2020-002914 

[35] Hall, P.A., Kiss, G., Kuhn, T., Moutari, S., Patterson, E. and Smith, E. (2021) Ma-
thematical Modelling of the COVID-19 Epidemic in Northern Ireland in 2020. 
Open Journal of Modelling and Simulation, 9, 91-110.  
https://doi.org/10.4236/ojmsi.2021.92006 

[36] Lee, E.C., Wada, N.I., Grabowski, M.K., Gurley, E.S. and Lessler, J. (2020) The En-
gines of SARS-CoV-2 Spread. Science, 370, 406-407.  
https://doi.org/10.1126/science.abd8755 

[37] Lee, S., Meyler, P., Mozel, M., Tauh, T. and Merchant, R. (2020) Asymptomatic Car-
riage and Transmission of SARS-CoV-2: What Do We Know? Canadian Journal of 
Anesthesia, 67, 1424-1430. https://doi.org/10.1007/s12630-020-01729-x 

[38] Oran, D.P. and Topol, E.J. (2020) Prevalence of Asymptomatic SARS-CoV-2 Infec-
tion: A Narrative Review. Annals of Internal Medicine, 173, 362-367.  
https://doi.org/10.7326/M20-3012 

[39] Meyerowitz, E.A., Richterman, A., Bogoch, I.I., Low, N. and Cevik, M. (2020) To-
wards an Accurate and Systematic Characterisation of Persistently Asymptomatic 
Infection with SARS-CoV-2. The Lancet Infectious Diseases.  
https://doi.org/10.1016/S1473-3099(20)30837-9 

[40] Zou, L.R., Ruan, F., Huang, M.X., Liang, L.J., Huang, H.T., Hong, Z.S., Yu, J.X., 
Kang, M., Song, Y.C., Xia, J.Y., et al. (2020) SARS-CoV-2 Viral Load in Upper Res-
piratory Specimens of Infected Patients. New England Journal of Medicine, 382, 
1177-1179. https://doi.org/10.1056/NEJMc2001737 

[41] Chong, M.Y., et al. (2020) Retrospective Diagnosis of COVID-19 in an Asympto-
matic Patient Undergoing Emergency Surgery. Open Journal of Anesthesiology, 10, 
277-283. https://doi.org/10.4236/ojanes.2020.108024 

[42] Pouwels, K.B., House, T., Pritchard, E., Robotham, J.V., Birrell, P.J., Gelman, A., 
Vihta, K.-D., Bowers, N., Boreham, I., Thomas, H., et al. (2021) Community Preva-
lence of SARS-CoV-2 in England from April to November, 2020: Results from the 
ONS Coronavirus Infection Survey. The Lancet Public Health, 6, e30-e38.  
https://doi.org/10.1101/2020.10.26.20219428  

[43] Nikolai, L.A., Meyer, C.G., Kremsner, P.G. and Velavan, T.P. (2020) Asymptomatic 
SARS Coronavirus-2 Infection: Invisible Yet Invincible. International Journal of In-
fectious Diseases, 100, 112-116. https://doi.org/10.1016/j.ijid.2020.08.076 

[44] Axell-House, D.B., Lavingia, R., Rafferty, M., Clark, E., Amirian, E.S. and Chiao, E.Y. 
(2020) The Estimation of Diagnostic Accuracy of Tests for COVID-19: A Scoping 
Review. The Journal of Infection, 81, 681-697.  
https://doi.org/10.1016/j.jinf.2020.08.043 

[45] Jarrom, D., Elston, L., Washington, J., Prettyjohns, M., Cann, K., Myles, S. and 
Groves, P. (2020) Effectiveness of Tests to Detect the Presence of SARS-CoV-2 Vi-
rus, and Antibodies to SARS-CoV-2, to Inform COVID-19 Diagnosis: A Rapid Sys-
tematic Review. BMJ Evidence-Based Medicine.  
https://doi.org/10.1136/bmjebm-2020-111511 

[46] Ghaffari, A., Meurant, R. and Ardakani, A. (2020) COVID-19 Serological Tests: How 
Well Do They Actually Perform? Diagnostics, 10, 453.  
https://doi.org/10.3390/diagnostics10070453 

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.1038/s43588-020-00014-7
https://doi.org/10.1136/bmjgh-2020-002914
https://doi.org/10.4236/ojmsi.2021.92006
https://doi.org/10.1126/science.abd8755
https://doi.org/10.1007/s12630-020-01729-x
https://doi.org/10.7326/M20-3012
https://doi.org/10.1016/S1473-3099(20)30837-9
https://doi.org/10.1056/NEJMc2001737
https://doi.org/10.4236/ojanes.2020.108024
https://doi.org/10.1101/2020.10.26.20219428
https://doi.org/10.1016/j.ijid.2020.08.076
https://doi.org/10.1016/j.jinf.2020.08.043
https://doi.org/10.1136/bmjebm-2020-111511
https://doi.org/10.3390/diagnostics10070453


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 215 Open Journal of Modelling and Simulation 
 

[47] Mekonnen, D., Mengist, H.M., Derbie, A., Nibret, E., Munshea, A., He, H.L., Li, B.F. 
and Jin, T.C. (2020) Diagnostic Accuracy of Serological Tests and Kinetics of Severe 
Acute Respiratory Syndrome Coronavirus 2 Antibody: A Systematic Review and 
Meta-Analysis. Reviews in Medical Virology, 31, e2181.  
https://doi.org/10.1002/rmv.2181 

[48] Guo, C.C., Mi, J.Q. and Nie, H. (2020) Seropositivity Rate and Diagnostic Accuracy 
of Serological Tests in 2019-nCoV Cases: A Pooled Analysis of Individual Studies. 
European Review for Medical and Pharmacological Sciences, 24, 10208-10218. 

[49] Bossuyt, P.M. (2020) Testing COVID-19 Tests Faces Methodological Challenges. 
Journal of Clinical Epidemiology, 126, 172-176.  
https://doi.org/10.1016/j.jclinepi.2020.06.037 

[50] Wikramaratna, P.S., Paton, R.S., Ghafari, M. and Lourenço, J. (2020) Estimating the 
False-Negative Test Probability of SARS-CoV-2 by rt-pcr. Eurosurveillance, 25, Ar-
ticle ID: 2000568. https://doi.org/10.2807/1560-7917.ES.2020.25.50.2000568 

[51] Premraj, A., Aleyas, A.G., Nautiyal, B. and Rasool, T.J. (2020) Nucleic Acid and 
immunological Diagnostics for SARS-CoV-2: Processes, Platforms and Pitfalls. Di-
agnostics, 10, 866. https://doi.org/10.3390/diagnostics10110866 

[52] West, R., Kobokovich, A., Connell, N. and Gronvall, G.K. (2020) COVID-19 Anti-
body Tests: A Valuable Public Health Tool with Limited Relevance to Individuals. 
Trends in Microbiology, 29, 214-223. https://doi.org/10.1016/j.tim.2020.11.002 

[53] Lorentzen, H.F., Schmidt, S.A., Sandholdt, H. and Benfield, T. (2020) Estimation of 
the Diagnostic Accuracy of Real-Time Reverse Transcription Quantitative Polyme-
rase Chain Reaction for SARS-CoV-2 Using Re-Analysis of Published Data. Danish 
Medical Journal, 67, A04200237. 

[54] Sempos, C.T. and Tian, L. (2021) Adjusting Coronavirus Prevalence Estimates for 
Laboratory Test Kit Error. American Journal of Epidemiology, 190, 109-115.  
https://doi.org/10.1093/aje/kwaa174 

[55] Rao, S.N., Manissero, D., Steele, V.R. and Pareja, J. (2020) A Narrative Systematic 
Review of the Clinical Utility of Cycle Threshold Values in the Context of COVID-19. 
Infectious Diseases and Therapy, 9, 573-586.  
https://doi.org/10.1007/s40121-020-00324-3 

[56] Department of Health, Northern Ireland (2020) COVID-19 Daily Dashboard Up-
dates. https://www.health-ni.gov.uk/articles/covid-19-daily-dashboard-updates  

[57] BBC (2021) Coronavirus: NI Facing Six-Week Lockdown from 26 December.  
https://www.bbc.co.uk/news/uk-northern-ireland-55349545  

[58] Maria, E.D., Latini, A., Borgiani, P. and Novelli, G. (2020) Genetic Variants of the 
Human Host Influencing the Coronavirus-Associated Phenotypes (SARS, MERS 
and COVID-19): Rapid Systematic Review and Field Synopsis. Human Genomics, 
14, 1-19. https://doi.org/10.1186/s40246-020-00280-6 

[59] Kirby, T. (2021) New Variant of SARS-CoV-2 in UK Causes Surge of COVID-19. 
The Lancet Respiratory Medicine, 9, e20-e21.  
https://doi.org/10.1016/S2213-2600(21)00005-9 

[60] Northern Ireland Statistics and Research Agency. 2019 Mid Year Population Esti-
mates for Northern Ireland.  
https://www.nisra.gov.uk/sites/nisra.gov.uk/files/publications/MYE19-Bulletin.pdf  

[61] Linton, N.M., Kobayashi, T., Yang, Y.C., Hayashi, K., Akhmetzhanov, A.R., Jung, S., 
Yuan, B.Y., Kinoshita, R. and Nishiura, H. (2020) Incubation Period and Other Ep-
idemiological Characteristics of 2019 Novel Coronavirus Infections with Right Trun-
cation: A Statistical Analysis of Publicly Available Case Data. Journal of Clinical Med-

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.1002/rmv.2181
https://doi.org/10.1016/j.jclinepi.2020.06.037
https://doi.org/10.2807/1560-7917.ES.2020.25.50.2000568
https://doi.org/10.3390/diagnostics10110866
https://doi.org/10.1016/j.tim.2020.11.002
https://doi.org/10.1093/aje/kwaa174
https://doi.org/10.1007/s40121-020-00324-3
https://www.health-ni.gov.uk/articles/covid-19-daily-dashboard-updates
https://www.bbc.co.uk/news/uk-northern-ireland-55349545
https://doi.org/10.1186/s40246-020-00280-6
https://doi.org/10.1016/S2213-2600(21)00005-9
https://www.nisra.gov.uk/sites/nisra.gov.uk/files/publications/MYE19-Bulletin.pdf


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 216 Open Journal of Modelling and Simulation 
 

icine, 9, 538. https://doi.org/10.3390/jcm9020538 

[62] Wang, Y.X., Wang, Y.Y., Chen, Y. and Qin, Q.S. (2020) Unique Epidemiological and 
Clinical Features of the Emerging 2019 Novel Coronavirus Pneumonia (COVID-19) 
Implicate Special Control Measures. Journal of Medical Virology, 92, 568-576.  
https://doi.org/10.1002/jmv.25748 

[63] Elias, C., Sekri, A., Leblanc, P., Cucherat, M. and Vanhems, P. (2021) The Incuba-
tion Period of COVID-19: A Meta-Analysis. International Journal of Infectious 
Diseases, 104, 708-710. https://doi.org/10.1016/j.ijid.2021.01.069 

[64] Chen, C., Zhu, C.T., Yan, D.Y., Liu, H.C., Li, D.F., Zhou, Y.Q., Fu, X.F., Wu, J., 
Ding, C., Tian, G., et al. (2021) The Epidemiological and Radiographical Characte-
ristics of Asymptomatic Infections with the Novel Coronavirus (COVID-19): A 
Systematic Review and Meta-Analysis. International Journal of Infectious Diseases, 
104, 458-464. https://doi.org/10.1016/j.ijid.2021.01.017 

[65] Byambasuren, O., Cardona, M., Bell, K., Clark, J., McLaws, M.-L. and Glasziou, P. 
(2020) Estimating the Extent of Asymptomatic COVID-19 and Its Potential for Com-
munity Transmission: Systematic Review and Meta-Analysis. Official Journal of the 
Association of Medical Microbiology and Infectious Disease Canada, 5, 223-234. 
https://doi.org/10.3138/jammi-2020-0030 

[66] Knipl, D.H., Röst, G. and Wu, J.H. (2013) Epidemic Spread and Variation of Peak 
Times in Connected Regions Due to Travel-Related Infections—Dynamics of an An-
tigravity-Type Delay Differential Model. SIAM Journal on Applied Dynamical Sys-
tems, 12, 1722-1762. https://doi.org/10.1137/130914127 

[67] Lauer, S.A., Grantz, K.H., Bi, Q.F., Jones, F.K., Zheng, Q.L., Meredith, H.R., Azman, 
A.S., Reich, N.G. and Lessler, J. (2020) The Incubation Period of Coronavirus Dis-
ease 2019 (COVID-19) from Publicly Reported Confirmed Cases: Estimation and 
Application. Annals of Internal Medicine, 172, 577-582.  
https://doi.org/10.7326/M20-0504 

[68] World Health Organization (2020) Coronavirus Disease 2019 (COVID-19) Situa-
tion Report 73. 

[69] He, X., Lau, E.H.Y., Wu, P., Deng, X.L., Wang, J., Hao, X., Lau, Y.C., Wong, J.Y., 
Guan, Y.J., Tan, X.H., et al. (2020) Temporal Dynamics in Viral Shedding and Trans-
missibility of COVID-19. Nature Medicine, 26, 672-675.  
https://doi.org/10.1038/s41591-020-0869-5 

[70] Zhao, H.J., Lu, X.X., Deng, Y.B., Tang, Y.J. and Lu, J.C. (2020) COVID-19: Asymp-
tomatic Carrier Transmission Is an Underestimated Problem. Epidemiology & In-
fection, 148, e116. https://doi.org/10.1017/S0950268820001235 

[71] Buitrago-Garcia, D., Egli-Gany, D., Counotte, M.J., Hossmann, S., Imeri, H., Ipekci, 
A.M., Salanti, G. and Low, N. (2020) Occurrence and Transmission Potential of Asymp- 
tomatic and Presymptomatic SARS-CoV-2 Infections: A Living Systematic Review 
and Meta-Analysis. PLoS Medicine, 17, e1003346.  
https://doi.org/10.1371/journal.pmed.1003346 

[72] Byrne, A.W., McEvoy, D., Collins, A.B., Hunt, K., Casey, M., Barber, A., Butler, F., 
Griffin, J., Lane, E.A., McAloon, C., et al. (2020) Inferred Duration of Infectious Pe-
riod of SARS-CoV-2: Rapid Scoping Review and Analysis of Available Evidence for 
Asymptomatic and Symptomatic COVID-19 Cases. BMJ Open, 10, e039856.  
https://doi.org/10.1136/bmjopen-2020-039856 

[73] MATLAB (2020) version 9.8.0.1417392 (R2020a). The MathWorks Inc., Natick. 

[74] Efron, B. and Tibshirani, R. (1986) Bootstrap Methods for Standard Errors, Confi-
dence Intervals, and Other Measures of Statistical Accuracy. Statistical Science, 1, 
54-75. https://doi.org/10.1214/ss/1177013815 

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.3390/jcm9020538
https://doi.org/10.1002/jmv.25748
https://doi.org/10.1016/j.ijid.2021.01.069
https://doi.org/10.1016/j.ijid.2021.01.017
https://doi.org/10.3138/jammi-2020-0030
https://doi.org/10.1137/130914127
https://doi.org/10.7326/M20-0504
https://doi.org/10.1038/s41591-020-0869-5
https://doi.org/10.1017/S0950268820001235
https://doi.org/10.1371/journal.pmed.1003346
https://doi.org/10.1136/bmjopen-2020-039856
https://doi.org/10.1214/ss/1177013815


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 217 Open Journal of Modelling and Simulation 
 

[75] McKay, M.D., Beckman, R.J. and Conover, W.J. (2000) A Comparison of Three 
Methods for Selecting Values of Input Variables in the Analysis of Output from a 
Computer Code. Technometrics, 42, 55-61.  
https://doi.org/10.1080/00401706.2000.10485979 

[76] Department of Health (2020) R Number Papers.  
https://www.health-ni.gov.uk/R-Number  

[77] Wells, P.M., Doores, K.J., Couvreur, S., Nunez, R.M., Seow, J., Graham, C., Acors, 
S., Kouphou, N., Neil, S.J.D., Tedder, R.S., et al. (2020) Estimates of the Rate of In-
fection and Asymptomatic COVID-19 Disease in a Population Sample from Se 
England. Journal of Infection, 81, 931-936. https://doi.org/10.1016/j.jinf.2020.10.011 

[78] Britton, T., Ball, F. and Trapman, P. (2020) A Mathematical Model Reveals the In-
fluence of Population Heterogeneity on Herd Immunity to SARS-CoV-2. Science, 
369, 846-849. https://doi.org/10.1126/science.abc6810 

[79] BBC (2021) Coronavirus: Lifting NI Restrictions Will “Need 70%-80% Vaccinated”.  
https://www.bbc.co.uk/news/uk-northern-ireland-56000840  

[80] Gabriela, M., Gomes, M., Aguas, R., Corder, R.M., King, J.G., Langwig, K.E., Souto- 
Maior, C., Carneiro, J., Ferreira, M.U. and Penha-Goncalves, C. (2020) Individual Varia-
tion in Susceptibility or Exposure to SARS-CoV-2 Lowers the Herd Immunity Thre-
shold. 

[81] Menni, C., Valdes, A.M., Freidin, M.B., Sudre, C.H., Nguyen, L.H., Drew, D.A., Ga-
nesh, S., Varsavsky, T., Cardoso, M.J., El-Sayed Moustafa, J.S., et al. (2020) Real-Time 
Tracking of Self-Reported Symptoms to Predict Potential COVID-19. Nature Medi-
cine, 26, 1037-1040. https://doi.org/10.1038/s41591-020-0916-2 

[82] Drew, D.A., Nguyen, L.H., Steves, C.J., Menni, C., Freydin, M., Varsavsky, T., Su-
dre, C.H., Jorge Cardoso, M., Ourselin, S., Wolf, J., et al. (2020) Rapid Implementa-
tion of Mobile Technology for Real-Time Epidemiology of COVID-19. Science, 
368, 1362-1367. https://doi.org/10.1101/2020.04.02.20051334 

[83] Antonelli, M., Capdevila, J., Chaudhari, A., Granerod, J., Canas, L.S., Graham, M.S., 
Klaser, K., Modat, M., Molteni, E., Murray, B., et al. (2020) Identification of Optim-
al Symptom Combinations to Trigger Diagnostic Work-Up of Suspected COVID-19 
Cases: Analysis from a Community-Based, Prospective, Observational Cohort.  
https://doi.org/10.1101/2020.11.23.20237313 

[84] Sudre, C.H., Lee, K.A., Lochlainn, M.N., Varsavsky, T., Murray, B., Graham, M.S., 
Menni, C., Modat, M., Bowyer, R.C.E., Nguyen, L.H., et al. (2021) Symptom Clus-
ters in COVID-19: A Potential Clinical Prediction Tool from the COVID Symptom 
Study App. Science Advances, 7, eabd4177. https://doi.org/10.1126/sciadv.abd4177 

[85] Pavelka, M., Van-Zandvoort, K., Abbott, S., Sherratt, K., Majdan, M., et al. (2021) 
The Impact of Population-Wide Rapid Antigen Testing on SARS-CoV-2 Prevalence 
in Slovakia. Science, 372, 635-641. https://doi.org/10.1101/2020.12.02.20240648 

[86] Ghosh, D., Bernstein, J.A. and Mersha, T.B. (2020) COVID-19 Pandemic: The African 
Paradox. Journal of Global Health, 10, Article ID: 020348.  
https://doi.org/10.7189/jogh.10.020348 

[87] Bherwani, H., Gupta, A., Anjum, S., Anshul, A., and Kumar, R. (2020) Exploring De-
pendence of COVID-19 on Environmental Factors and Spread Prediction in India. 
NPJ Climate and Atmospheric Science, 3, 1-13.  
https://doi.org/10.1038/s41612-020-00142-x 

[88] Merow, C. and Urban, M.C. (2020) Seasonality and Uncertainty in Global COVID- 
19 Growth Rates. Proceedings of the National Academy of Sciences, 117, 27456-27464.  
https://doi.org/10.1073/pnas.2008590117 

[89] Moore, S., Hill, E.M., Tildesley, M.J., Dyson, L. and Keeling, M.J. (2021) Vaccina-

https://doi.org/10.4236/ojmsi.2022.102011
https://doi.org/10.1080/00401706.2000.10485979
https://www.health-ni.gov.uk/R-Number
https://doi.org/10.1016/j.jinf.2020.10.011
https://doi.org/10.1126/science.abc6810
https://www.bbc.co.uk/news/uk-northern-ireland-56000840
https://doi.org/10.1038/s41591-020-0916-2
https://doi.org/10.1101/2020.04.02.20051334
https://doi.org/10.1101/2020.11.23.20237313
https://doi.org/10.1126/sciadv.abd4177
https://doi.org/10.1101/2020.12.02.20240648
https://doi.org/10.7189/jogh.10.020348
https://doi.org/10.1038/s41612-020-00142-x
https://doi.org/10.1073/pnas.2008590117


P. A. Hall et al. 
 

 

DOI: 10.4236/ojmsi.2022.102011 218 Open Journal of Modelling and Simulation 
 

tion and Non-Pharmaceutical Interventions for COVID-19: A Mathematical Mod-
elling Study. The Lancet Infectious Diseases, 21, 793-802. 

[90] The Hyper-Transmissible SARS-CoV-2 Omicron Variant Exhibits Significant An-
tigenic Change, Vaccine Escape and a Switch in Cell Entry Mechanism. 
https://www.medrxiv.org/content/10.1101/2022.01.03.21268111v1.full  

[91] Rapid Increase in Omicron Infections in England during December 2021: REACT-1 
Study. https://www.medrxiv.org/content/10.1101/2021.12.22.21268252v1.full  

[92] COVID-19: Omicron Is Causing More Infections but Fewer Hospital Admissions 
than Delta, South African Data Show. 
https://www.bmj.com/content/375/bmj.n3104?ijkey=2f648539a955a9961630eec102e
5e70aa91499ae&keytype2=tf_ipsecsha  

https://doi.org/10.4236/ojmsi.2022.102011
https://www.medrxiv.org/content/10.1101/2022.01.03.21268111v1.full
https://www.medrxiv.org/content/10.1101/2021.12.22.21268252v1.full
https://www.bmj.com/content/375/bmj.n3104?ijkey=2f648539a955a9961630eec102e5e70aa91499ae&keytype2=tf_ipsecsha
https://www.bmj.com/content/375/bmj.n3104?ijkey=2f648539a955a9961630eec102e5e70aa91499ae&keytype2=tf_ipsecsha

	Estimating the Level of Asymptomatic COVID-19 Infections in Northern Ireland in 2020
	Abstract
	Keywords
	1. Introduction
	2. Materials and Methods
	2.1. Data
	2.2. The Transmission Model
	2.3. Basic Reproduction Number
	2.4. Parameter Fitting
	2.5. Confidence Intervals
	2.6. Modelling Testing Uncertainty
	2.7. Bounds  and 

	3. Results
	4. Conclusions
	Note Added at Proof
	Acknowledgements
	Conflicts of Interest
	References

