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Abstract: In this paper we presented a model clustering uncertain data, first, generate M possible worlds by using
Monte Carlo simulation data uncertainty, and then ,using DBSCAN algorithm to establish local clustering model on
each possible world, finally, the M local clustering models combined into a global clustering model. Furthermore, new
approach offers the possibility of creating the local clustering models in parallel, with this parallelism we wish can
achieve better time performance and clustering quality.
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Table 1. Uncertain data
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Figure 1. Example possible world
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Figure 2. Monte Carlo basic step
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Figure.3 A model clustering uncertain data on possible world

3. AIEEHE SR IRAHA

3.1 HIEA#EMER Monte Carlo &1

B — AN 2 $is FEDA NAN o4, IXNAN G4
At SORERE, AERMAN I REH I, S TR
RetH S, FRAMEBhEE2.279h /44" Monte Carlo /7 72:5%f
AT A E AL, A B REED T o4 A 2
P SORA AN ST IBEALE, BT Monte Carlo&7E
M 22535 1 e B Rt A OB e, BRIEEMAN AT g
S AT AR YRR AED T U an s PR 5 i oy
Bk, RARSRUT:

971

7
’0

Scientific
* Research

»
%

REX

(L) W AR AL e 2R (L
FEARBAR M ISR, e 8 M (1) — 4 E A
1,

(2) WU MR MBS 20 A (R BEA LR AESRA RS i
NEE

(3) Wp—IREEIL, At

(4) BEHLIHEMEZE 5256 K A FEA S s o

3.2 TREH5 Y DBSCAN BJiEHR

R T MAS TR TS, B PR AR R T R
KRBT R T B BRI AT & B 1R
BRIk, ATRE - AEMAN R R IR, T
Monte Carlo/7 ¥ A= eyl RetH SR AT, DRIt —
ANATREH SR AT DA I A TR TSR b 8, Frlh, X
PONER R EIHTE .. L2 NZMZCPURST, X
P 5125 2 LA 2 SR 2R VAR L, Rl LS i Ak
ELIE

33 BREH

P FERAT T E AR SR R 0 D A AN 42 JRy A
Y, B IR A2 LA 77 MR SR A v
58], A, KA T ST N BRIk,
AR -

(L 15, EMANRTAIE . BEASJRIBARL
BUZIXFERIER): sPJE— TR, — MRS,
A B AR ) —fge () BT s — 4B S L) B
Ko TR AR o 25 HMAN JR S K
FEAEMAN JRRARBLE

(2) BRJe, FIHB]H AT AR BB ARHE A el
AFALLE B B —AN 4 JR AR LU 5

(3) fJa AR A SR AR S A ple— AN A Jy SR 2%
A,

4. BYEIEEEST#R

AR H AN 2 B SR SR (1 e ) R
BHULUF =5 ke, — AT REt S, R
IR, —RRKEI . AGEERE T LTI Ak
B R B v B, L IXRIIFATIE, A
B AIPERE. B N TR T R AL T REE S, X
AN SSRGS, AR AT RE S
B Jin AN oA, A4S rmik S R BB A sim AN ]
AEAH LI TR PS4 o(mxn) , XH m<<n o 55 B
Sy B RN TFRS & 7= 2 JR i SR 28, 0B AT e H 5 R
DBSCAN VLI TR, # R 5 A2 5 | 4 Wi () &2
2% A o(nlog, n) » WEEMANATRETH SR DL B 2P

978-1-935068-18-1 © 2010 SciRes.



cientific

995 S
% Research

‘020
LR FIATIRAT, IS E R A R I [T
%x (nlog, n) . 55= A/ ITFAE B 243, SCIk[B]

i, PSR A IFELARIN R SR o(n®) » TE4m
A REREESSIAT BRI THTR ) (m-2)xn® , X
m<<no.

5 REESRE

AT TPl P 52 SRR TR R R A Tk
BAR AR, 520, SR Ik (Monte
Carlo) XA 2 PERH BEAT B AL e 2 AN v RE LS
CRTRETHSE A IR E IR 5 56—, XA ATRE
HEFEET A A ISR, =00, USRS,
RARA G IFIA A2 R,

KA TR, IEATVF 2 5 B SR DL
L, B, g A e LR AT RE T AR MK ) B
A e TR D . AR TS Bk AT
APERISE, ONE L Z0™ AEVF 2 W] REH SR AU 2 A6
HEIE, P ER AT I AT RE I H AT ICPUIK
FATAEFECR, L, A2 AT REHE A A AL 8T TS
HORAT, ST ERBER SR TR, D T RYEEA
AL, A Je ke i DX LA T RETH S A S it
AT

978-1-935068-18-1 © 2010 SciRes.

972

The Conference on Web Based Business Management

References (Z% 3C#K)

[1] M. Chau, R. Cheng, B. Kao, and J. Ng. Uncertain data mining:
An example in clustering location data[C]. In PAKDD :volume
3918 of Lecture Notes in Computer Science, pages 199-204.
Springer, 2006

H.-P. Kriegel and M.Pfeifle. Density-based clustering of
uncertain data[C]. In KDD ’05: Proceedings of theeleventh
ACM SIGKDD international conference on Knowledge
discovery in data mining, pages 672-677, New York, NY, USA,
ACM, 2005.

M.Ester, H.-P.Kriegel, J.Sander, and X.Xu. A density_based
algorithm for discovering clusters in large spatial databases with
noise[C]. In E.Simoudis, J.Han, and U.Fayyad,editors, Second
International Conference on Knowledge Discovery and Data
Mining, pages 226-231, Portland, Oregon,1996. AAAI Press.
R.Jampani, F. Xu, M. Wu, L. L. Perez, C. M. Jermaine, and P. J.
Haas. Mcdb: a monte carlo approach to managing
uncertaindata[C]. In J. T.-L. Wang, editor, SIGMOD Conference,
pages 687-700. ACM, 2008.

A. Gionis, H. Mannila, and P. Tsaparas. Clustering
aggregation[J]. ACM Trans. Knowl. Discov. Data, 1(1):4, 2007.
S.Abiteboul, P.Kanellakis, G.Grahne. On the representation
and querying of sets of possible worlds[J]. ACM SIGMOD
Record, 1987, 16(3): 34—48

T.J.Green, V.Tannen. Models for incomplete and probabilistic
information[J] . |EEE Date Engineering Bulletin, 2006 ,
29(1): 17-2

C. Re, N. N. Dalvi, and D. Suciu. Query evaluation on
probabilistic databases[J]. IEEE Data Eng. Bull., 29(1):25-31,
2006.

C.C.Aggarwal, P.S.Yu. A survey of uncertain data algorithms
and applications[R]. IBM Research Report RC24394, 2007.

C. Re, N. N. Dalvi, and D. Suciu. Efficient top-k query
evaluation on probabilistic data. In ICDE, pages 886-895,2007.
G.Fishman. Monte Carlo: Concepts, Algorithms, and
Applications[M]. Springer, 1996.

[2]

[31

[4]

[5]

(6]

[71

(8]

[]
[10]

[11]





