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Abstract

The aim of this study is to investigate the influence of the factors that affect
the use of a PHC system (portable health clinic, an eHealth technology) by
urban corporate people in Bangladesh. This study uses the first and second
versions of the technology acceptance model and the unified theory of accep-
tance and use of technology model as the foundation. Additionally, health
awareness factors are incorporated to develop the research model. Structural
equation modeling was used to analyze a sample size of 264 urban corporate
people in Bangladesh. Based on the total effects, the key to promoting the fu-
ture use of a PHC system lies in the three most important factors: perceived
usefulness (0.659), intention to use (0.454), and health awareness (0.447).
These factors have a positive and direct influence on use. The findings offer
proactively important and practical guidelines to service providers, imple-
menters, and policymakers to promote the use of eHealth technology for reg-
ular health checkups.

Keywords

Portable Health Clinic, eHealth, Future Use, Perceived Usefulness, Health
Awareness, Urban Corporate People, Structural Equation Modeling

1. Introduction

New methods and tools in the healthcare sector are growing gradually through
the continuing innovation in medicine and technologies [1]. Along with the
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scarcity of medical infrastructure (e.g., clinic and doctors) and the speedy ad-
vancement in Information and Communication Technology (ICT), remote
healthcare systems, such as eHealth, mHealth, telemedicine, and telemonitoring,
are receiving paramount consideration worldwide [2]. More than half of the
world’s population does not receive all of the essential services that they need.
One hundred million people are pushed into extreme poverty because of their
health expenditures, forcing them to survive on just $1.90 or less a day [3]. Ac-
cording to the World Health Organization (WHO), more than one-quarter of
the world’s countries including Bangladesh has a critical healthcare workforce
shortage [4]. In Bangladesh, only 4.7 doctors are available for every 10,000
people [5]. eHealth technology, which is a healthcare system that uses ICT, is an
important way to solve the scarcity of current medical facilities.

The demand for ICT-based eHealth systems is increasing each day. Advanced
technologies (e.g., IoT, BigData, Machine Learning) are being applied to im-
prove the system’s efficiency. However, the social adoption of eHealth, especially
in developing countries, has not been completely understood. Increasing the ac-
ceptability of eHealth technology in developing countries such as Bangladesh is
necessary.

Because of the potential benefits and various eHealth initiatives in place, many
studies have been conducted to determine the acceptance of eHealth technology.
However, most were conducted in developed countries, such as European coun-
tries, the United States, Canada, and Australia [6] [7] [8]. Although the deploy-
ment of eHealth technology is essential for developing countries in which access
to quality healthcare is hindered by poor governmental policies, political crises,
and lack of a healthcare infrastructure (e.g., clinics, doctors) [9], very few studies
were conducted in these countries, such as Bangladesh.

Researchers found performance expectancy, effort expectancy, facilitating
condition and reinforcement factor having a significant impact on behavioral
intention to use telemedicine by clinician in Nigeria [10]. On the other hand,
perceived usefulness, and computer self-efficacy was shown to have a positive
and significant impact on Telemedicine acceptance by public hospitals in Malay-
sia [11]. A study among 600 families in one particular rural area in Bangladesh
found that consumers’ age, occupation, and purchasing power have a significant
influence on their acceptance of eHealth services from a PHC (portable health
clinic) system [12]. Another study in the same rural area in Bangladesh identi-
fied social reference, advertisement, attitude toward the system, and perceived
system effectiveness as influencing the acceptance of a PHC system [2]. Howev-
er, because both of these studies focused on only rural areas, and the data analy-
sis did not use structural equation modeling, estimating the mediation effect
between two or more mediator factors was not possible. These studies failed to
consider other important factors from the perspective of Bangladesh, such as the
intention to use a PHC system, self-efficacy, and health awareness. Another
study identified the factors that influence the adoption of eHealth by a specific

user group, such as patients from hospitals in the capital city of Dhaka in Ban-
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gladesh [13]. However, this study did not reflect the behavior of other user
groups.

Despite the potential benefits, the adoption rate of eHealth technology by cit-
izens in Bangladesh is still low [13]. Yet, no study focused on the use of eHealth
technology by urban corporate people in Bangladesh.

Grameen Communications, Bangladesh, and Kyushu University, Japan, have
jointly developed a human-assisted PHC system [14]. A PHC is an eHealth sys-
tem that aims to provide affordable primary healthcare services to prevent sever-
ity or to control non-communicable diseases (NCDs). A PHC system has four
modules: 1) a set of medical devices, 2) a software system to collect and archive
medical records, 3) healthcare workers to make the clinical measurements and
explain ePrescriptions, and 4) ICT-trained call center doctors. Consumers come
to the service point, and a health checkup is conducted by pre-trained healthcare
workers. If needed, the consumer is connected to the call center doctors for a
consultancy. The clinical measurements addressed by a PHC are as follows: 1)
blood pressure, 2) pulse rate, 3) body temperature, 4) oxygenation of blood
(SpO2), 5) arrhythmia, 6) body mass index (BMI), 7) waist, hip, and W/H ratio,
8) blood glucose, 9) blood cholesterol, 10) blood hemoglobin, 11) blood uric ac-
id, 12) blood grouping, 13) urinary sugar, and 14) urinary protein.

Because a PHC is a new system and the doctor is virtual, patients cannot con-
sult a remote doctor in person. To increase the acceptance and future use of a
PHC system, the developers tested the system in different communities with dif-
ferent characteristics, such as urban corporate people. Empirically testing the
suggested factors found in the previous studies in real settings is necessary be-
cause only the confirmed factors can be applied as a basic model for each tech-
nological context and user group [15]. Different factors may affect the accep-
tance of the same eHealth technology for different user groups [16], and the
rank of the factors may differ [17]. In contrast, the established acceptance model
can be extended by incorporating new variables in specific technological con-
texts and user groups [15]. To evaluate and increase the acceptance of a PHC
system before implementing it on a large scale, understanding the factors that
are more highly valued by potential user groups is necessary. Because the low
usage of ICT-based systems has been identified as a major factor for the “prod-
uctivity paradox,” low returns from organizational investments occurred [18].

Therefore, the purpose of this study is to determine the factors that influence
the adoption and future use of a PHC system. This study proposes a model by
newly incorporating a “health awareness” factor that can investigate the factors
behind the use of a PHC system by the urban corporate in Bangladesh. Health
awareness is an important factor from the perspective of Bangladesh because the
people in this country lack the high health awareness needed to prevent NCDs.

For the interviews, this study selected people from the urban area who work in
institutions under the Grameen Bank complex in Dhaka, Bangladesh. Because
institutional people have significant workloads and remain seated for a long time

to complete their tasks, they are more likely to develop NCDs. The prevalence of

DOI: 10.4236/jssm.2020.131001

3 Journal of Service Science and Management


https://doi.org/10.4236/jssm.2020.131001

M. B. Sampa et al.

risk factors, such as hypertension, obesity, diabetes, and low physical activity, for
developing NCDs is also higher among urban than rural people in Bangladesh
[19].

In addition, little chance exists to engage in physical activities among the ur-
ban people in Bangladesh because of a lack of playgrounds, parks, walkable
footpaths, and safe roads for cycling [19]. Therefore, it is important to control
and prevent the seriousness of NCDs by getting regular health checkups. How-
ever, most people are not interested in spending money and time on preventive
healthcare services. Institutional people in Bangladesh lack health insurance and
high health awareness, do not get routine mandatory health checkups, and are
not habituated to use ICT-based healthcare services. Moreover, to get a checkup,
they need to visit a hospital in traffic-congested areas and wait in a long, labo-
rious queue. In this situation, the authors conducted a survey of 264 urban cor-
porate people to understand the underlying factors that could influence them to

use a PHC system in the future.

2. Theoretical Basis for Building the Proposed Model

Several previous studies explored the factors that influence the use behavior of
new technology. The present study reviews previous studies and develops the
proposed model. The theory of reasoned action (TRA) is a major theory that ex-
plains people’s behavior [20]. Based on the TRA, the theory of planned behavior
was developed as is an extension of the TRA [21]. The technology acceptance
model (TAM) was developed using these models as a foundation [22]. TAM is a
major theory used to understand how users come to accept and use new tech-
nology but does not include some important external variables. The TAM2 was
developed based on the basic TAM by adding the determinants of perceived
usefulness and usage intention constructs. Subsequently, the unified theory of
acceptance and use of technology (UTAUT) model was developed by adding to
the basic TAM facilitating conditions and social influences [23].

Based on TAM [24], TAM2 [25], UTAUT [23], and other existing technology
acceptance models, the present study proposes a model that can investigate the
factors affecting the use of a PHC system. Moreover, this study argues that

health awareness may directly affect the use of a PHC system.

Theoretical Model and Hypotheses Development

This study develops a hypothetical model (Figure 1) that is tested for urban
corporate people. A number of key factors are selected that were validated by
previous studies, and hypotheses regarding the relationships of these factors are
proposed based on empirical findings and theoretical reasoning.

Perceived Usefulness:

Perceived usefulness is defined as the degree to which a person believes that
using a particular technology would enhance his or her job performance [24]

[25]. In other words, users may feel that using a PHC system will improve their

DOI: 10.4236/jssm.2020.131001

4 Journal of Service Science and Management


https://doi.org/10.4236/jssm.2020.131001

M. B. Sampa et al.

Perceived

usefulness
HS%

H9+

Social influence

Intention to use

H18+

Use

H6+J' H7+

Self-efficacy

H13+‘[

H17+

)

Health §

awareness
H14+)

Privacy

Figure 1. Hypothetical model. Note: H indicates a hypothesis and + indicates a positive
relationship between two variables.

health status. One study revealed a significant correlation between perceived
usefulness and self-predicted future use [24]. Another previous study found a
positive effect of perceived usefulness on the intention to use eHealth technology
[26]. In many other studies, perceived usefulness was also found to be a signifi-
cant predictor of behavioral intention [6] [27] [28] [29]. Therefore, the following
hypothesis is developed.

HI: Perceived usefulness has a positive and direct effect on the use of a PHC
system.

H2: Perceived usefulness has a positive effect on intention to use.

Social influence.

Social influence is the extent to which consumers realized that others—who
are important to them—believe that they should use a specific technology [30].
Previous studies defined social influence as encouragement from friends, co-
workers, or family members to using preventive eHealth services [30] [31]. So-
cial influence includes both social and subjective norms as well [23]. Social
norms consist of two influences: 1) informational norm to enhance knowledge
and 2) normative to conform to expectations of others [32]. Subjective norms
concern the perceived social pressures to undertake or not undertake a behavior
[33] [34]. Some studies revealed that social influence had a significant impact on
intention to use [8] [23] [26]. Other studies also identified social influence as the
determinant of the acceptance of eHealth [35]. Yet other studies found that so-
cial influence had a significant impact on perceived usefulness [36]. Therefore,
the following hypotheses are developed.

H3: Social influence has a positive and direct effect on the use of a PHC sys-
tem.

H4: Social influence has a significant influence on intention to use.

Hb5: Social influence has a significant influence on perceived usefulness.
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H6: Social influence has a significant impact on self-efficacy. Because friends,
family members, or loved ones can be encouraged to perform any action, a per-
son’s confidence for performing an action becomes stronger.

H7: Social influence has a significant effect on privacy.

Self-Efficacy

Perceived self-efficacy is defined as the judgment of one’s ability to use tech-
nology to accomplish a particular job or task [23] [37]. In other words,
self-efficacy is defined as one’s confidence in one’s ability to perform a behavior
successfully that leads to a valued outcome [29] [31] [38]. Self-efficacy influences
one’s aspirations and goals [31] [38]. A person’s self-efficacy beliefs affect his or
her tendency to use eHealth technology [39]. A person with high self-efficacy is
more likely than a person with low self-efficacy to believe that using eHealth
technology will generate better health outcomes [31]. Self-efficacy has a signifi-
cant influence on perceived usefulness [16] and significantly and positively in-
fluences behavioral intention [31] [40]. Therefore, the following hypotheses are
developed.

HB: Self-efficacy has a positive and direct effect on the use of a PHC system.

HDO: Self-efficacy has a significant influence on perceived usefulness.

H10: Self-efficacy has a positive effect on intention to use.

Health Awareness:

Health awareness is measured to assess the degree of readiness for undertak-
ing any health actions [41] [42]. This construct reflects a person’s readiness to do
something for his or her health [43]. Healthy behavior was found to be a signifi-
cant component of the self-efficacy of using eHealth technology [31]. When
people get ready to use eHealth technology to improve their health conditions,
they are more concerned about the privacy of the system [44]. Thus, a more
health-conscious person will have high self-efficacy to believe that using a PHC
system will improve his or her health condition. Therefore, the following hypo-
theses are developed.

HI11: Health awareness has a positive and direct effect on the use of a PHC
system.

H12: Health awareness has a significant effect on intention to use.

H13: Health awareness has a significant effect on self-efficacy.

H14: Health awareness has a significant effect on privacy.

Privacy.

The importance of the privacy concern is increasing gradually in the health-
care sector [45].

Privacy is defined as the extent to which a respondent believes that a PHC
system will not compromise his or her privacy [46]. Information privacy is de-
fined as the extent to which individuals are disturbed about the information col-
lection practices of others and how the obtained information will be used [44]
[47]. Privacy has a significant influence on behavioral intention and perceived
usefulness [6]. A consumer who has a more positive perception about the priva-

cy concern offered by a PHC system is expected to be more positive about using
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the system. Therefore, the following hypotheses are developed.

H15: Privacy has a positive and direct effect on the use of a PHC system.

H16: Privacy has a positive effect on intention to use.

H17: Privacy has a significant effect on perceived usefulness.

Intention to Use.

Behavioral intention is defined as a person’s perceived likelihood that he or
she will perform the specific behavior. Intention contains four different ele-
ments: the behavior, the target object at which the behavior is directed, the situa-
tion in which the behavior is to be performed, and the time at which the beha-
vior is to be performed [20]. If one can obtain a measure of the intention imme-
diately before the performance of the behavior, the intention will accurately pre-
dict the behavior. However, to predict future behavior, one cannot depend only
on the measure of intention—other variables must also be considered [48].
Therefore, the following hypothesis is developed.

H18: Intention to use has a positive and direct effect on the use of a PHC sys-
tem.

Self-Predicted Future Use:

This study uses self-predicted future use of a PHC system as a final dependent
variable (use). Self-predicted behavior or behavioral expectations is defined as
one’s estimated likelihood of performing an action, whether or not a commit-
ment has been made. Behavioral expectations should more accurately predict

future behavior than behavioral intention alone [49].

3. Methodology
3.1. Study Place

A cross-sectional survey was conducted in August 2018 among all office workers
who agreed to participate in PHC health checkups and eHealth services in the
Grameen Bank Complex in Dhaka, Bangladesh. The Grameen Bank Complex
holds several different offices, such as Grameen Bank, Grameen Communica-
tions, other non-government organizations, and private companies, with more
than 500 workers. This study recruited participants from these 18 institutions for
several reasons. People working in institutions are very busy and most of the
time they work sitting in seats. Therefore, they are more likely to develop NCDs.
In addition, little chance exists for physical activities among urban people in
Bangladesh because of a lack of playgrounds, parks, walkable footpaths, and safe
roads for cycling [19]. Institutional people in Bangladesh do not have health in-
surance and high health awareness, do not get routine mandatory health check-

ups, and are not habituated to use ICT-based healthcare services.

3.2. Data Collection

Prior to the implementation of PHC services, awareness events and prior notifi-
cation to each office were made to provide information on the availability of

PHC services.
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Those potential users are expected to understand the perceived benefits of us-
ing a PHC system. A pilot survey was conducted to test whether or not the ques-
tionnaire items were understandable to respondents. The questionnaire was fi-
nalized based on feedback from the pilot survey. Then, immediately after re-
ceiving PHC services, the survey was given to those who came to the PHC ser-
vice providing point at the Grameen Bank Complex and received the service.
Questions were asked by pre-trained data collectors in Bangladesh.

Data were collected from a sample of 264 people through a face-to-face struc-
tured questionnaire survey. A simple random sampling method was used to col-
lect data from the respondents. All participants involved were treated based on
the safety procedure described in the “Helsinki Declaration 2013” [50]. The data
were secured at the data center, and participants’ privacy is protected. Only re-
searchers, data entry officers, and data managers could access the data with a

security password.

3.3. Measures

All of the questionnaire items for latent constructs were taken from prior studies
and modified according to the context of a PHC and Bangladesh (see Appendix
A).

3.4. Questionnaire Design

The questionnaire consists of two parts: 1) Part A (socio-demographic informa-
tion): age, gender, education, and experience and 2) Part B (cognitive or percep-
tional questions): psychological factors. The respondents read each statement
and rated them on a five-point Likert scale by placing V (tick) in the number that
best describes them, where 1 = strongly disagree, 2 = disagree, 3= neither disag-

ree nor agree, 4 = agree, and 5 = strongly agree.

3.5. Ethical Approval

The authors obtained ethical approval from the National Research Ethics Com-
mittee (NREC) of the Bangladesh Medical Research Council with approval no.
183250220109.

3.6. Data Analysis Method

Two statistical methods were applied to analyze the data: exploratory factor
analysis and structural equation modeling.

Exploratory factor analysis (by using SPSS 25.0) is used to measure latent fac-
tors in our proposed research model, and structural equation modeling (by us-
ing the AMOS SPSS 25.0 tool) is used to identify cause and effect relationships
among the factors. Before the estimation of the hypothetical model, exploratory
factor analysis (using the maximum likelihood extraction method and the Pro-
max rotation method) was conducted to measure factors with the Cronbach’s

alpha reliability coefficient.
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4. Results

A descriptive summary of respondents’ socio-demographic characteristics is
provided in Table 1.

The results of explanatory factor analysis with reliability coefficients are
shown in Appendix A. The reliability coefficient was assessed to ensure that all
questionnaire items measured the same underlying factors. Items with loadings
lower than 0.4 were dropped, and then the factor analysis was recalculated. All
remaining items were highly loaded on each of the corresponding factors. Spe-
cifically, the reliability coefficient (Cronbach’s alpha) for perceived usefulness
was 0.902, health awareness 0.781, social influence 0.882, privacy 0.904, use
0.741, intention to use 0.898, and self-efficacy 0.855. All of the Cronbach’s alpha
values are greater than the threshold of 0.70, indicating that all questionnaire
items reliably measure each factor [51].

Table 2 provides the common goodness of model fit indices, the recom-
mended value, and the results of the model.

By comparing all indices with their corresponding recommended values as
suggested by previous studies [52] [53] and shown in Table 2, the model indi-
cates a better fit to the data (Figure 2).

Table 1. Summary of respondents’ socio-demographic characteristics (n = 264).

Variable Standard
Definition Description Mean .
Name Deviation
Age  Age of the respondent 34 - 74 years, continuous data 49.50 7.43
Gender of
Gender endero Male = 1; female = 0 0.84 0.37

the respondent

1 = No education (no school entered); 2 =
Primary school completed; 3 = Secondary
Education completed school completed; 4 = High school completed;

Educati 5.66 1.89

ueation by the respondent 5 = Vocation school completed;
6 = College/University completed; 7 = Higher
(Master or Doctor) completed; 8 = Others
. Experience using any
Experience . Yes=1;No=0 0.25 0.44
eHealth service
Table 2. Goodness of fit indices for structural model.
Indices Recommended Values Results of Model Model Fit
1. Chi-square/DF 1to5 2.587 <5 good fit
2. RMSEA <0.08 0.078 <0.08 good fit
3. CFI >0.9 0.962 >0.9 good fit
4. GFI >0.9 0.946 >0.9 good fit
5. AGFI >0.80 0.902 >0.8 good fit
6. NFI >0.9 0.940 >0.8 good fit
7. R - 0.715
DOI: 10.4236/jssm.2020.131001 9 Journal of Service Science and Management
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Figure 2. Estimated model. Note: *, **, and *** indicates a p-value less than 0.1, 0.05, and
0.001, respectively. The number (path coefficients) indicates the degree of the relation-
ship, n = 264.

The model developed in this study was able to explain 72% of the variance in
the useand 61% of the variance in the intention to use. Table 3 shows the result
of the hypothesis tests and the direct and indirect effect of predictors on use be-
havior.

The estimation of the standardized direct and indirect effects of each predictor
on use permits the relative contribution of each predictor on use. If the absolute
standardized total effect is taken into account, perceived usefulness is the most
important predictor of use followed by intention to use and health awareness,

respectively.

5. Discussion

This study applied a modified eHealth acceptance model by incorporating a
health awareness factor into the model to understand the acceptance behavior of
corporate people in Bangladesh regarding eHealth. This study provides empiri-
cal evidence for the proposed hypotheses.

This study found that perceived usefulness, intention to use, and health
awareness have direct and positive effects on use behavior. Many empirical stu-
dies found significant effects of perceived usefulness and intention to use on use
behavior but did not check for corporate people in developing countries and did
not include the health awareness factor, which has a strong and significant effect
on both intention to use and use behavior [16] [26] [54]. The three factors pre-
viously mentioned can be presented as follows.

1) Perceived usefulness. Perceived usefulness has a direct and positive effect
on both use (0.286***) and intention to use (0.390***) and, thus, was also the
determinant of use and the intention to use. Therefore, hypotheses H1 and H2
were accepted. Davis et al [24] supported the result of H1. Another study found
that perceived usefulness significantly influences intention [26].

DOI: 10.4236/jssm.2020.131001
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Table 3. Result of hypotheses tests and effect analysis on use behavior.

Direct Effect Indirect Effect
Variables Total Effect Rank
s.e Hypothesis s.e Mediator Hypothesis
. Intention H2A
Perceived usefulness 0.286 H1 A 0.373 0.659 1
Health awareness
Intention to use (intention) 0.454 H27 A 0.000 0.454 2
Privacy H14 A
Health awareness 0.240 HIT A 0.207 Self-efficacy HI3 A 0.447 3
Intention HI12 R
Privacy H7R
L Perceived usefulness H5 A
Social influence 0.000 H3 R 0.440 0.440 4
Self-efficacy He6 A
Intention H4 R
. Intention H16 A
Privacy 0.000 HI15R 0.250 . 0.250 5
Perceived usefulness H17 A
Intenti H10A
Self-efficacy 0.000 HSR 0.247 [ntention 0.247 6
Perceived usefulness H9A

Note: s.e: Standardized effect, Total effect = Direct effect + Indirect effect, A: Accepted hypothesis, R: Rejected hypothesis, -: insignificant effect (p > 0.1),
Indirect effect is the product of two effects. The final endogenous construct is the self-predicted future use; n = 264.

2) Intention to use. Intention to use has a positive and direct effect on use
(0.454***). Therefore, hypothesis H17 was accepted. Some previous studies
supported this finding [8] [26].

3) Health awareness. Health awareness has a positive and direct effect on use
(0.240***). Respondents who are more health-conscious believe that using a
PHC system will help keep them healthier. Therefore, hypothesis H11 was ac-
cepted. A former study has shown “self-perception about health” as a signifi-
cantly influencing factor of behavioral intension to use a technology such as
Electronic Health Record (EHR) portal [55], whereas, the “subjective health be-
lief” is described as the same for taking decision to consult with a general practi-
tioner by other researchers [56]. Comparing with these two factors described in
Ref. [55] [56]. “Health awareness” has certainly been identified as an influencing
factor for the corporates’ future use of eHealth technology.

The modification indices showed two additional path coefficients from per-
ceived usefulness to health awareness; that is, a person decides to take any
health-related action based on the perceived benefits of taking the action [57].

Moreover, from privacy to self-efficacy, that is, a person who has a more posi-
tive perception about the privacy concern offered by a PHC system will be more
self-confident when using the system. Age, gender, education, experience using
any eHealth service, privacy, social influence, and self-efficacy do not have a sig-
nificant direct effect on use. However, privacy and self-efficacy have a significant
and positive effect on the intention to use. Age, gender, and education do not in-
fluence the intention to use. This result is consistent with a previous study [58].

Therefore, perceived usefulness, intention to use, and health awareness are the

factors that strongly determine the future use of a PHC system.
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6. Limitations and Future Directions

This study is limited by geographical scaling: the survey was conducted in one
country and focused on only 12 institutions. Thus, the results may raise a con-
cern over the generalizability of the findings, and scope exists to make the find-
ings more generalized by examining additional countries and institutions.

Given the cross-sectional design, the present study cannot determine the ac-
tual use. Hence, a future study should consider a longitudinal approach through
which participants are interviewed severally over a period. In addition, a few va-
riables could be added, such as trust in a PHC system and facilitating conditions,
to understand additional insights into the use of eHealth technology by urban

corporate people.

7. Contributions

7.1. Theoretical

The theoretical model developed in this study could support attempts to extend
eHealth technology acceptance theories by incorporating the health awareness
factor. This study identified health awareness as having a significant influence on
the corporate’s future use of eHealth for regular health checkups in a developing
country. This study checked the complete model and identified the mediation

effect between two or more mediator factors.

7.2. Practical

The findings of this study offer proactively important practical guidelines to ser-
vice providers, implementers, and policymakers to successfully plan their im-
plementations and make them sustainable, make better use of their resources,
and promote the use of eHealth technology such as a PHC system. The results of
this study can also contribute to policymaking to reduce the morbidity rate in

the country.

8. Conclusions

Despite the inherent limitations of an exploratory study, this research has the
merit of identifying, for the first time, the key psychological factors behind the
use of eHealth technology by urban corporate people.

Based on the total effect (shown in Table 3), increasing the perception of use-
fulness (perceived usefulness) of the system followed by intention to use and
health awareness, which were also found to have a direct and positive effect on
use behavior, appears necessary to enhance the use of a PHC system. The social
influence did not appear to be a determinant of usebecause corporate people are
literate and earn money. Therefore, they make decisions based on their judg-
ment and do not care about others’ opinions. However, the previous study found
a social reference to be the most significant predictor of the acceptance of a PHC
system by the rural people in Bangladesh [2]. Social influence has an insignifi-
cant effect on intention to use, which is consistent with a past study [32]. Gend-
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er, education, and age do not influence intention to use and use.

Service providers, policymakers, and implementers should attempt to enhance
the positive factors among consumers and, in particular, should focus on the
benefits of using a PHC system. When individuals perceive the benefits of using
a PHC system, they want to use it.

For policy recommendations, perceived usefilness is determined as the most
important predictor of use behavior. In other words, providing an opportunity
to use a PHC system, for example, could promote the perception of its useful-
ness. Health awareness should also be a focus. Therefore, enhancing health
awareness among people through social media, television, word of mouth, and
different programs is necessary to promote the use of eHealth technology for
regular health checkups.
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Appendix A. Explanatory Factor Analysis

Perceived Health Social Intention Cronbach’s
uestionnaire Items Privac, Use Self-Efficac,

Q Usefulness Awareness Influence 7 to Use 7 Alpha
Using a PHC system would help me better

L 0.809 -0.016 -0.032 0.040 0.081 -0.136 0.008
manage/maintain my health [24] [25] [26]
I feel that using a PHC system would
. L. 0.825 0.052 -0.009 -0.001 0.052 -0.046 0.000
increase my productivity [16] [24] [25] [26]
I feel that a PHC system is useful in my 0.902

0.895 0.130 -0.081 -0.002  -0.070 0.045 -0.055

daily life [24] [25] [26]

Using a PHC system will enhance my
effectiveness in my life and job [16] [24] 0.851 -0.123 0.166 -0.058 -0.036 -0.033 0.056
[25] [26] [59]

People who are important to me suggest
using a PHC system (other than family 0.028 -0.030 0.646 0.028 0.102 0.078 0.051
members) [16] [25] [60]

My family members prefer to use a PHC 0.882
0.032 -0.011 0.820 -0.056 0.040 0.133 -0.059
system [25] [61]
T'use a PHC because my colleagues also use
. -0.006 0.049 0.939 0.044 -0.061 -0.087 —-0.004
it [16]
I believe that the privacy of PHC
.. . -0.009 0.107 -0.002 0.842 0.075 -0.032 -0.127
participants is protected [26]
I believe that the personal information
. . -0.037 -0.156 -0.008 0.943 -0.003 0.078 0.074 0.904
stored in a PHC system is safe [26]
I believe that a PHC system keeps
L. . . 0.038 0.126 0.036 0.820 -0.109 -0.037 0.018
participant information secure [26]
I consider myself very health conscious [43] 0.050 0.355 0.247 0.119 -0.009  -0.179 0.018
I think that I take into account health a lot
. . 0.043 0.823 0.016 0.058 -0.065 -0.078 0.006
in my life [43]
I want to improve my health condition [41] 0.001 0.761 -0.073 -0.064 0.128 0.180 -0.168
I want to do something good for my health 0.781
-0.151 0.497 0.100 -0.088 0.195 0.023 0.192
[41] [43]
I think that by using a PHC system I can
prevent the seriousness of diseases (silent 0.063 0.515 0.055 0.055 0.057 0.102 0.196
killers, e.g., diabetes, stroke, heart-failure) ’ : ’ ’ ’ ’ ’
[41]
I could get health checkups by using a PHC
-0.047 0.005 0.014 -0.020  -0.053 0.090 0.999
system [23]
0.855
I feel confident that I will comply with a
. 0.149 0.085 -0.056 0.007 0.138 -0.108 0.633
PHC prescription [31] [60]
Iintend to use a PHC system in the future
0.009 0.008 0.016 -0.003  -0.068 0.883 0.088
[25] [26]
If a PHC system is available, I will always
. 0.055 0.035 0.023 -0.015 -0.100 0.977 —-0.054 0.898
use it [17] [25] [26]
It would be worth it to receive a PHC health
. 0.009 0.001 0.019 0.113 0.279 0.468 0.021
service [20]
A PHC system is a pleasant experience [13]
0.103 0.000 0.065 -0.105 0.801 -0.066 -0.075 0.741

[26]
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Continued
I'spend time to know about a PHC system
-0.179 0.074 —-0.004 -0.018 0.574 -0.115 0.034
[13] [26]
I realize that using a PHC system creates
-0.031 0.015 0.025 0.088 0.733 0.077 -0.010
many advantages [36] [49]
It makes sense to use a PHC system [36] 0.224 -0.073 —-0.098 0.079 0.674 0.045 0.075

Note: All of the questionnaire items for latent constructs were taken from prior studies and modified according to the context of a PHC and Bangladesh.
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