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Abstract 
The installation of on-grid-electricity-generation photovoltaic (PV) system is 
currently undergoing substantial growth and extension as an alternate source 
of energy that contributes to Malian buildings. This study presents an evalua-
tion of a grid-connected of a 50 MW photovoltaic (PV) system installed in 
Kita, Mali region. The data was recorded year from 1st January to 31 Decem-
ber 2022 based on real time observation. The system is made up of 187,000 
modules polycrystalline of 270 Wp. The assessed parameters of the PV instal-
lation include energy output, solar radiation, ambient temperature, yields, ef-
ficiencies, dust, performance ratio (PR), capacity factor and relationships be-
tween dust, yields; between dust and efficiencies. The results show that the 
final yield ( fY ) ranged from 3.56 to 5.04 kWh/kWp, the performance ratio 

(PR) ranged from 70.99% to 75.60% and the annual capacity factor was found 
to be 18.07%. The study further suggests that, at the observed levels, dust ac-
cumulation does no significantly impact on PV system efficiency. The results 
will proffer solutions to start-up companies and individuals to install PV 
plants to meet the energy demands of the country. 
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1. Introduction 

Energy is essential in our modern society, propelling socioeconomic growth and 
technological advancement. It provides power to critical sectors such as housing, 
agriculture, transportation, industries, and services. However, despite the abun-
dant renewable resources, the challenge is to provide energy in a sustainable way 
so that future generations can access and tap the resources they require. The con-
tinued reliance on fossil fuels has resulted in a slew of issues, including greenhouse 
gas emissions, resource depletion, rising energy costs, and environmental conse-
quences for climate change. As a result, many countries are shifting their focus to 
low-carbon and renewable energy sources, paving the way for a more sustainable 
and resilient future [1]. Mali, with its abundant solar resources, is gradually em-
bracing the global energy transition and has accounted for less than 1% of the 
country’s newly installed solar energy sources totaling about 720 MW, while fuel 
thermal power stations produced approximately 72% of energy in 2018 [2]. Mali’s 
solar potential is notable, with irradiation levels ranging between 5 - 7 kWh/m2/day, 
significantly higher than the global average of 4 - 5 kWh/m2/day. Depending on the 
season, the country receives 7 - 10 hours of sunlight each day. Furthermore, public 
and non-governmental organisation (NGOs) grants have reduced the cost of PV 
systems, encouraging widespread adoption [2]. 

Mali has recently entered a new phase in the development of solar energy sys-
tems. Frequent power outages since 2022 have prompted the government to 
broaden its renewable energy initiatives. Several grid-connected PV projects are 
currently under construction, totaling approximately 400 MW. Among these in-
itiatives include the Kita photovoltaic solar power plant, a 50 MWP grid-con-
nected photovoltaic system in southwestern Mali. This study focus on assessing 
the system’s performance, providing valuable insights into the effectiveness of 
Mali’s grid-connected PV systems, and guiding the country’s future renewable 
energy development.  

PV system performance is influenced by a variety of factors, including ambient 
temperature, relative humidity, and solar radiation. Furthermore, performance 
can vary depending on the type of PV technology used, the system’s location, and 
the tilt angle of the modules, all of which affect energy production in real-world 
conditions [3] [4]. 

The Performance Ratio (PR) is a key metric for evaluating PV system perfor-
mance. It is calculated by dividing the energy yield ( FY ) by the reference yield 
( RY ) [5] [6]. The PR measures how efficiently a system converts available sunlight 
into usable electricity in relation to its installed capacity. FY  represents the en-
ergy produced by the modules, while RY  reflects the total solar irradiation re-
ceived. Although Standard Test Conditions (STC) are commonly used in perfor-
mance evaluations, they may not accurately reflect real-world operations [7]. 

This study investigates the 50 MWp Kita PV system’s performance in 2022, as-
sessing its response to changing climatic conditions. Due to administration and 
logistical constraints, the analysis is restricted to a one-year dataset. Despite this 
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limitation, the dataset captures seasonal variations in system performance, provid-
ing valuable insights into efficiency fluctuations caused by weather conditions, 
solar irradiance, and temperature effects. While a single-year dataset provides use-
ful observations, we recognize that multi-year data would enable trend evaluation, 
degradation studies, and long-term performance forecasting, providing a more 
complete understanding of the system’s reliability and efficiency over time. It as-
sesses key metrics such as efficiency (PV array PVη , Inverter invη  and system 

sysη  efficiencies), yields (PV array AY , reference RY  and final FY ), energy 
losses (Array capture CL , system SL ), and the Performance Ratio (PR). Envi-
ronmental factors, such as temperature, wind speed, and solar irradiance, have a 
significant impact on these parameters [8]. 

Dust accumulation is a major environmental issue in Mali’s semi-arid-like Kita 
region. Dust on PV modules reduces the amount of sunlight reaching the solar 
cells, resulting in lower power output [9]. Regular panel cleaning is critical for 
mitigating this issue and ensuring optimal system performance [10]. 

Furthermore, the Kita region, which is especially vulnerable to the effects of 
climate change, has prioritised renewable energy and energy efficiency in its eco-
nomic development strategies. Since 2020, these initiatives have been part of a 
larger strategy to address environmental and economic challenges, which was re-
flected Mali’s growing commitment to sustainability.  

2. Materials and Methods 
2.1. Description of the Power Plant 

The focus of this study is on grid-connected solar power systems in Mali’s Kita 
region, which are part of the country’s national renewable energy program. The 
50 MWp solar plant (Figure 1), located in Mali’s southwestern region, is intended 
to capitalise on the area’s distinct climate. The solar panels, which are mounted 
on south-facing supports tilted at 15˚, feed the electricity they generate directly 
into the national grid, which powers homes, businesses, and communities through-
out the area.  

Since Kita, is located in the Northern Hemisphere, the PV panels are positioned 
southward in accordance with standard solar energy optimisation principles. This 
orientation ensures that the panels receive consistent solar exposure all year, in-
creasing energy capture and efficiency. By aligning with the sun’s natural path, the 
system operates more efficiently within local climatic conditions, making better 
use of the available solar resource. Studies conducted in West Africa support the 
efficacy of this approach. According to research conducted in Douala, Cameroon, 
tilting solar panels 10˚ to 20˚ southward results in the highest energy output [11]. 
Similarly, studies in Nigeria found that panels generate the most electricity when 
tilted 20˚ south [12]. In Mali, tests on various PV module inclinations revealed 
that a tilt angle slightly above the site’s latitude-approximately 15˚ produces the 
highest efficiency [13]. 

The Kita Solar Power Plant is more than just a facility; it is a shining example 
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of innovation and sustainability. It is designed to generate clean, renewable energy 
and is assisting Mali in transitioning to a more environmentally friendly environ-
ment. The plant, which spans 100 hectares (1,000,000 square meters), houses 
187,000 polycrystalline solar panels, each of which can generate 270 watts of 
power. They generate a whopping 50 megawatts (MW) of electricity combined. 
To ensure that this energy is usable, the plant employs 834 Akuo Energy Solar 
GEM inverters, each with a capacity of 60 kVA (60 kW), which convert the solar 
panels’ direct current (DC) into the alternating current (AC) that powers daily 
life. The plant, located at latitude 13.03˚ and longitude −9.52˚, is perfectly posi-
tioned to absorb Mali’s abundant sunshine, allowing it to operate at full capacity 
and provide a consistent, reliable flow of energy. The plant produces 50 MW of 
clean power, assisting Mali in reducing its reliance on fossil fuels, lowering green-
house gas emissions, and providing electricity to more people, whether in cities or 
remote villages. Its cutting-edge technology and decentralised inverter system set 
a high standard for how large-scale solar projects can be efficient and adaptable. 

However, the Kita Solar Power Plant has an impact on more than just the envi-
ronment. It also creates jobs, both during construction and now in day-to-day 
operations, which helps to boost the local economy. This project is a powerful 
reminder of solar energy’s ability to transform lives in Sub-Saharan Africa, setting 
a precedent for future renewable energy efforts. The Kita Solar Power Plant is not 
only generating electricity; it is also paving the way for Mali’s brighter, more sus-
tainable future. It represents progress, demonstrating what is possible when inno-
vation meets a commitment to a cleaner world. 

 

 

Figure 1. Mapping kita solar power plant (Google Earth 2024). 

2.2. Performances Analysis of the Solar Photovoltaic Plant 

The performance of solar PV power plant grid-connected has been analyzed using 
the technical indices based on the available data collected on the power plant, such 
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as the performance indicators developed by the International Energy Agency 
(IEA) within the Photovoltaic Power Systems Program, which were established 
initially by the IEC standard 61,724 [14]-[16]. In this study, the evaluation takes 
into account several parameters, including energy output, various yields (refer-
ence yield, array yield, and final yield), energy losses in the array and system, and 
system efficiencies. In addition, the analysis takes into account important perfor-
mance such as the performance ratio and capacity factor to evaluate the photovol-
taic system’s overall effectiveness and reliability [1] [3] [17]-[21]. The definitions 
of the main indices examined in this study for the performance analysis of the 
aforementioned solar PV plants are presented in detail in the following section. 

2.2.1. Energy Output 
The total energy refers to the amount of alternating current (AC) power produced 
by the system over a given time period. This energy can be calculated on an hourly, 
daily, or monthly basis, depending on the time period being studied [22] [23]. The 
corresponding energy values for these periods can be calculated as follows: 
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,AC tE  is the AC energy output at a specific time t (measured in minutes), 

,AC hE  is the AC energy output over an hour, ,AC dE  is the total AC energy output 
for a day, and ,AC mE  is the total AC energy output for a month. The variable N 
represents the number of days in the specified month. 

2.2.2. System Yields 
System yields are divided into three types: array yield, final yield, and reference 
yield. These yields provide insight into the PV array’s actual performance in rela-
tion to its rated capacity. The array yield ( AY ) is the direct current (DC) energy 
output from the PV array over a specific time period, normalised by the PV sys-
tem’s rated power. Essentially, it indicates how long (in kWh/kWp) the PV array 
would need to operate at its nominal power to produce the observed energy out-
put. This parameter aids in determining how effectively the array performs in real-
world scenarios [1] [19]. The calculation is as follows: 

( )P
,

kWh kWDC
A

PV rated

EY
P

=
                   (4) 

Here, EDC refers to the PV array’s DC energy output (measured in kWh). The 
final yield ( FY ) is the total AC energy produced by the PV system over a specified 
period, divided by the system’s rated output power. This metric indicates how 
many hours per day the PV system would need to operate at full power to produce 
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the observed amount of energy [22] [23]. It provides a clear measure of the sys-
tem’s overall performance. It is calculated as follows: 

( )P
,

kWh kWAC
F

PV rated

EY
P

=                     (5) 

where DCE  is the AC energy output (kWh). 
The reference yield RY  represents the total in-plane insolation or global hori-

zontal insolation divided by the reference irradiance under standard test condi-
tions, which is set at 1 kW/m2. This yield serves as a theoretical measure of the 
energy available at a specific location over a given time period, providing a bench-
mark for understanding the potential solar energy that can be harnessed.  

It plays a critical role in assessing system efficiency, particularly when used in 
Performance Ratio (PR) calculations. The actual energy output can be compared 
to the available solar resource to determine how efficiently the system is operating. 
It also allows for fair comparison of different PV installations, regardless of size 
or geographic location, by standardizing performance metrics. It is useful not only 
for efficiency analysis, but also for diagnostic purposes. Significantly deviations 
from expected values may indicate shading, dirt accumulation, or equipment mal-
functions, necessitating maintenance or adjustments. It is calculated as follows: 

( )P  kWh kWT
R

R

HY
H

=                        (6) 

where TH  is the in-plane solar radiation and RH  is the reference irradiance. 
Array and system energy losses 
Array capture losses ( CL ) are the losses that occur during the operation of the 

PV array, reflecting the inability to fully utilise the available solar irradiance [16] 
[24]. These losses are calculated as the difference between the reference yield ( RY ) 
and the array yield ( AY ). This metric assists in identifying inefficiencies within the 
array and is expressed as follows: 

( )PkWh kWC R AL Y Y= −                      (7) 

The term “system losses” ( SL ) refers to the energy lost when the inverter con-
verts DC power from the PV array into AC power. These losses result from the 
inefficiencies of the inverter and other system components involved in the con-
version process. System losses can be calculated as follows: 

( )PkWh kWS A FL Y Y= −                     (8) 

2.2.3. System Efficiencies 
A photovoltaic (PV) system’s efficiency is usually divided into three categories: 
PV array efficiency, system efficiency, and inverter efficiency. Depending on the 
available data and desired level of detail, these efficiencies can be measured at var-
ious time intervals, such as instantaneous, hourly, daily, monthly, or annual. PV 
array efficiency ( PVη ) is based on the array’s DC power output, indicating how 
efficiently solar panels convert sunlight into electricity. 

System efficiency is calculated using the AC power output, which takes into 
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account the overall performance of the system, including energy losses during 
conversion. 

The PV array efficiency ( PVη ) measures the average energy conversion effi-
ciency of a PV array. It is calculated as the daily DC energy output divided by the 
total daily in-plane solar irradiation received by the PV array multiplied by its 
total surface area [24]. This efficiency is used to assess how well the solar panels 
perform in real-world conditions. The formula for PV module efficiency is given 
as follows: 

( )100 %DC
PV

t

E
H A

η ∗
=

∗
                      (9) 

Where A: array area (m2). Overall system efficiency reflects the performance of 
the entire photovoltaic system, including all energy generation and conversion 
components [16]. The system efficiency is calculated as follows: 
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The inverter efficiency is given as:  

( )100  %AC
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E
E
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=                      (11) 

2.2.4. Performance Ratio 
The performance ratio (PR) is an important metric that depicts the overall impact 
of energy losses on a PV system’s expected power output. It compares the system’s 
efficiency in real-world conditions to its theoretical maximum performance. The 
PR value indicates how closely the system performs to its ideal efficiency, allowing 
for a fair comparison of different PV systems, regardless of location, tilt angle, 
orientation, or nominal rated power capacity [25] [26]. Under standard test con-
ditions, the PV system’s efficiency is compared to the nominal efficiency of the 
photovoltaic generator to determine performance. [15] [17] define the perfor-
mance ratio as the ratio of the final energy yield ( FY ) to the reference yield ( RY ), 
which provides insight into the system’s actual output relative to the available so-
lar energy. 

( )100 %F

R

YPR
Y
∗

=                      (12) 

2.2.5. Capacity Factor 
The capacity factor is an important metric for determining an electricity-generat-
ing system’s energy output over time [19] [27]. It is calculated as the ratio of the 
actual AC energy produced by the PV system over a given time period-typically 
one year-to the maximum possible energy the system could have generated if it 
had been operating at full capacity throughout. This metric provides insight into 
the PV system’s overall performance and efficiency, allowing you to assess how 
well it converts available solar energy into electricity throughout the year. A PV 
system’s annual capacity factor can be calculated using the equation below: 
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2.3. Dust 

Satellite-based data from NASA’s Giovanni platform (MERRA-2 dataset) pro-
vided hourly Dust Surface Mass Concentration (DUSMASS) readings (kg/m3), for 
the year 2022, with a spatial resolution of 0.5 × 0.625˚. These values were con-
verted into daily and monthly averages, ensuring consistency with the PV system’s 
performance records and allowing for the assessment of variations over time. 

3. Results and Discussion 

 

Figure 2. Solar radiation in (kWh/m2/day) and ambient temperature (˚C). 
 

Solar radiation (Figure 2) shows a distinct seasonal pattern, reaching its peak at 
approximately 6.86 kWh/m2/day in March and April, the driest months of the 
year. From January to May, solar radiation remains consistently high, ranging be-
tween 5.75 and 6.86 kWh/m2/day, creating favorable conditions for solar energy 
generation. In contrast, solar radiation declines significantly during the rainy sea-
son, from June to September, with the lowest values observed in August at ap-
proximately 4.79 kWh/m2/day. It begins to recover after September, reaching 
around 6.48 kWh/m2/day by November and December. The air temperature fol-
lows a similar seasonal trend, temperatures rise steadily from January (approxi-
mately 24˚C) to peak at around 33˚C in April, coinciding with high solar radia-
tion. During the rainy season, temperatures drop to their lowest, stabilizing at 
around 25˚C from July to September. After the rains, temperatures decrease 
slightly, reaching 24˚C in the post-rainy months of November to December. The 
ambient temperature varied from 22˚C to 33˚C. Over the course of a year, the 
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temperature typically varies from 24˚C to 33˚C, being the annual average of 27 
˚C. Rarely its ambient temperature is below 22˚C or above 32˚C. 
 

 

Figure 3. correlation between solar irradiance ( IrradianceG ) and AC power output  
( _AC OutputP ). 

 
Figure 3 shows the correlation between solar irradiance ( IrradianceG ) and AC 

power output ( _AC OutputP ) in a photovoltaic (PV) system. The data points are ac-
tual observations of system performance, and the trendline shows a clear linear 
relationship between the two variables. The equation and 2R  value provide ad-
ditional information about the correlation’s strength and nature. 

The equation of the correlation line,  

_ 988348.34 760951.01AC Output IrradianceP G= × + , shows that the system’s power out-
put increases proportionally with solar irradiance. The slope indicates that for 
every 1 W/m2 increase in solar irradiance, the AC output power rises by approxi-
mately 988,348.34 kWp. The intercept of 760,951.01 kWp suggests that even in 
low-light conditions, some level of power generation is recorded, possibly due to 
operational constants rather than actual power generation, or environmental fac-
tors. 

The 2R  value of 0.868 suggests that changes in solar irradiance account for 
86.8% of the variability in power output. This high value confirms a strong posi-
tive correlation between the two variables, implying that the system’s performance 
is closely related to solar irradiance with little external influence. This relationship 
is further supported by the observed data ranges. Solar irradiance ranges from 5 
to 7 W/m2, resulting in AC power outputs of 5,500,000 to 7,500,000 kWp. This 
linear trend (Figure 3) shows that as irradiance increases, the system effectively 
converts the extra solar energy into higher power outputs, which is consistent with 
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the expected behaviour of a well-designed PV system. At a low power output of 
5,500,000 kWp, adding 1 W/m2 of irradiance increases power output by approxi-
mately 17.97%. While at a power output of 7,500,000 kWp, the percentage in-
crease per 1 W/m2 of irradiance is approximately 13.18%. [1] equation yields a 
value that is approximately 5% lower than the current one. This difference is 
within the experimental uncertainty. The significance of this equation is that it 
allows for the evaluation of a PV system’s energy output based solely on incident 
in-plane solar radiation. [26] also presented one of these equations, with a value 
of approximately 15%, which falls between the minimum and maximum values of 
this study. 
 

 

Figure 4. relationship between the solar system’s performance ratio and air temperature. 
 
Figure 4 clearly illustrates a negative linear relationship between the solar sys-

tem’s performance ratio and air temperature. The performance ratio decreases as 
the air temperature rises. The regression equation 0.354 82.83y x= − +  quanti-
fies the relationship between performance ratio (y) and air temperature. The slope 
of −0.354 indicates that for every 1˚C increase in air temperature, the performance 
ratio drops by approximately 0.354%. The 2R  value of 0.9252 indicates that 
changes in air temperature explain 92.52% of the variation in the performance 
ratio, implying a strong and reliable correlation. The performance ratio ranges 
between 70.99% and 75.60%, with higher ratios observed at lower temperatures 
and lower ratios at higher temperatures. As a result, rising temperatures reduce 
the effectiveness of energy conversion. Our study found temperature variation 
ranging from 24˚C to 33˚C, with the PR gradually decreasing. Research from West 
African countries, like Burkina Faso [28], indicates that the performance ratio un-
dergoes a nearly negative linear regression with temperature. The correlation co-
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efficient, 2R , of 34%, 54% and 65% is calculated in 2019, 2020 and 2021, respec-
tively. These results show that the performance ratio becomes more sensitive to 
the temperature effect over time in agreement with our study. 
 

 

Figure 5. Installation final yield and corresponding capture, system losses and dust per 
month. 

 
Figure 5 shows the impact of dust levels (DUSMASS) on Array Capture Loss, 

System Loss, and Final Yield throughout the year, highlighting their interrelation-
ship and seasonal variations. Dust accumulation (DUSMASS), represented by the 
blue line, shows significant seasonal variation, while the energy losses and yields, 
represented by bars, reflect the performance of the photovoltaic (PV) system in 
response to these changes.  

The DUSMASS peaks during the dry months, with the highest dust concentration 
observed in March around 7.4 × 10−6 kg/m3 and a sligh increase from January to 
May 6 × 10−6 kg/m3. During the rainy season, from June to September, dust levels 
decrease significantly, reaching their lowest value of about 3 × 10−6 kg/m3 from July 
to August. This seasonal fluctuation in dust accumulation has a direct impact on the 
performance of the PV system, particularly the array capture losses and final yield. 

The Array Capture Losses reflects energy losses within the PV array due to fac-
tors such as soiling from dust. These losses are highest in months with elevated 
dust levels, particularly in March and April, where the array capture loss reaches 
around 1.73 kWh/kWp/day and 1.72 kWh/kWp/day, respectively. Conversely, 
during the rainy season, when dust levels are at their lowest, array capture losses 
decrease significantly, ranging from 1.12 to 1.05 kWh/kWp/day in July and Au-
gust. This strong correlation between dust accumulation and array capture losses 
highlights the importance of maintaining clean panels to optimize performance 
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during high-dust months. 
The System Losses, representing losses during the DC-to-AC conversion pro-

cess, remains relatively constant throughout the year, ranging between 0.18 and 
0.23 kWh/kWp/day. Unlike array capture losses, system losses are largely unaf-
fected by environmental factors like dust, suggesting consistent performance of 
the inverter and other system components irrespective of seasonal changes. 

The Final Yield, which measures the system’s AC energy output, demonstrates 
an inverse relationship with dust levels. During March, when dust levels are at 
their highest, the final yield peaks around 5.0 kWh/kWp/day. In contrast, during 
the rainy season, particularly in July and August, when dust levels are lowest, the 
final yield decreases at approximately 3.63 kWh/kWp/day. This similar trend un-
derscores the significant impact of dust on the system’s energy output, as higher 
dust levels reduce the amount of solar energy available for conversion. in Hungary 
the annual daily final yields were 3.02 kWh/kWp/day, 2.18 kWh/kWp/day, 2.30 
kWh/kWp/day, for ASE (pc-Si), DS1 (a-Si) and DS2 (a-Si), respectively [29]. 

 

 

Figure 6. The variation of the monthly average daily efficiencies. 
 
Figure 6 presents the monthly average efficiencies of the array, system and in-

verter throughout the recording period, highlighting their variations over time. 
The monthly average values are 9.7%, 9.3% and 95.4%, respectively. The highest 
values of efficiencies in the array, system and inverter were 11.29% (in March), 
10.79% (in March) and 95.61% (in November), respectively. In the months from 
May to September, seasonal changes, such as solar irradiance levels, temperature, 
and environmental factors like soiling or shading of the panels, can all contribute 
to these variations of the system caused reduction in the efficiencies of array and 
system, and possibly in the inverter efficiency. The aforementioned factors con-
tributed to the reduction in yields during the mentioned months, resulting in grid 
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and system yields of 7.98% and 7.60%, respectively. During these months, the in-
verter efficiency averaged 95.20%, the lowest value. According to [30], the effi-
ciency of mc-Si inverters varies from 87.50% in October to 92.62% in February for 
mc-Si1, and from 86.43% in October to 92.08% in February for mc-Si2. Mean-
while, CIS-based inverters exhibit slightly lower performance, with efficiency lev-
els ranging from 79.22% in October to 90.93% in June for CIS1 and 79.68% in 
October to 91.22% in June for CIS2. 

Inverter performance in solar power systems is extremely stable, primarily to 
optimized power electronics, advanced control systems, and efficient thermal 
management. The average inverter efficiency in this study was 95.447%, indicat-
ing that it could consistently convert DC power to AC with minimal losses. In-
verters, unlike other system components, operate in a controlled environment, 
making them less susceptible to external fluctuations. Their ability to synchronise 
with the grid and adapt to voltage and frequency changes adds to their stability. 

PV modules system is made up of several essential components that work to-
gether to convert sunlight into usable electricity [31]. Solar panels, which capture 
solar energy and generate direct current (DC) electricity, from the system’s core. 
An inverter converts this power into alternating current (AC), which is suitable 
for household use or integration into the electrical grid. In off-grid systems, a 
change controller manages the battery charging process, ensuring that energy is 
effectively stored for periods when sunlight is unavailable. Furthermore, mount-
ing structures provide stability and proper orientation for the panels, maximising 
solar exposure, while wiring and safety devices ensure efficient and secure power 
distribution throughout the system. Similarly, charge-discharge cycling depth of 
discharge, and exposure to extreme temperature all contribute to the loss of effi-
ciency in battery storage systems over time [32].  
 

 

Figure 7. Monthly average daily array capture and system losses relative to reference yield.  
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Figure 7 illustrates the monthly variations in Final Yield, Array Capture Loss, 
and System Loss (kWh/kWp/day) for a photovoltaic (PV) system. These compo-
nents collectively provide insights into the system’s energy output and the ineffi-
ciencies present at different stages of operation. 

The Final Yield (blue bars), which represents the AC energy output normalized 
by the system’s rated capacity, is consistently the highest value across all months. 
The system performs at its best in March and April, where the Final Yield exceeds 
4.8 kWh/kWp/day, reflecting ideal solar irradiance and favorable operating con-
ditions. During the rainy months of July and August, the Final Yield decreases to 
approximately 3.5 kWh/kWp/day, likely due to reduced sunlight and weather-re-
lated inefficiencies. Towards the end of the year, the Final Yield recovers, reaching 
values around 4.8 kWh/kWp/day in November and December, demonstrating 
strong performance in the drier post-monsoon period. 

The Array Capture Losses (orange bars), which measures losses within the PV 
array, shows notable variation across the year. The highest array capture losses 
occur in March, at approximately 1.73 kWh/kWp/day, which accounts for 24.72% 
of the Reference Yield for that month. This could be due to factors such as soiling, 
shading, or suboptimal environmental conditions. In contrast, the lowest array 
capture loss is observed in August, at just 1.05 kWh/kWp/day, equivalent to 21.96% 
of the Reference Yield. This indicates that the PV array operates most efficiently in 
August, with minimal energy losses. For instance, Capture losses in a PV system 
installed in Rajkot, India were 22.27% and 3.79% of the reference yields, respectively 
[18]. In Singapore, the numbers were 22.66% and 17.06%, respectively [24]. One of 
the factors contributing to the increase in array losses in November was the influ-
ence of shadowing from a concrete post near the PV system. 

The System Losses (green bars), which represents losses during the conversion 
of DC to AC power by the inverter, remains consistently low throughout the year. 
These losses range from 0.18 kWh/kWp/day to 0.23 kWh/kWp/day, indicating 
excellent inverter performance. The lowest system loss is seen in August, at 
around 0.18 kWh/kWp/day, while the highest occurs in March, at approximately 
0.23 kWh/kWp/day. These numbers correspond to 3.74% and 3.35% of the re-
spective reference yields. The small variation in system losses highlights the relia-
bility and consistency of the inverter technology used in the PV system. Corre-
sponding values of 3.34% and 3.74% were found in PV systems in Mauritania [19], 
18.57% and 10.34% in Lesotho [20], 5.55% and 5.06% in Singapore [24].  

Figure 8 illustrates the average monthly Performance Ratio (PR) of a photovol-
taic (PV) system over one year, expressed as a percentage. The performance ratio 
is a critical metric that measures how effectively a PV system converts available 
solar energy into usable electricity, accounting for all losses. A higher PR indicates 
better system efficiency and minimal energy losses. Throughout the year, the PR 
remains consistent, ranging between 70.99% and 75.60%, which is indicative of a 
well-maintained and efficient PV system. In January, the PR is approximately 
74.67%, reflecting optimal system performance during the cooler winter months 
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when lower temperatures help improve the efficiency of solar panels. From 
April to June, the PR slightly dips to around 71.49%, likely due to the impact of 
higher temperatures on PV module efficiency, which can reduce energy output. 
During the months of July to September, the performance ratio shows a slight 
improvement, peaking at around 74.29% in August. This could be attributed to 
stable weather conditions, better solar irradiance, and effective system operation 
during this period. From October to December, the PR stabilizes again at ap-
proximately 74.40%, demonstrating consistent efficiency as the system operates 
under favorable cooler temperatures during the post-monsoon or early winter 
months. in Malaysia [24] the system’s average monthly PV performance ratio is 
77.28%. 

 

 
Figure 8. Average monthly performance ratio (PR). 

 

 
Figure 9. Monthly variation of Performance Ratio (PR) and Capacity Factor (CF). 

 
Figure 9 presents the Performance Ratio (PR) and Capacity Factor (CF) of a 

photovoltaic (PV) system across the months of the year. These two metrics, while 
distinct, are interlinked, as the PR reflects the efficiency of the system in convert-
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ing solar energy into electricity, and the CF represents how much of the system’s 
maximum potential is utilized. Together, they provide a comprehensive picture of 
the system’s performance. 

The Performance Ratio (PR), shown by the blue bars, remains consistently high 
throughout the year, ranging between 70.99% and 75.59%. For example, in Janu-
ary, the PR is approximately 74.67%, indicating that the system is operating effi-
ciently with minimal energy losses. A slight dip is observed during April and May, 
where the PR decreases to around 71.49%, likely due to higher ambient tempera-
tures reducing panel efficiency. The PR peaks at 74.29% in August and stabilizes 
at around 74.40% towards the end of the year in November and December, re-
flecting the system’s ability to maintain efficiency despite seasonal changes. 

The Capacity Factor (CF), represented by the black bars, fluctuates more sig-
nificantly than the PR, reflecting seasonal variations in solar energy availability. 
The CF ranges from approximately 14.82% to 21.02%, with the highest value ob-
served in March, where it reaches about 21.02%. This corresponds to a period of 
high energy output due to optimal solar irradiance. During the rainy season, par-
ticularly in July and August, the CF drops to around 15.51% - 14.82%, reflecting 
reduced solar energy production due to increased cloud cover and lower irradi-
ance levels. These seasonal trends in CF highlight the direct impact of environ-
mental conditions on the system’s energy output. 

The relationship between PR and CF lies in their interplay: while the PR 
measures how efficiently the system converts available solar energy into electric-
ity, the CF indicates how much of the system’s potential capacity is utilized. For 
instance, in March, both parameters perform well-the PR is high 71.93%, and the 
CF peaks at 21.02%-demonstrating optimal system performance and favorable so-
lar conditions. Conversely, during July and August, while the PR remains stable 
around 74.04% - 74.29%, the CF declines to 15.17%, showing that the system is 
still operating efficiently but is limited by reduced solar energy availability. The 
annual average performance ratio was 73.28% with the minimum value in April 
of 70.99% and the maximum value of 75.60% in December. The performance ratio 
of our system accused a seasonal decline from March to June due to dry season. 
The rainy season from July to September also a slight decline in the performance 
ratio. Some performance ratio of different systems in Africa, in Mauritania it var-
ies from 63.6% to 73.6% [19], in Lesotho it varies from 35% to 79% [24], in Mal-
baza, Niger it varies between 60.82% to 78.27% in the dry season [33]. Therefore, 
to combine with the performance ratio, capacity factor is a very important param-
eter to evaluate a grid-connected photovoltaic system. The annual average capac-
ity factor was 18.08%, with a minimum value of 14.82% in August and the maxi-
mum value of 21.02% in March. For instance in Mauritania capacity factor varies 
from 11.7% in winter to 20.5% [19]. The average is 17.2% ranging from 8.7% to 
21% in Lesotho according to [24], while in Malaysia a system presented capacity 
factor of 10.47% [34], additional in Malaysia the system’s average monthly PV 
capacity factor of 15.70% [35]. 
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Figure 10. Installation final yield and corresponding capture and system losses per month. 

 
Figure 10 demonstrates the relationships between dust levels (DUSMASS) and 

the key performance metrics of a photovoltaic (PV) system, namely PV Array Ef-
ficiency, System Efficiency, and Inverter Efficiency, measured across the months 
of the year. These metrics provide critical insights into how dust accumulation 
affects the system’s performance. 

The dust levels (DUSMASS) (Figure 6), shown as a blue line, fluctuate signifi-
cantly throughout the year, reflecting seasonal environmental conditions. Dust 
levels peak during the dry months, particularly in March, reaching approximately 
7 × 10−6 kg/m3, and decrease during the rainy season, with the lowest levels ob-
served in July and August, around 3 × 10−6 kg/m3. This pattern highlights how dry 
weather contributes to increased airborne dust, while rainfall during the wet sea-
son washes away dust particles, reducing their impact on the system. 

The PV Array Efficiency, which measures the panels’ ability to convert sunlight 
into DC electricity, shows a relationship with dust levels. During months of high 
dust accumulation, such as January to May and October, December, the efficiency 
increases to around 10.59% and 10.42%, and slight increases in November while 
dust decreases, reflecting the positive correlation of dust on panel performance. 
Conversely, during the rainy months, particularly in July and August, when dust 
levels are at their lowest, PV Array Efficiency is at its lowest around 8.17%, indi-
cating better performance as the panels remain cleaner and can absorb more sun-
light. 

The System Efficiency, which accounts for the overall performance of the PV 
system, including array and inverter losses, follows a similar trend to the PV Array 
Efficiency. As show the (Figure 10) System Efficiency is high during the high-dust 
months, ranging between 10.12% and 9.97% in January to April and October, De-
cember and slight increases in November while dust decreases. During the rainy 
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months, reaching around 7.78% in July and August. This pattern confirms that dust 
accumulation has a similar trend with system losses, particularly at the array level. 

The Inverter Efficiency, in contrast, remains consistently high at nearly 95% 
throughout the year, indicating that the inverter technology is unaffected by dust 
levels or seasonal environmental changes. This stability demonstrates the reliabil-
ity and robustness of the inverter in converting DC energy from the PV array into 
usable AC power, regardless of external conditions. 

4. Conclusions 

This study monitored and evaluated the performance of a 50 MWP grid-connected 
PV system in Kita, throughout the year 2022. The analysis revealed an annual av-
erage daily final yield of 4.43 kWh/kWp/day, with a total energy output of 
80687.832 MWh. System efficiency was influenced by Solar irradiance, with an 
average a capacity factor of 18.04% and performance ratio (PR) of 73.28%. Based 
on the PR performance index results (more than 70%), according to [36] the in-
stallation can be considered one of the best performing systems. The findings in-
dicate that system losses are primarily affected by environmental conditions and 
conversion efficiencies at the installation site. 

This study suggests that dust accumulation, at the levels observed, did not sig-
nificantly impact PV system efficiency. However, further research is needed to 
examine higher dust concentration scenarios and their potential long-term effects 
on energy generation. Expanding this analysis to include multi-year datasets will 
enhance reliability assessments and predictive modeling, providing a more com-
prehensive understanding of solar PV performance trends in the region. Future 
efforts will focus on collaborating with energy agencies and institutions to ensure 
a more robust evaluation of inter-annual variability and the long-term sustaina-
bility of PV installations in West Africa.  
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Nomenclature 

fY  final yield 

RY  reference yield  

FY  energy yield  

PVη  PV array  

invη  Inverter efficiency  

sysη  system efficiency  

AY  PV array yield 

CL  Array capture Loss  

SL  system Loss 

,AC tE  AC energy output at a specific time  

,AC hE  AC energy output over an hour 

,AC dE  total AC energy output for a day 

,AC mE  total AC energy output for a month 
Abbreviations 
PV photovoltaic  
PR performance ratio 
NGOs non-governmental organisation  
STC Standard Test Conditions  
IEA International Energy Agency  
DC direct current  
AC alternating current  
direct current DC 
CF  capacity factor  
DUSMASS Dust Surface Mass Concentration 
mc-Si multi-crystalline (1 - 2) 
CIS copper indium selenium (1 - 2) 
ASE (pc-Si) annual sub-system efficiency polycrystalline silicon (pc-Si) 
DS (1 - 2) amorphous silicon (a-Si) thin-film 
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