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Abstract: In view of the gamma-ray belong to the same type source used neural network model, the paper
lead to a peak recognition theory that is gamma-ray peak position and intensity as research object. It is that
add reasonable error correction coefficient to the sample of peak network error, then establish the back
propagation algorithm model. As gamma-ray identity recognition, set up reasonable back propagation net-
work for training. It is a new idea of the type of radioactive substance identification.
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